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ABSTRACT 

This study aimed to explore the role of review, rating, and recommendation 

systems (3Rs) in shaping the overall online customer shopping experience within 

the South African Business-to-Consumer (B2C) online shopping landscape. The 

theoretical framework of the study was based on the Unified Theory of 

Acceptance and Use of Technology 2 (UTAUT2) framework and the Valence 

Framework, grounded in the context of the dynamic and evolving nature of e-

commerce. The study aimed to understand the multifaceted dimensions of online 

customer experience, including social presence, habit formation, and 

performance expectancy. 

Data collection involved using a quantitative research method to survey 

individuals who considered themselves to regularly use online shopping channels 

in South Africa. An online questionnaire was distributed using a convenience 

sampling approach, which resulted in a sample size of 268 online shoppers. The 

key findings of the study indicated that review, rating, and recommendation 

systems do play a pivotal role in enhancing the online customer shopping 

experience. Specifically, these systems were identified as contributing factors in 

cultivating social presence, molding habit formation, and positively impacting 

performance expectancy. Holistically, these systems either as independent or 

combined capabilities, influence the online shopping experience of customers. 

This study highlighted that review, rating, and recommendation systems present 

opportunities for businesses to strategically enhance the online customer 

shopping experience. Businesses that concede to the influence of user-

generated content on social presence, habit formation, and performance 

expectancy, can customize their strategies to meet the evolving expectations of 

online shoppers. The findings presented in the study could enable businesses, 

researchers, and policymakers to navigate the complexities of e-commerce and 
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social commerce, ultimately enhancing the overall online customer shopping 

experience. 
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CHAPTER 1. INTRODUCTION 

1.1 Statement of purpose  

Online channels have grown significantly in recent years with e-commerce 

capabilities transforming traditional shopping methods (Rosário & Raimundo, 

2021). Resultantly, large amounts of products and data are now available through 

these channels which can create information overload in certain markets (Lv & 

Liu, 2022). This can give rise to an increase in search costs for the consumer as 

they attempt to make informed decisions without necessarily having the right 

knowledge or time to do so (Lv & Liu, 2022). 

The theory of information cascades therefore suggests that where an individual 

is uncertain about a product or company’s value proposition, the individual is most 

likely to respond based on the actions of others, believing that others are better 

informed (Liu et al., 2016; Liu et al., 2019b). User generated content such as 

reviews, product ratings and recommendations can therefore be useful to aid 

consumers in their decision making (Liu & Zhang, 2016; Liu et al., 2019). 

This quantitative study investigated the role of review, rating and 

recommendation systems in shaping the online customer experience in South 

Africa when using Business-to-Customer (B2C) online shopping channels.  

1.2 Background of the study 

The term electronic commerce or e-commerce involves the buying and selling of 

tangible goods and services over the internet in multiple markets and segments 

(Semerádová & Weinlich, 2022). E-commerce is a highly competitive market 

enabling the sale and purchasing of almost anything through online channels 

(Rosário & Raimundo, 2021). For small businesses e-commerce has enabled 

access to a more cost-effective distribution capability as well as improved market 
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reach (Khan, 2023). For consumers, e-commerce has transformed the shopping 

experience, enabling easy access to a wide global variety of goods and services 

thus significantly disrupting the traditional retail industry (Rosário & Raimundo, 

2021).  

1.2.1 E-Commerce Business Models Explained  

Different e-commerce business models can be adopted based on the goods and 

services offered by the organisation (Bloomenthal, 2023).  

 

Figure 1: E-commerce business models 

Source: Bloomenthal (2023). 

• Business -to- Consumers (B2C) organisations sell directly to the end 

consumer and is the most common e-commerce business model.  

• Business – to- Business (B2B) organisations sell goods directly to a user 

which in this model is another business. These types of models usually 

involve the sale of large volume and high variety products. 

• Business-to-Government (B2G) contractors offer specialised goods and 

services to government agencies or administrators and are usually 

subject to rigorous tender selection processes. 
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• Consumer-to-Consumer (C2C) models create connections between 

consumers who are able to buy and sell their goods to each other, without 

the need for companies, on e-commerce platforms e.g. Facebook 

marketplace. 

• Consumer-to-business (C2B) models enable consumers to engage 

directly with customers and offer their services. E-commerce platforms 

connect businesses with freelancers to improve consumer buying with 

regard to pricing, employment and scheduling. 

• Consumer-to-Government (C2G) models enable consumers to interact 

directly with government entities through partnerships e.g. tax return 

capabilities.  

1.2.2 The South African e-commerce context specific to B2C 

South Africa has gradually gained traction in e-commerce over the last decade. 

The country’s B2C e-commerce industry was in its infancy stages in 2019 with 

low adoption rates due to a lack of consumer trust arising from fears of theft, 

fraud, and last mile service delivery challenges (Agyare-Dwomoh ,2022). 

However, in 2020, e-commerce spending grew by 30% and traditional physical 

spending decreased by 12%. This growth was largely attributed to the COVID 19 

national lockdown accelerating the traditional retail business to introduce e-

commerce capabilities (Agyare-Dwomoh, 2022). The pandemic was successful 

in highlighting the convenience of e-commerce to consumers. Resultantly, the 

trend experienced in South Africa during the lock-down period is set to increase 

as consumers become more comfortable with the online shopping experience. 

Technological advancement has signalled in a digital era where user-generated 

content (UGC), specifically in the form of online customer reviews, now plays a 

key role in shaping consumer behaviour and influencing online purchasing 

decisions (Hong et al., 2017). Peer-generated evaluations about products or 

services posted on retailer or third-party websites, otherwise known as online 
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reviews, are useful in providing consumers with valuable insights to navigate the 

uncertainty and perceived risks associated with online transactions (Floyd et al., 

2014). Review information most often includes a star rating together with written 

comments explaining the user's experience and/or the critiques about specific 

product or service features. In an online shopping environment, consumers 

increasingly reference online reviews as a source of information, searching for 

authentic perspectives from consumers who have previously engaged with the 

product or feature through online shopping platforms (Chen et al., 2022). 

User generated content is increasing in reliance. Studies conducted by Kang et 

al. (2020) and Chen and Ku (2021) have investigated the effects of online reviews 

on purchasing intentions. These studies have highlighted the influential role of 

the valence intensity of reviews. Reviews and ratings are therefore identified as 

critical sources of information guiding consumers in their online purchasing 

decisions. 

Another significant trend in e-commerce is the emergence of recommender 

systems (Liu et al, 2019b; Cabrera-Sánchez et al., 202; Roy & Dutta, 2022). 

Recommender systems function to identify and leverage appropriate information 

from an online buyers' digital activity. This information is subsequently used to 

offer personalised product suggestions and recommendations during the 

consumers online shopping activity (Cabrera-Sánchez et al., 2020). The 

perception of review and recommendation helpfulness is therefore becoming an 

important aspect of the online shoppers decision-making process, aiding the 

consumer in reducing uncertainty and risks associated with online shopping 

(Hong et al., 2017). 

The psychological process of consumer experiences in online shopping after 

engaging with online comments aligns with the factors determining the intention 

to use online shopping, as predicted by the Unified Theory of Acceptance and 

Use of Technology (UTAUT) (Hajli & Sims, 2015; Yahia et al., 2018). While 

existing literature has explored the outcomes and impacts of online reviews, 
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ratings, and recommendations on purchasing decisions, there is scarcity of 

evidence in understanding the underlying processes that shape the overall online 

shopping experience. Limited research exists on the processes involved in 

shaping the holistic customer experience during online shopping and how 

businesses can strategically leverage the trifecta of reviews, recommendations, 

and ratings (3Rs) to enhance customer satisfaction and loyalty (Kang et al., 2020; 

Chen and Ku, 2021; Wang et al., 2021; Chen et al., 2022). It is within this context 

that the present study was conducted. 

1.3 Research Problem 

In the dynamic landscape of B2C e-commerce, the transition towards fully 

automated sales processes and the proliferation of online information have 

significantly altered consumer behaviour, presenting challenges in informed 

decision-making due to information asymmetry and the phenomenon of choice 

overload (Statista, 2024). As technology platforms increasingly replace human 

contact in online transactions, consumers are confronted with an array of product 

choices, exacerbating the complexity of decision-making, and raising concerns 

about the perceived risk associated with making the wrong choices (Liu et al., 

2019a; Lv & Liu, 2022).  

The recent digital business environment creates a need for understanding the 

underlying processes that shape the overall online shopping experience and how 

businesses can strategically leverage review, rating, and recommendation 

systems (3Rs) to enhance customer interactions, alleviate decision-making 

complexity, foster social connections, and improve trust formation. The existing 

literature has primarily focused on the outcomes and impacts of online reviews, 

ratings, and recommendations on purchasing decisions (Ismagilova et al., 2020; 

Kang et al., 2020; Chen and Ku, 2021; Wang et al., 2021; Chen et al., 2022), but 

there is limited evidence in understanding the processes that influence the holistic 

customer experience during online shopping. Therefore, building from the Unified 
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Theory of Acceptance and Use of Technology 2 (UTAUT2) and the Valence 

Framework, this study aimed at understanding the complex processes involved 

in shaping the overall online shopping experience and recommending how 

businesses can effectively harness the power of the 3Rs to improve customer 

satisfaction and loyalty in the specific context of South African B2C online 

shopping. 

1.4 Research Objectives 

The objective of this study was to investigate the role of the 3Rs (online reviews, 

online product ratings and recommender systems) in shaping the overall online 

shopping experience. The study sought to explore how businesses can 

effectively harness the power of the 3Rs to improve customer interactions and 

satisfaction in the specific context of South African B2C online shopping. The 

UTAUT2 framework (Venkatesh et al, 2012), and the Valence Framework were 

used to guide the research process. Therefore, the key overarching objective was 

to understand how review, rating and recommendation systems can be used to 

strengthen the constructs of social presence, habit formation, and performance 

expectancy thereby strategically enhancing the online customer experience in 

South Africa when using B2C online shopping channels.  

1.5 Research Questions 

The study focused on answering the key research question:  What role do review; 

rating and recommendation systems play in shaping the overall online customer 

experience?  The study aimed to assess the influence of review, rating and 

recommendation systems on social presence, habit formation and performance 

expectancy which are key antecedents that influence the use of online shopping 

platforms. 
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1.5.1 Research Sub-Questions  

• What role do review, rating and recommendation systems play in creating 

social presence? 

• What role do review, rating and recommendation systems play in 

performance expectancy? 

• What role do review, rating and recommendation systems play in online 

habit formation? 

1.6 Rationale 

Existing research has primarily concentrated on the outcomes and impacts of 

online reviews, ratings, and recommendations on purchasing decisions, offering 

limited insights into the underlying mechanisms that influence overall customer 

experience during online shopping (Kang et al., 2020; Chen and Ku, 2021; Wang 

et al., 2021; Chen et al., 2022). Therefore, the existing body of knowledge lacks 

an understanding of how businesses can strategically leverage the 3Rs to 

enhance customer interactions, alleviate decision-making complexity, foster 

social connections, and improve trust formation in the specific socio-economic 

and cultural context of South Africa. 

This study could contribute to the body of knowledge on the processes involved 

in shaping the overall online shopping experience, adding a new dimension to 

existing theories (UTAUT2 and Valence Framework) and shift the understanding 

of consumer behaviour in a B2C e-commerce environment. The study can add 

value to various stakeholders, including online retailers, brand and marketing 

professionals, regulators, researchers and consumers, by adding to the 

understanding of the mechanisms that drive consumer behaviour in the South 

African B2C online shopping context.  

In addition, this study could be of particular interest to organisations seeking to 

digitally optimise their online platforms, executives who seek to better understand 
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the complexities of e-commerce, as well as management professionals aiming to 

enhance the customer journey. Investigating the complexities of online consumer 

behaviour, may potentially offer insights that could be used to enhance 

management practices in digital businesses by enabling more informed decision-

making especially given the ongoing evolving nature of the online retail 

environment. Ultimately, the study added a South African perspective to 

international research, enhancing the practice-oriented utility of managing B2C 

e-commerce. 

1.7 Delimitations of the study 

i. The research focussed on online shopping in a business to consumer 

context only. No other e-commerce models were evaluated. 

ii. The research focused specifically on the influence of review, rating, and 

recommendation systems on only 3 aspects of the UTAUT2 (social 

presence, habit, performance expectance). No other UTAUT2 dimensions 

were analysed. 

iii. The research focused on the online retail sector in South Africa only.  

1.8 Definition of terms 

i. E-Commerce : Ecommerce involves the buying and selling of tangible 

goods and services over the internet in multiple markets and segments 

(Rosário & Raimundo, 2021). 

ii. Online reviews: Online customer reviews are peer-generated evaluations 

about products or services posted on retailer or third-party websites (Floyd 

et al., 2014).  Rashid et al. (2022) defined reviews as the expressions of 

customer feedback regarding products or services, providing insights into 

quality, features, and performance of the product.  
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iii. Online ratings: Ratings are numerical or qualitative assessments of 

satisfaction or dissatisfaction with an online product or service (Hajli, 

2015). 

iv. Online recommendations: Recommendations are personalised 

endorsements shared by customers based on positive experiences 

(Cabrera-Sánchez et al., 2020). 

v. Online shopping experience: Online customer experience is the 

comprehensive impression and interaction a user encounters while 

engaging with a digital platform or service (Barari et al., 2020). 

1.9 Assumptions 

The following assumptions were made: 

i. The study assumed that online shoppers within the South African B2C 

context exhibit a certain degree of homogeneity in their behaviour. It was 

assumed that, despite individual variations, there are shared patterns and 

preferences among online shoppers that can be captured and analysed. 

 

ii. The study assumed that the 3Rs – reviews, ratings, and recommendations 

– effectively contribute to shaping the online shopping experience. This 

assumption was grounded in the conceptual framework, which implied that 

these systems play a pivotal role in influencing social presence, habit 

formation, and performance expectancy.  

 

iii. The study assumed a degree of stability in the South African B2C online 

shopping environment during the data collection period. It was assumed 

that external factors, such as changes in economic conditions, 

technological disruptions, or significant shifts in consumer behaviours, do 

not undergo drastic transformations that could impact the validity of the 

findings.  
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1.10 Chapter Outline  

• Chapter 1 focused on outlining the purpose of the research and the 

background to the study. The chapter clarified the research problem, the 

research objectives as well as the rationale for undertaking the study. The 

chapter also included delimitations of the study, definition of key terms as well 

as the assumptions made in undertaking the research.  

• Chapter 2 provided a literature review on the selected research topic, clarified 

each research objective, and described the conceptual and theoretical 

analytical framework which was used in the study.     

• Chapter 3 focused on providing an overview of the research methodology 

used in this study. This chapter provided a description of the research 

approach, the research design, the data collection methods as well as 

targeted population and sample sizes used in the study. This chapter also 

included a description of the research instrument used, the procedure for data 

collection, analysis, and interpretation as well as any anticipated challenges 

and ethical considerations. 

• Chapter 4 focused on presenting the results of the completed analysis and 

described them in line with the hypotheses formulated in Chapter 2.   

• Chapter 5 focused on discussing and debating the results referencing the 

literature reviewed in Chapter 2. 

• Chapter 6 concluded the study providing a succinct view of the researcher’s 

recommendations after considering the data analysis undertaken in Chapters 

4 and 5. 
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CHAPTER 2. LITERATURE REVIEW AND 

THEORETICAL FRAMEWORK 

2.1 Introduction 

This chapter provides an overview and definitions of review, rating and 

recommendation systems and discusses their influence on social presence, habit 

formation and performance expectancy within the context of online shopping. The 

background discussion of the topic is presented first, followed by hypothesis 

development. The development of the hypotheses was guided by the research 

objectives outlined in the preceding chapter. The analytical framework of the 

study is then discussed, focusing on the theoretical grounding of the study and 

the conceptual framework. The chapter is summarised at the end, listing all 

hypotheses formulated.   

2.2 Definition of topic and background discussion 

As businesses increasingly migrate towards digital platforms, the emphasis on 

optimising the online customer experience has become paramount (Yang, 2019). 

The online customer experience encompasses a multifaceted spectrum, ranging 

from the initial interaction with a website or application to the sustained 

engagement that fosters customer loyalty (Barari et al., 2020). In this digital era, 

where consumer choices are abundant, businesses are compelled to enhance 

their online interfaces to not only attract but also retain customers (Yeboah et al., 

2023). The role of review, rating and recommendation systems (3R’s) emerges 

as a critical aspect of this enhancement process, providing users with tailored 

insights, social validations, and streamlined decision-making pathways (Floyd et 

al., 2014; Hajli, 2015; Liu et al., 2019b; Rashid et al., 2022). 
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Barari et al. (2020) highlighted that the relevance of online customer experience 

transcends mere transactional engagements, extending into the other contexts 

such as factors that influence purchase intention including social presence, 

performance expectancy, and habit formation. The virtual sphere, as an evolving 

social space, prompts users to seek a sense of presence and connection. Social 

interactions facilitated by reviews, ratings, and recommendations could contribute 

significantly to the establishment of this social presence, creating a virtual 

environment where users feel connected and engaged (Yahia et al., 2018).  

In seeking a seamless online experience, users develop performance 

expectancies, that is, anticipations regarding the efficiency, effectiveness, and 

overall functionality of a digital platform (Yeboah et al., 2023). The 3Rs, acting as 

navigational aids, may not only meet but might exceed these expectations, 

shaping users' perceptions of the platform's performance (Hajli, 2015). 

Furthermore, the iterative nature of online interactions, coupled with the influence 

of 3Rs, contributes to the formation of user habits. The habitual use of online 

platforms, instigated and reinforced by the constant feedback loop of reviews, 

ratings, and recommendations, intricately weaves the user into the fabric of the 

digital environment (Alalwan, 2020). 

This study investigated the dynamics of social presence, performance 

expectancy, and habit formation within the context of online customer experience, 

with a specific focus on the strategic implementation of 3Rs. Through a critical 

examination existing literature and empirical investigation of the relationship 

among these elements, this study sought to shed light on the mechanisms that 

underpin and enrich the online customer experience. 

2.2.1 Online reviews 

Reviews, defined as the expressions of customer feedback regarding products 

or services, encapsulate opinions that range from positive to negative, providing 
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invaluable insights into quality, features, and performance (Floyd et al., 2014; 

Rashid et al., 2022). Positive reviews foster trust and credibility, influencing 

purchasing decisions, while negative reviews can raise concerns and significantly 

impact the choices of prospective consumers. Research affirms the influence of 

trustworthy reviews on consumers' buying intentions, serving as influential factors 

in stimulating product sales (Rashid et al., 2022). 

2.2.2 Online ratings 

Ratings are numerical or qualitative assessments of satisfaction or 

dissatisfaction, employ scales such as stars or numbers to signify product or 

service quality. Higher ratings simplify decision-making for consumers and instil 

increased trust and confidence in the associated seller or brand (Hajli, 2015; 

Busalim, et al., 2023).   

2.2.3 Online recommendations 

Recommendations are personalised endorsements shared by customers based 

on positive experiences or alternatively systematically generated based on 

product sales performance (Cabrera-Sánchez et al., 2020). Disseminated 

through various channels, recommendations leverage social connections and 

trust between consumers, exerting a profound influence on social commerce. 

Studies affirm that the trust consumers place in product recommendations 

significantly influences their buying intentions (Rashid et al., 2022). The strategic 

integration of the 3Rs into the online customer experience necessitates an 

empirical investigation of these facets, acknowledging their multifaceted impact 

on consumer behaviour in the online shopping landscape. 
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2.2.4 Online customer experience 

Online customer experience is the comprehensive impression and interaction a 

user encounters while engaging with a digital platform or service (Barari et al., 

2020). In the contemporary digital landscape, the online customer experience has 

evolved into a critical determinant of success for businesses, as it directly 

influences customer satisfaction, loyalty, and subsequent purchasing behaviour 

(Dhaigude & Mohan, 2023). In the context of this study, online customer 

experience is construed as the holistic interaction and perception that consumers 

undergo while engaging in e-commerce or online buying activities. Online 

customer experience encompasses the entirety of the online journey, from the 

initial exploration of a website to the final purchase and extends to post-purchase 

interactions. The study focused on understanding how the the 3Rs shape this 

online shopping experience.  

The following sections focus on hypothesis development. The hypotheses are 

developed aligning with the research objectives and aiming to contribute to the 

existing body of knowledge in the context of online consumer behaviour. 

2.3 The role of online reviews, ratings, and recommendations 

in creating social presence 

This section discusses literature related to the role of the 3Rs in creating social 

presence which in turn would improve overall online shopping experience.  

2.3.1 The relationship between online reviews, ratings, 

recommendations, and social presence 

Social presence, rooted in social presence theory is characterised by the 

existence of the human element in online interactions, reflecting human 

interpersonal relationships (Short et al., 1976). In essence, social presence 
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denotes the awareness of interaction partners during communications 

(Algharabat & Rana, 2021). Liu et al. (2019a) highlighted that high levels of social 

presence provide individuals with a sense of human warmth and sociability. 

Examining social presence within the context of e-commerce, Lu et al. (2016) 

asserted that consumers perceive varying degrees of social presence when 

browsing e-commerce sites, particularly when engaging in personal, sociable, 

and warm interactions with other individuals in online environments. This 

recognition signifies the dynamic nature of social presence within the digital 

sphere. 

Recommendations and referrals are pivotal elements influencing social presence 

and online community engagement (Sheikh et al., 2019; Alalwan et al., 2019). 

Consumers place significant trust in recommendations made by their peers on 

social media platforms, illustrating the profound impact of these social cues on 

shaping behaviour and fostering trust within online communities (Algharabat & 

Rana, 2021). Building upon these insights, Hsiao et al. (2010) found a positive 

association between ratings, forums, communities, interpersonal 

recommendations, and trust in the social commerce environment. The ability of 

customers to rate and review content on social media platforms stimulates 

engagement in social commerce, as these reviews and ratings are perceived as 

accurate and unbiased, fostering trust within the community (Algharabat & Rana, 

2021). 

Furthermore, Hajli and Sims (2015) found a significant relationship between 

social commerce constructs, including recommendations, referrals, ratings, and 

reviews, and social support. Social commerce, through these constructs, 

provides shoppers in online communities with both informational and emotional 

support, thereby influencing their buying intentions. Rashid et al. (2022) 

reinforced the integral role of social commerce constructs, such as reviews, 

ratings, referrals, and recommendations, in building consumers' trust in sellers, 

particularly in the context of the COVID-19 pandemic. 



 

16 

 

From the synthesis of literature on social presence and the 3Rs, it can be inferred 

that social presence in the online shopping environment is associated with 

elements such as recommendations, referrals, ratings, and reviews. These 

components not only shape the perception of social presence but also play a 

fundamental role in fostering trust, community engagement, and influencing 

consumers' buying intentions within the dynamic landscape of e-commerce (Hajli, 

2015). 

2.3.2 Social presence and online shopping experience  

Pavlou et al. (2007) posited that the concept of social presence plays a crucial 

role in reducing the perceived social distance between buyers and sellers in 

online transactions, thereby fostering trust. The impact of social presence 

extends beyond the buyer-seller relationship in social commerce, where reviews 

and recommendations are predominantly contributed by peers (Hajli, 2015). 

When social presence is high, the social distance between consumers and their 

peers is likely to be reduced, contributing to the establishment of trustworthy 

relationships among members of the online community (Lu et al., 2016). High 

social presence within social commerce sites is associated with the inclusion of 

more interactive information and social cues, creating a transparent shopping 

environment. This transparency, as observed by Lu et al. (2016), instils 

confidence in consumers, making them more willing to engage in transactions as 

they perceive that untrustworthy behaviours are likely to be constrained. 

Consequently, this high level of trust positively influences consumers' attitudes 

towards these sites. 

Moreover, according to social cognitive theory (Bandura, 1986), individual 

behavioural intentions are shaped not only by behaviour itself but also by 

cognitive processes and environmental factors. In the context of social 

commerce, the infusion of social features contributes to consumers' cognitive 

processes, enhancing the perception of personal, sociable, and sensitive human 
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contacts during online interactions (Boateng et al., 2016). Social features have 

the potential to increase traffic to social commerce websites and enhance 

consumers' overall shopping experience, thereby positively impacting their 

ultimate intention to make a purchase (Liu et al., 2019a). This aligns with the 

findings of Yeboah et al. (2023), who utilised social presence theory to predict 

online consumer engagement in emerging markets. The study found a positive 

relationship between social presence and online consumer engagement, 

emphasising the significance of social presence theory factors in understanding 

consumer behaviour and enhancing the online shopping experience within social 

commerce settings. 

Furthermore, Lu et al. (2016) demonstrated that social presence factors, 

grounded in social technologies, significantly contribute to the establishment of 

trustworthy online exchange relationships. This acknowledgment affirms the 

positive role of the social dimension in shaping online purchase behaviours and 

provides theoretical evidence for the integration of social and commercial 

activities. 

Social commerce presents consumers with increased opportunities for mutual 

support through information exchange and content generation via social media 

(Khwaja et al., 2019). The distinct nature of social commerce, compared to 

traditional e-commerce, is marked by more prevalent peer interactions during the 

purchase process, resulting in a higher degree of social presence (Liu et al., 

2019a). While prior literature has demonstrated that social presence fosters trust 

in social commerce (Lu et al., 2016), the current study aimed to extend the 

discussion by examining the relationship between social presence resulting from 

reviews, recommendations, and ratings and its impact on the overall online 

shopping experience. This approach provides a broader perspective on the role 

of social presence in the context of online purchasing, stressing its influence on 

the dimensions of the online shopping experience.  
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Building upon the observations from literature, the following hypothesis was 

formulated: 

2.3.3 Hypothesis 1 

Hypothesis 1 (H1): Review, ratings and recommendations positively 

influence the creation of social presence, which in turn improves online 

shopping experiences. 

Hypothesis 1a (H1a): Reviews positively influence the creation of social 

presence. 

Hypothesis 1b (H1b): Ratings positively influence the creation of social presence. 

Hypothesis 1c (H1c): Recommendations positively influence the creation of social 

presence. 

Hypothesis 1d (H1d): Creation of social presence improves overall online 

shopping experiences.  

2.4 The role of review, rating and recommendation in 

improving perceived performance of the online shopping site  

This section reviews literature on the link between performance expectancy of an 

online shopping site and the 3Rs, as well as the influence on overall online 

shopping experiences.  

2.4.1 Review, rating and recommendation systems and habit 

formation. 

Performance expectancy refers to users' perceptions of the extent to which a 

particular technology or system will aid them in achieving their goals effectively 

(Venkatesh et al., 2003). The 3Rs could play a significant role in shaping users' 
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performance expectancy. Online reviews, as user-generated feedback on 

products or services, offer insights into the experiences of previous customers 

(Hong et al., 2017). Positive reviews contribute to the perception that the online 

buying platform performs well in delivering satisfactory products or services. 

Conversely, negative reviews may raise concerns about performance. Rashid et 

al. (2022) affirmed that consumers often rely on reviews to evaluate the 

performance of online platforms, considering them as crucial indicators of the 

platform's ability to meet their expectations. 

Ratings, alongside reviews, contribute to the formation of users' performance 

expectancy. Numerical or qualitative assessments provided by customers 

through Likert scales or other rating mechanisms offer a quick and accessible 

means for users to gauge the overall quality and satisfaction associated with a 

product or service (King et al., 2014; Nadhifa, 2023). Higher ratings enhance the 

perception of positive performance, while lower ratings may cast doubts on the 

platform's ability to deliver a satisfactory experience (Busalim et al., 2023). 

Recommendations, personalised endorsements from users who have had 

positive experiences with a product or service, further contribute to performance 

expectancy. Users often view recommendations as indicators of the platform's 

ability to align with their preferences and needs. Positive recommendations can 

elevate the perceived performance of the platform, creating a sense of assurance 

and aligning with users' expectations (Rashid et al., 2022). 

The cumulative effect of the 3Rs on performance expectancy is evident from the 

reviewed literature. Thus, users, when exposed to positive reviews, high ratings, 

and personalised recommendations, develop a positive perception of the online 

buying platform's performance. This positive perception, in turn, influences users' 

expectations and beliefs about the platform's ability to fulfil their needs and 

preferences effectively. 



 

20 

 

2.4.2 Performance expectancy and online shopping experience 

Success factors within recommendation services, such as personalisation, 

variety, usefulness, and ease of use, have emerged as critical determinants 

influencing online shopping satisfaction and fostering customer loyalty (Zhao & 

Lee, 2023). The significance of recommendation systems extends beyond 

individual satisfaction, as they play a key role in the broader context of e-

commerce, contributing to increased sales, enhanced customer convenience, 

and the promotion of environmentally friendly alternatives (Stalidis et al., 2023). 

The ongoing advancements in recommendation algorithms, particularly the 

development of dynamic network intelligent hybrid recommendation algorithms, 

signify a commitment to refining the effectiveness of recommendation systems 

(Zhao & Lee, 2023). These algorithms, designed to adapt to the varying 

preferences of customers over different time periods, exemplify the continuous 

efforts to optimise the performance of recommendation systems within the online 

shopping environment (Gao et al., 2021). As these systems become integral 

components of the online shopping experience, their impact extends beyond 

mere functionality. They actively contribute to overall online customer satisfaction 

by providing personalised, diverse, and useful recommendations while ensuring 

a user-friendly experience. 

The enhanced perceived performance of online shopping sites, driven by 

effective review, rating, and recommendation systems, is key in shaping 

customers' online experiences. Positive perceptions of these systems not only 

contribute to individual satisfaction but also foster loyalty and trust in the online 

shopping platform (Hajli, 2015). Customers are more likely to engage and explore 

the platform further when they perceive its performance as commendable, 

leading to sustained usage and positive word-of-mouth recommendations (Liu et 

al., 2019b). 

Considering the observations from literature, the following hypothesis was 

formulated: 
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2.4.3 Hypothesis 2 

Hypothesis 2 (H2): Review, ratings and recommendations positively 

influence perceived performance of the online shopping sites, which in turn 

improves online shopping experiences. 

Hypothesis 2a (H2a): Reviews positively influence perceived performance of the 

site. 

Hypothesis 2b (H2b): Ratings positively influence perceived performance of the 

site. 

Hypothesis 2c (H2c): Recommendations positively influence perceived 

performance of the site. 

Hypothesis 2d (H2d): Favourable perceptions of performance expectancy 

improve overall online shopping experiences. 

2.5 The role of review, rating and recommendation systems in 

online habit formation  

This section reviews empirical literature on the relationship between the 3Rs and 

habit formation. The section further discusses how habit formation facilitated by 

the 3Rs in turn influence overall online shopping experience in their online 

purchasing.  

2.5.1 Review, rating and recommendation systems and habit 

formation 

The addition of the habit construct to the UTAUT2 model by Venkatesh et al. 

(2012) marked a crucial evolution, aiming to provide a comprehensive 

understanding of customers' interactions with new systems. Habit, in this context, 

is defined as the customer's inclination to act spontaneously, driven by 
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accumulated learning experiences (Alalwan, 2020). This construct gains 

relevance in the case of online buying, where users increasingly exhibit habitual 

behaviours, especially in the context of mobile applications they use to purchase 

items online. 

As individuals become more attached to their smartphones, habitual behaviours 

toward using associated mobile apps emerge (Rose et al., 2011). The outcomes 

of these accumulated learning experiences, shaping habitual behaviours, play a 

pivotal role in influencing customers' attitudes and beliefs. These, in turn, act as 

predictors for customers' sustained intention to behave in a manner consistent 

with their previous actions (Rose et al., 2011). 

The interactivity facilitated by online mobile applications contributes significantly 

to the formation of habits, allowing customers to generate feedback about online 

sellers and share it with others on the platforms used for ordering items (Wang et 

al., 2021). This interactivity extends to online reviews, which have become crucial 

sources of information for customers during the purchasing process or when 

evaluating alternatives (Chen et al., 2022). The impact of online reviews on 

predicting customers' intention to adopt the targeted platform is widely 

acknowledged (Alalwan, 2020). The study by Chen et al. (2022) established a 

strong and positive relationship between online customer reviews and customers' 

intention to shop online. 

Furthermore, an integral aspect associated with online reviews is the inclusion of 

customers' ratings. In addition to submitting reviews, customers can numerically 

rate their shopping experience using a Likert scale (King et al., 2014). These 

ratings provide customers with an overall evaluation of products or service 

providers, considering various features valued by other customers who have 

previously tried the products and services. The ease and simplicity introduced 

into the purchasing process through these ratings contribute to customers' 

willingness to use online applications, especially when such interactivity is 
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available (Alalwan, 2020). Consumers will then recommend the online site to 

peers. 

The literature suggests a relationship between the 3R and habit formation in the 

context of online buying. Accumulated learning experiences, facilitated by these 

interactive features, play a vital role in shaping habitual behaviours, influencing 

customers' attitudes and beliefs, and ultimately predicting their consumer 

experiences with online shopping.  

2.5.2 Habit formation and online shopping experience 

Online ratings serve as valuable visual indicators providing customers with 

immediate insights into the quality and performance of products, thus saving time 

and effort compared to the more time-consuming analysis required for qualitative 

online reviews (King et al., 2014; Roy et al., 2018). Additionally, the simplicity 

inherent in online ratings allows customers to narrow down their options, 

streamlining the appraisal of the shopping process (Alalwan, 2020). This ease of 

use and efficiency contribute to a more straightforward and efficient online 

shopping experience. 

Furthermore, online reviews, given their inclusion of consumer comments, are 

perceived as highly credible and trustworthy sources of information. Customers 

tend to return to these sources when exploring products and services, relying on 

the comprehensive, credible, updated, and relevant information they provide 

(Roy & Dutta, 2022). When customers perceive these sources as reliable, it 

positively influences their attitudes and perceptions of the online buying platform, 

thereby enhancing their overall experiences (Cabrera-Sánchez et al., 2020). 

Considering the amalgamation of online reviews, recommendations, and ratings, 

these features are collectively important in shaping customers' perceptions of the 

productivity and performance of online buying platforms. The positive impact on 

overall online shopping experiences is evident, as these features motivate 
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customers to continue using the apps and contribute to a heightened sense of 

satisfaction with their overall usage experience (Alalwan, 2020). This interplay 

between online ratings, reviews, recommendations, and customer habits signifies 

that the habitual use of online platforms is influenced not only by efficiency and 

simplicity but also by the trust and credibility established through user-generated 

content (Wang et al., 2021).  Thus, as customers consistently find value in these 

features, habit formation becomes an integral aspect of their online shopping 

experience, fostering loyalty and satisfaction with the platform. 

Based on the literature review above, the following hypothesis was formulated: 

2.5.3 Hypothesis 3 

Hypothesis 3 (H3): Review, ratings and recommendations positively 

influence the formation of habits, which in turn improves online shopping 

experiences. 

Hypothesis 3a (H3a): Reviews positively influence habit formation. 

Hypothesis 3b (H3b): Ratings positively influence habit formation. 

Hypothesis 3c (H3c): Recommendations positively influence habit formation. 

Hypothesis 3d (H3d): Formation of positive habits improves overall online 

shopping experiences. 

2.6 ANALYTICAL FRAMEWORK 

This section presents and describes the analytical framework of the study, 

integrating the theoretical and empirical concepts discussed in this chapter. This 

section consists of two parts i.e. the theoretical framework and the conceptual 

framework. The theoretical framework explores the key theories that underpin 

this study, while the conceptual framework provides a broader understanding of 

the concepts and relationships being investigated.  
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2.6.1 Theoretical Framework 

The theoretical framework of this study is based on the Valence Framework and 

the Unified Theory of Acceptance and Use of Technology (UTAUT2).  

2.9.1.1. The Valence Framework applied in E-Commerce. 

In the context of online shopping, there is often an information asymmetry 

between sellers and buyers, with sellers having an advantage in terms of 

information (Jing-bo et al., 2013). This information asymmetry increases the 

perceived risk for consumers (Hamer, 2011). The Valence framework, based on 

a cognitive-rationale consumer decision model suggests that consumers use 

both negative valence (perceived risk) and positive valence (product value) to 

determine their net valence, which represents the best product value (Xiao & Li, 

2019; Ghosh et al., 2022). 

Negative valence is associated with perceived risk, which refers to consumers' 

perception of uncertainty and potential adverse consequences in their 

transactions with sellers (Gupta & Kim, 2010) and directly influences consumers' 

purchasing behaviour (Xiao & Li, 2019). Positive valence is influenced by 

convenience, indicated through the consumers' perceptions of the time and effort 

required to buy or use a service (Ghosh et al., 2022). The more convenient a 

product or service is perceived to be, the higher the positive valence associated 

with it (Kim et al., 2009). Additionally, utilitarian value, which assesses the 

instrumental value of a brand's functional attributes, also influences positive 

valence (Mou et al.,2020; Zhang, H., & Liu). This value is influenced by factors 

such as the product's value, convenience, and the availability of useful 

information. 

Trust, perceived risk, and perceived value could therefore directly influence 

consumers' purchase intentions and decisions (Kim et al., 2009). These factors 

play a crucial role in shaping consumers' evaluations and choices in the e-

commerce context. 
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When consumers shop online, their search process is wider than product-related 

criteria and often includes sourcing reviews from other consumers (Zhang & Liu, 

202). These reviews serve as signals that influence the consumers' positive or 

negative valence (Xiao & Li, 2019). While functional signals are important in 

decision-making, external signals such as electronic word-of-mouth (e-WOM) 

reviews have a significant impact on cognitive beliefs and valence, including 

buyer trust, value for money, and perceived seller quality (Lee et al., 2008). 

Positive reviews have been found to directly increase sales, while negative 

reviews have a negative impact on sales (Chevalier & Mayzlin, 2006). 

Consequently, consumer reviews play a direct role in shaping purchasing 

decisions, as they contribute to consumers' overall valence towards a product. 

Recommendation systems aim to enhance the consumer buying experience by 

accessing individuals' prior purchasing history, preferences, and browsing history 

to provide personalised or alternative product recommendations (Qiu & 

Benbasat, 2009). These systems contribute to convenience and utilitarian value 

for consumers, thereby positively influencing their buying behaviour. 

Rating systems, which compare and differentiate products based on various 

criteria, can influence valence. The position of a product on the rating scale can 

directly impact consumers' valence. Higher-ranked products may evoke trust, 

value, and convenience, leading to positive valence (Zheng et al., 2022). 

Conversely, lower-ranked products may increase perceived risk and scepticism 

regarding product value, negatively affecting buying behaviour (Tantrabundit & 

Jamrozy, 2018).  

The Valence Framework applied to e-commerce highlights the role of both 

negative and positive valence in shaping consumers' online experiences. Factors 

such as perceived risk, convenience, utilitarian value, trust, consumer reviews, 

recommendation systems, and rating systems all contribute to consumers' 
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valence and influence their decision-making processes in the online shopping 

context. 

2.9.1.2. Unified Theory of Acceptance and Use of Technology (UTAUT2). 

The Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) is a 

theoretical framework developed to understand and predict individuals' 

acceptance and usage behaviour regarding information technology and new 

technologies (Venkatesh et al., 2012). The UTATUT2 builds upon the original 

UTAUT model and includes additional factors to enhance its explanatory power. 

UTAUT2 was introduced by Venkatesh et al. (2012), aiming to provide a 

comprehensive understanding of user behaviour in the context of adopting and 

using technology. Key tenets of UTAUT2 include performance expectancy, effort 

expectancy, social influence, facilitating conductions, hedonic motivation, price 

value and habit. The effect of these factors on user behaviour is predicted to be 

moderated by age, gender and experience as shown in Figure 1.  

Performance Expectancy (PE): This refers to the degree to which an individual 

believes that using a particular technology will help them to achieve their tasks 

more efficiently and effectively (Venkatesh et al., 2003). Higher performance 

expectancy is positively correlated with the likelihood of technology acceptance. 

Effort Expectancy (EE): Effort expectancy reflects the perceived ease of use 

associated with adopting a new technology (Venkatesh et al, 2012). If individuals 

believe that using a technology will be easy, they are more likely to accept and 

use it. Factors influencing effort expectancy include the complexity of the 

technology and the user's familiarity with similar systems. 

Social Influence: Social influence refers to the extent to which an individual 

perceives that important other (such as friends, family, colleagues) believe they 

should use a specific technology (Venkatesh et al., 2003). Positive social 

influence tends to encourage technology adoption. 
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Facilitating Conditions (FC): This factor assesses the extent to which individuals 

believe that there is support, resources, and infrastructure available to help them 

use the technology effectively (Venkatesh et al., 2012). A supportive environment 

can positively impact the adoption and use of technology. 

Hedonic Motivation (HM): Hedonic motivation refers to the pleasure and 

enjoyment derived from using a technology. Hedonic motivation suggests that the 

perceived fun, entertainment, or enjoyment associated with a technology can 

influence its adoption, especially in contexts where users seek enjoyment from 

the technology (Yahia et al., 2018).  

Price Value (PV): This factor evaluates the perceived worth of the technology in 

relation to its cost. Users assess whether the benefits gained from using the 

technology outweigh the associated costs, both monetary and non-monetary. 

Habit (HAB): Habit reflects the automatic and routine use of technology. If 

individuals have developed a habit of using a specific technology, it is more likely 

that they will continue to use it in the future (Venkatesh et al., 2012). 

UTAUT2 integrates these factors to predict user intentions and behaviour 

regarding technology adoption. Researchers and practitioners use the model to 

design interventions and strategies to enhance technology acceptance, usability, 

and overall user experience. 
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Figure 2: The UTAUT2 

Source: Venkatesh et al. (2012). 

UTAUT2 is relevant to this study when investigating the role of the 3Rs in shaping 

consumer behaviour in an online shopping context. The theory's emphasis on 

factors such as performance expectancy, social influence, and habit is in direct 

alignment with the focus of this study. The 3Rs are important in influencing 

consumers' perceptions of performance expectancy, as the availability of 

reviews, ratings, and recommendation capabilities contribute to an enhanced 

belief in the effectiveness and utility of the online shopping site or application. 

Additionally, social influence is implicated through the influence of reviews and 

recommendations from peers, fostering a sense of trust and community in the 

online space. Furthermore, the formation of habits in technology use, as 

emphasised by UTAUT2, is likely influenced by the repetitive exposure to positive 

reviews and recommendations, contributing to habitual engagement with the 

online platform. In essence, UTAUT2 provides a framework to understand and 
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analyse how the 3Rs contribute to social presence, performance expectancy, and 

habit formation, collectively shaping the overall customer online experience in the 

context of online shopping. 

2.6.2 Conceptual Framework 

The conceptual framework of this study was  based on the UTAUT2 and the 

Valence Framework. This study assessed the consumer performance 

expectations of review, rating and recommendation systems and resultantly the 

implications on the online shopping experience. The study also examined how 

the impact of peer reviews could foster reliability and improve trust exploring the 

habits of consumers and how these habits are shaped by review, rating and 

recommendation capabilities as well as the implications on the overall consumer 

experience. The conceptual framework shown in Figure 3, highlights how the 3Rs 

relate with regards to performance expectancy, social presence and habit, and 

ultimately the online shopping experience.  
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Figure 3: Conceptual Framework 

Adapted from Venkatesh et al. (2012), Yahia et al. (2018) and Alalwan (2020). 

The conceptual framework in Figure 3 centres around the influential role of the 

3Rs in shaping online shopping experience, particularly focusing on social 

presence, performance expectancy, and habit formation. The convergence of 

rating, recommendation, and rating systems is shown to offer collaborative 

benefits, enhancing information availability, transparency, trust, credibility, 

personalised recommendations, and social engagement (Chevalier & Mayzlin, 

2006; Hajli, 2015; Yahia et al., 2018; Liu et al., 2019a; Liu et al., 2019b; Alalwan, 

2020).  

Consumer sharing of product opinions and experiences on review systems may 

reduce search costs, and lead to higher sales through the consumption of 

additional products (recommendation systems) (Lv & Liu, 2022). The credibility 

of reviews from online communities is emphasised, and the importance of 

performance expectancy and hedonic motivations in influencing the intention to 

use online recommendation systems is acknowledged (Cabrera-Sánchez et al., 

2020; Wu et al., 2021).  
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2.7 Conclusion of Literature Review  

The literature review suggests that electronic commerce remains a rapidly 

growing industry. Resultantly the acceleration in internet shopping has enabled 

consumers to express their opinions, thoughts, and perceptions publicly and 

globally. Review, rating and recommendation systems either as independent or 

combined systems may play an important role in online shopping strategies in 

that they support personalisation and hence may be considered as highly 

persuasive tools to influence customer decision-making and their ultimate 

experience. However, it was observed from the literature review that there is a 

dearth of studies that comprehensively explored how online review, ratings, and 

recommendation systems impact the antecedents of purchase intention, and their 

ultimate influence on customer experience. The current study was crucial in 

bridging this gap by investigating the interplay between the 3Rs and the factors 

identified by UTAUT2, such as performance expectancy, social influence, and 

habit formation. The study aimed to provide empirical evidence that could inform 

practitioners, businesses, and scholars on the nuances and dynamics of online 

consumer behaviour. Understanding how these elements collectively shape the 

customer experience was important for the development of effective strategies, 

interventions, and technologies in the rapidly evolving landscape of e-commerce.  

The research methodology used in this study is presented and discussed in the 

next chapter.  
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CHAPTER 3. RESEARCH METHODOLOGY 

This chapter provides an outline of the research methodology utilised by the 

researcher during the study. The chapter includes a description of the research 

approach and research design used, the population and sampling, the research 

instruments, the approach to data collection, data analysis, as well as the ethical 

considerations, limitations, validity, and reliability of the process.  

3.1 Research approach 

Quantitative research is a systematic approach to inquiry that involves the 

collection and analysis of numerical data to test hypotheses, allowing researchers 

to derive statistical insights and draw conclusions based on measurable evidence 

(Saunders et al., 2019). This method is suited for studies which aim to establish 

relationships between variables and assess causal links within a given context 

(Hair et al., 2019). The decision to adopt a quantitative research approach in this 

study was driven by the objective of obtaining a statistical understanding of the 

data collected, clarifying patterns and relationships among key variables. 

The quantitative approach aligns with the objectives of this study, which sought 

to investigate the influence of online reviews, ratings, and recommendations on 

the online shopping experience. The study aimed to quantify the impact of these 

factors on social presence, habit formation, performance expectancy, and overall 

online shopping experience. The use of numerical data enabled the researcher 

to apply analytical models during the analysis phase, to examine the causal 

relationships among the variables under investigation. Quantitative research 

provides a context-bound understanding of the phenomena, offering not only a 

descriptive account but also a quantifiable assessment of the relationships 

between the studied variables (Creswell & Creswell, 2017). In addition, the 

quantitative approach was advantageous as the method enables the researcher 

to remove any opportunity for confirmation bias by separating the researcher from 
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the data, to ensure that the focus of the study was well constructed through the 

utilisation of the pre-defined questionnaire and to test the hypothesis by using 

statistical data (Mcleod, 2023). 

The study was rooted on a positivist research philosophy and the chosen 

ontology for this study was one that assumes an objective and independent reality 

(Saunders et al., 2019). The study perceived that there are discoverable and 

measurable patterns underlying the relationships between online reviews, 

ratings, recommendations, and the UTAUT2 dimensions within the South African 

B2C context. The epistemological stance adopted was that of objectivity, where 

knowledge is viewed as something external to the researcher and independent 

of individual interpretations (Creswell & Creswell, 2017). The positivist stance 

was further reinforced by the commitment separating of the researcher from the 

data, ensuring an objective exploration of the research questions. 

3.2 Research design 

Research design is a strategic framework for action that serves as a connecting 

point between research questions and the execution or implementation of the 

research (Chun Tie et al., 2019). The study adopted a survey research design, 

leveraging a structured questionnaire to systematically collect data from 

participants. The choice of a survey design aligned with the overarching goal of 

the study to investigate the role of online reviews, ratings, and recommendations 

in enhancing the online shopping experience. A survey design allowed for the 

efficient collection of quantitative data, enabling the measurement of attitudes, 

perceptions, and behaviours related to the variables under scrutiny (Ball, 2019). 

The structured questionnaire was designed to address specific research 

questions related to the influence of online reviews, ratings, and 

recommendations on social presence, habit formation, performance expectancy, 

and the overall online shopping experience. This design facilitated a standardised 
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approach to data collection, ensuring consistency across responses and easing 

the subsequent quantitative analysis (Ball, 2019). The survey design also 

permitted the inclusion of closed-ended questions, enhancing the feasibility of 

numerical analysis and statistical testing (Creswell & Creswell, 2017). 

The survey design has an advantage of reaching a large and diverse sample 

efficiently (Hair et al., 2019). The survey was administered to a broad audience 

of online shoppers using multiple mechanisms, aiming to capture a 

representative range of perspectives, contributing to the generalisability of the 

findings. Additionally, the structured nature of the questionnaire allowed for the 

systematic collection of data, reducing potential bias in responses (Apuke, 2017).  

However, the survey design’s reliance on self-reported data may introduce the 

possibility of social desirability bias, where participants might provide responses, 

they believe align with societal expectations rather than their true opinions or 

behaviours (Creswell & Creswell, 2017). Furthermore, the survey design might 

not capture the richness and depth of qualitative insights that could be gained 

through interviews or open-ended questions (Flick, 2018).  Overall, the survey 

research design was an appropriate choice for this research paper, providing a 

structured and efficient mechanism of collecting numerical data to address the 

research questions. 

3.3 Data collection methods 

Data for this study was collected through online questionnaires, leveraging the 

advantages of social media and digital platforms to reach a diverse and 

geographically dispersed population of online shoppers (Ball, 2019). The choice 

of online questionnaires aligned with the quantitative research approach and 

survey design, offering a systematic and efficient means of gathering numerical 

data to address the research questions. 
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The online questionnaires were distributed to a targeted sample of B2C online 

shoppers, ensuring that respondents had firsthand experience with the subject 

matter of the study. The digital format of the Qualtrics tool facilitated widespread 

dissemination and eased the process of data collection, allowing participants to 

complete the survey at their convenience. This approach not only maximised the 

potential for a large and varied sample but also minimised logistical constraints 

associated with traditional paper-based surveys (Nayak & Narayan, 2019). 

The questionnaire was designed to capture information on various aspects, 

including participants' demographic information, their academic backgrounds, 

their domiciles as well as their perceptions of online reviews, ratings, and 

recommendation systems. The questionnaire also evaluated their experiences 

with social presence, habit formation, performance expectancy, and their overall 

online satisfaction when using online shopping sites. The online questionnaire 

method was chosen for its ability to efficiently gather the type and amount of data 

needed to address the research questions (Nayak & Narayan, 2019). The 

questionnaire allowed for the collection of structured, standardised responses, 

facilitating numerical analysis and statistical testing. The electronic nature of the 

survey also enabled the inclusion of skip logic and branching, tailoring the 

questionnaire to individual participant responses and optimising the relevance of 

the data collected (Nayak & Narayan, 2019). 

Ultimately, the online questionnaire method provided a cost-effective and time-

efficient means of data collection. The method eliminated the need for physical 

distribution and manual data entry, streamlining the process and reducing the 

likelihood of errors. The asynchronous nature of online surveys allowed 

participants to respond at their convenience, potentially enhancing response 

rates and the overall quality of collected data (Ball, 2019). 
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3.4 Population and sample 

The target population for this study, the sample and sampling methods are 

discussed in this section. 

3.4.1 Population 

The population of this study comprised online shoppers in the retail sector, 

specifically targeting individuals aged 18 years and above across South Africa. 

The study targeted only those who use e-commerce channels as one of their 

shopping mediums but also aimed to assess the frequency of use. The decision 

to focus on online shoppers in the business-to-consumer (B2C) category was 

driven by the study's interest in understanding the dynamics of customer 

experiences in the context of online retail transactions. This demographic 

selection ensured that participants had relevant firsthand experiences with online 

shopping, making their responses valuable in addressing the research questions. 

This study could not determine the exact population size due to the inherent 

complexity of the online shopping environment. The dynamic nature of e-

commerce, the diversity of online shoppers, and the absence of a centralised 

registry of all online shoppers in South Africa made it challenging to precisely 

quantify the entire population. However, the study mitigated this limitation by 

employing sampling techniques that reached a representative subset of the 

population. The use of a targeted online questionnaire further facilitated the 

engagement of a wide range of respondents. The digital nature of the survey 

allowed for broad dissemination across various online platforms, reaching a 

diverse pool of online shoppers who met the specified criteria (Ball, 2019). 
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3.4.2 Sample and sampling method 

This study selected the sample based on specific inclusion criteria to ensure that 

participants were representative of the target population. Respondents were 

included if they met the following criteria:  

• they must fall within the target population of the B2C e-commerce model. 

• they must be technologically astute, actively using internet-based 

capabilities,  

• they must frequently engage in online shopping on various websites.  

To enforce this criterion, screening questions were incorporated into the survey 

to identify and include only those respondents who met the specified 

requirements. 

Given the unknown population size, a non-probability sampling approach was 

employed, specifically opting for convenience sampling (Flick, 2018). This 

approach involved distributing the questionnaire across various online channels. 

Individuals who were available and willing to participate while also meeting the 

inclusion criteria, were sampled. Convenience sampling is pragmatic in situations 

where the population is difficult to define precisely, and this method allowed for 

the inclusion of participants who readily accessed the survey through the various 

online platforms utilized (Flick, 2018). 

To enhance the reach and the diversity of the sample, the study also adopted a 

snowball sampling approach. This involved encouraging participants to share the 

survey link with their network, leading to the recruitment of additional participants 

(Creswell & Creswell, 2017). The snowball sampling technique facilitated the 

inclusion of individuals who might not have been directly accessible to the 

researcher, thus broadening the representation within the sample. 

The determination of the sample size was guided by a historical sampling 

approach, referencing prior studies on similar topics. The decision to adopt this 



 

39 

 

approach was justified by the lack of a known population size and the absence of 

a specific sampling frame. Previous research on related topics, such as studies 

conducted by Rose et al. (2012) and Alalwan (2020), utilised sample sizes of at 

least 200 respondents. This historical precedent informed the decision to aim for 

a sample size within a similar range, as it was deemed sufficient to capture a 

diverse range of perspectives and achieve statistical reliability. 

3.5 The research instrument. 

The research instrument employed in this study was a structured questionnaire 

designed to gather both demographic information and responses pertaining to 

the research objectives. The questionnaire was organised into distinct sections, 

each serving a specific purpose in line with the objectives of the study and was 

developed using the Qualtrics survey platform. 

The first section of the questionnaire included screening questions, placed to 

identify respondents who met the study's inclusion criteria. These questions 

focused on participants' regular online shopping habits and age, ensuring that 

only those actively engaged in online shopping and aged 18 years or older 

proceeded to the subsequent sections of the survey. 

The demographic information section followed the screening questions, capturing 

respondent details such as age, education level, region, and gender. This 

demographic data was important for assessing the representativity of the sample. 

Subsequent sections of the questionnaire comprised measurement scales 

tailored to assess various variables central to the research objectives. The 

variables included online reviews, online recommendations, online ratings, social 

presence, habit formation, performance expectancy, and overall online shopping 

experience. The scales used for these variables were adapted from prior studies 

as shown in Table 1.  
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The Likert scale was employed to assess participants' responses to the items on 

the scales. The 5-point Likert scale allowed participants to express their 

agreement or disagreement on a continuum, ranging from 1 (strongly disagree) 

to 5 (strongly agree). This ordinal scale provided a structured and quantifiable 

means of capturing participants' perceptions and attitudes towards the various 

constructs under investigation (Field, 2018). Table 1 shows the design of the 

research instrument, the number of questions and the literature where the 

questions were adapted. 

Table 1: Research instrument 

Scale Number 

of items  

Literature  

Online review (OR) 3 Hajli (2015), Alalwan (2020) 

Online rating (ORN) 3 Hajli (2015), Alalwan (2020) 

Online recommendation (ORC) 3 Hajli (2015), Alalwan (2020) 

Social presence (SP) 3 Lu et al. (2016) and Liu et al. (2019) 

Habit formation (HF) 3 Yahia et al. (2018) and Alalwan 

(2020) 

Performance expectancy (PE) 3 Yahia et al. (2018) and Alalwan 

(2020) 

Online shopping experience 

(OSE) 

4 Rose et al. (2013) and Barari et al. 

(2020) 

 

3.6 Procedure for data collection 

The data collection procedure for this study involved a systematic approach to 

identify and engage respondents from the target population. To ensure voluntary 

and informed participation, the research began by directly approaching potential 

participants who fell within the identified criteria (Connelly, 2014). These 

individuals were provided with a clear explanation of the study's objectives, the 
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nature of their involvement, and the voluntary nature of their participation. Full 

informed consent was obtained before respondents proceeded to complete the 

questionnaire. 

A direct approach was employed for individuals within the researcher's immediate 

contacts. The respondents were personally contacted, briefed about the study, 

and provided with the survey link hosted on the Qualtrics platform. This approach 

facilitated a personalised connection and increased the likelihood of participant 

engagement (Connelly, 2014). 

To extend the reach beyond immediate contacts, respondents were encouraged 

to share the survey link with their network through various channels such as 

social media, email, or other online platforms. This aspect of the data collection 

procedure aligned with the snowball sampling approach, allowing for a broader 

and more diverse pool of participants beyond the researcher's immediate network 

(Flick, 2018). 

The survey itself was hosted on the Qualtrics platform, offering a user-friendly 

and secure environment for respondents to respond. Qualtrics provided features 

that supported the structured questionnaire format, the inclusion of skip logic, and 

automated data collection, ensuring a seamless and efficient data collection 

process. Additionally, the data collection procedure allowed for flexibility in 

response methods. Respondents could choose to complete the survey online at 

their convenience. After gathering enough responses, the survey was ended in 

Qualtrics, and data was downloaded for cleaning and further analysis.  

3.7 Data analysis strategies and interpretation 

The data analysis for this study combined descriptive and inferential statistical 

techniques to analyse patterns and relationships within the dataset. Descriptive 

statistics were utilised to provide a summary of the characteristics of the sample. 

This involved calculating measures such as mean, median, standard deviation, 



 

42 

 

and frequency distributions for relevant variables. Descriptive statistics allowed 

for a concise presentation of the central tendency, variability, and distribution of 

responses within the sample (Field, 2018). 

Confirmatory Factor Analysis (CFA) was employed to validate the measurement 

models used in the study. CFA assessed the reliability and validity of the scales 

and constructs within the questionnaire, confirming that the chosen factors 

accurately represented the underlying concepts (Field, 2018). This step ensured 

that the measurement instruments effectively captured the intended variables. 

Structural Equation Modelling (SEM) was the primary analytical approach used 

to test hypotheses and analyse the complex relationships among the variables. 

SEM allows for the examination of both direct and indirect relationships within a 

theoretical model (Hair et al., 2010). SEM enables researchers to evaluate the 

causal pathways and interdependencies among multiple variables 

simultaneously. In the context of this study, SEM was applied to assess how 

online reviews, ratings, recommendations, social presence, habit formation, and 

performance expectancy collectively influenced the overall online shopping 

experience. 

3.8 Possible limitations and challenges of the study 

• The use of convenience and snowball sampling methods may introduce 

selection bias, as participants who actively engage in online activities and 

are willing to participate might not be representative of the entire 

population.  

• The study relies on self-reported data, which introduces the potential for 

social desirability bias (Creswell, 2010). Participants might provide 

responses they perceive as socially acceptable rather than reflecting their 

true opinions or behaviours. This bias could impact the accuracy of the 
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findings, particularly regarding subjective experiences such as online 

shopping satisfaction. 

• The cross-sectional design of the study only captured a snapshot of 

participants' experiences at a specific point in time. This could limit the 

ability to establish causality or track changes over time (Creswell, 2010). 

Longitudinal studies could provide a more dynamic understanding of how 

online shopping experiences evolve and are influenced by changing 

trends and external factors. 

3.9 Quality Assurance 

This section discusses how the study ensured validity and reliability of the 

findings.  

3.9.1 External validity  

External validity refers to the extent to which study findings can be applied or 

generalised to a broader population or different settings (Cohen et al., 2017). This 

study employed a quantitative approach, utilising a wide sample of online 

shoppers in South Africa. The findings are generalisable, particularly within the 

context of online shoppers in the B2C e-commerce model in South Africa. 

Transparent reporting of limitations and careful consideration of contextual 

factors strengthened the external validity of the study, providing a foundation for 

potential application in comparable settings. 

3.9.2 Internal validity 

The study analysed internal validity through the rigorous application of 

Confirmatory Factor Analysis (CFA). This analytical approach was instrumental 

in assessing both convergent and discriminant validity of the measurement 

instruments employed in the study (Sürücü & Maslakci, 2020). The study ensured 
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that the chosen factors accurately represented the underlying constructs, 

confirming the reliability and validity of the measurement models. This validation 

process enhances the internal validity of the study, providing confidence in the 

accuracy and precision of the relationships observed among the variables under 

investigation (Cohen et al., 2017). 

3.9.3 Reliability 

Reliability in this study was ensured through a systematic reliability analysis using 

Cronbach's alpha. The application of Cronbach's alpha, a widely accepted 

measure of internal consistency, allowed for the assessment of the reliability of 

the measurement scales employed in the survey (Field, 2018). The study 

evaluated the extent to which items within the scales consistently measured the 

same underlying construct. The attainment of high Cronbach's alpha values for 

each scale indicated strong internal consistency, providing assurance that the 

measurement instruments reliably captured the intended variables. 

3.10 Ethical considerations 

The researcher ensured that ethical clearance was received from the Wits post 

Graduate Committee before data collection. Consent was requested from the 

respondents and only those that consented proceeded to respond to the survey 

questionnaire. All respondents were made aware that participation in the 

research was voluntary, that anonymity was guaranteed, and that the respondent 

could withdraw from the research process at any stage. No personal data was 

included in the research report. 

Turnitin was used to confirm adherence to plagiarism policies and the researcher 

ensured that a declaration form was signed.  
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3.11 Chapter conclusion 

The methodology followed was outlined in this chapter. It was discussed that the 

study followed a quantitative research approach employing a survey research 

design. The study used online questionnaires to collect data from a diverse 

sample of online shoppers in the B2C e-commerce model in South Africa using 

multiple digital collection points. The application of convenience and snowball 

sampling, combined with transparent reporting of limitations, aimed to enhance 

external validity. To ensure internal validity, CFA was employed to assess both 

convergent and discriminant validity of the measurement instruments. Reliability 

was achieved through a thorough analysis using Cronbach's alpha. SEM was 

applied to analyse the complex relationships among variables. Presentation of 

results is given in the following chapter.
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CHAPTER 4. RESEARCH RESULTS  

4.1 Introduction 

This study focused on the role of the 3Rs in  enhancing the online customer 

experience. The study sought to assess the influence of online product reviews, 

online product rating and product recommendations on social presence, habit 

formation and performance expectancy which are assumed to be key 

antecedents that influence the online shopping experience of the customer. To 

achieve this aim, the study collected data from online shoppers across South 

Africa. The purpose of this chapter was to present and describe the results from 

the analysis conducted. Initial sections of this chapter presented the sample 

characteristics, demographic information, data screening and outliers. 

Descriptive statistics were presented in the next sections. This was followed by 

reliability and validity analysis, before presenting results model testing, employing 

CFA and structural equation modelling to test the hypotheses stated.  

4.2 Sample characteristics and demographic information 

An online survey questionnaire was distributed to online shoppers in South Africa, 

collecting responses from a total of 285 participants. However, 17 responses 

were excluded due to missing data, characterised by incomplete submissions, 

wherein respondents terminated their participation after completing the 

demographic section without progressing to the subsequent survey components. 

The resulting usable sample comprised 268 observations, providing adequate 

data for meaningful statistical analysis. This sample size was consistent with 

previous related studies (Rose et al., 2012; Alalwan, 2020). 

 

Outliers represent data points that deviate significantly from the rest of the 

observations (Field, 2018). In this study, a screening process was employed to 
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identify any outliers, focusing on responses with exceptionally high or low values. 

Extreme responses could indicate that certain respondents do not belong to the 

same population. Typically, extreme values are those exceeding three standard 

deviations from the sample mean (Hair et al., 2019). Standardised scores, 

reflecting deviations from the mean, were examined for each respondent on every 

questionnaire item. Notably, no outliers were detected. This outcome is 

unsurprising, given that all questionnaire items were responded to on a 

standardised Likert scale. 

 

Demographic information was gathered to describe the characteristics of the 

sample. The data collected included information pertaining to respondents' age, 

gender, educational attainment, residential locale classification (rural or urban), 

and the frequency of engagement in online shopping, as delineated in the 

subsequent sections. 

4.2.1 Respondents’ age category 

Respondents were requested to specify their birth period, facilitating the 

classification of individuals into distinct generations ranging from Generation X to 

Generation Z. The distribution of responses across the specified periods is as 

follows: 
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Figure 4: Age group 

 
Figure 4 shows that Generation X, encompassing those born between 1965 and 

1980, were the majority, constituting 51.5% of the total respondents. Following 

closely, Generation Y (1981-1994) comprised 36.9% of the sample, while 

Generation Z (1995-2006) constituted 11.6%. The distribution shows diverse 

representation across generations. This was crucial in this study to include varied 

perspectives. All generations were adequately considered in the study. 

4.2.2 Gender 

An overview of the gender distribution of the sample is shown in Figure 5. 

 

Figure 5: Gender 

The gender distribution within the sample in Figure 5 demonstrates a notable 

representation of both female and male participants. Most respondents (57.5%) 

were female, 42.2% were male and a minimal proportion (0.4%) remained gender 

neutral. The distribution shows that more females engage in online shopping than 

males.  The presence of both genders however shows representation across the 

gender divide. 
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4.2.3 Level of education  

Figure 6 provides a view of the level of education of the respondents. 

 

Figure 6: Level of education 

Figure 6 shows that 29.5% of respondents hold a basic education qualification of 

a matric certificate. Further, 28.4% of respondents hold an undergraduate 

degree, 27.6% hold a postgraduate or honours degree 13.1% hold a master’s 

degree and a small number of respondents (1.5%) hold a doctorate qualification. 

The sample consisted of respondents who held at least a matric qualification, 

suggesting a positive correlation between education and online shopping 

behaviour (Ramirez, 2019).  

4.2.4 Area of residence 

Figure 7 provides a view of the area of residence of the respondents.  
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Figure 7: Area of residence 

Figure 7 shows that most of the respondents (88.1) % were living in urban areas, 

11.2% of respondents were living in semi-urban residents and a minority of 

respondents (0.7%) lived in rural areas. This distribution aligns with expectations 

within the South African context, where a predominant number of urban residents 

engage in online shopping due to its convenience and widespread internet 

connectivity (Moeti et al., 2021).  

4.2.5 Frequency of online shopping 

Figure 8 provides a view of how frequently the respondents use online shopping 

channels.  
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Figure 8: Frequency of online shopping 

Figure 8 show that most respondents, accounting for 60.8%, engaged in online 

shopping at least three times per month, highlighting the prevalence of frequent 

usage. Furthermore, 34.3% of respondents participate in online shopping less 

than three times per month, while a smaller percentage, 4.5%, opts for daily 

online shopping. These findings show the diverse patterns of online shopping 

behaviour within the sample, confirming that the sample was comprised of 

individuals who frequently engage in online shopping. This was important in this 

study to ensure that responses were coming from individuals who actively shop 

online.  

4.3 Descriptive statistics 

The observable variables in this study were assessed using a 5-point Likert scale, 

with "Strongly Disagree" assigned a value of 1 and "Strongly Agree" assigned a 

value of 5. The midpoint of this scale is 3, reflecting a neutral stance. In cases 

where mean values fall below 3, it implies that most respondents lean towards 

disagreement with the provided statements. Values between 3 and 3.5 suggest 

a more neutral stance, while means exceeding 3.5 indicate a tendency for 
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respondents to agree or strongly agree with the statements. The subsequent 

sections present the mean and standard deviations for each item, providing a 

detailed analysis of the respondents' perceptions on the studied constructs: 

4.3.1 Online product reviews (OR) 

 

Table 2 shows per item descriptive statistics for the items measuring perceptions 

of respondents regarding online product reviews.  

 

Table 2: Descriptive statistics: OR 

 

Item Mean Std. Deviation 

Product reviews provided by other shoppers 

improves the confidence of my buying decision 

4.20 .837 

I find online shopping sites that offer product 

review information more useful 

3.96 .849 

The availability of review information on online 

sites has changed the information I use to make 

my purchasing decisions 

4.09 1.018 

 

Results show that respondents exhibited favourable perceptions regarding online 

product reviews, particularly emphasising the positive influence of reviews on 

their purchasing confidence. These insights underscore the significance of peer-

generated reviews in shaping consumer confidence in online shopping 

experiences. 

4.3.2 Online product ratings (ORN) 

Table 3 shows per item descriptive statistics for the items measuring perceptions 

of respondents regarding online product ratings. 
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Table 3: Descriptive statistics: ORN 

 

Item N Mean Std. Deviation 

I actively use product rating 

capabilities to help me choose my 

product 

268 4.23 .792 

I find online shopping sites that rank 

products more useful 

268 4.32 .789 

The availability of rating information 

on online sites has changed the 

information I use to make my 

purchasing decisions 

268 4.49 .700 

 

Results show that most respondents demonstrated a positive orientation towards 

online product ratings, expressing a moderate reliance on rating capabilities and 

acknowledging the utility of product ratings in guiding their purchasing decisions. 

The notably high mean (4.49) for the statement about the transformative impact 

of rating information suggests a strong positive influence on the decision-making 

process, highlighting the significance of product ratings in shaping respondents' 

online shopping perceptions. 

4.3.3 Online product recommendations (ORC) 

 
Table 4 shows per item descriptive statistics for the items measuring perceptions 

of respondents regarding online product recommendations. 
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Table 4: Descriptive statistics: ORC 

 

Item Mean Std. Deviation 

I feel more socially connected to online 

shopping sites which recommend 

alternative relevant products 

4.23 .757 

Sites that offer alternative product 

recommendations improve my ease of use 

4.21 .879 

Sites that offer relevant alternative products 

have influenced what I spend on online 

shopping sites 

4.11 .795 

 

Table 4 shows that most respondents expressed a strong sense of social 

connection with online shopping sites that provide alternative relevant product 

recommendations. Additionally, the perception that sites offering alternative 

product recommendations enhance ease of use had a positive response, as 

indicated by a mean of 4.21. The statement "Sites that offer relevant alternative 

products have influenced what I spend on online shopping sites" received a mean 

of 4.11, reflecting a positive influence on respondents' spending behaviour. 

 

In general, respondents showed favourable perceptions regarding online product 

recommendations, highlighting a strong sense of social connection, improved 

ease of use, and an influence on spending decisions when alternative relevant 

products are suggested. These findings stress the significance of personalised 

recommendations in enhancing both the social and practical aspects of the online 

shopping experience for the surveyed individuals. 

4.3.4 Social presence (SP) 

Table 5 shows per item descriptive statistics for the items measuring perceptions 

of respondents regarding online social presence as a predictor of overall online 

customer experience. 
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Table 5: Social presence (SP) 

 

Item Mean Std. Deviation 

Social connection on online shopping sites 

improves my online shopping experience 

4.11 .856 

I experience a sense of human warmth on 

online shopping sites when I read reviews 

of other shoppers 

4.20 .762 

There is a sense of sociability on online 

shopping sites due to the 

interconnectedness created by other 

shoppers offering their product reviews, 

recommendations and ratings 

4.24 .824 

 

Table 5 results shows that respondents expressed positive sentiments, indicating 

that social connection on online shopping sites contributes positively to their 

overall online shopping experience. Most respondents acknowledged the 

presence of sociability on online shopping sites, facilitated by other shoppers' 

contributions such as reviews, recommendations, and ratings Overall, 

respondents perceived online social presence as a constructive factor influencing 

their overall online shopping experience, stressing the importance of 

interconnectedness and human warmth in the digital retail landscape. 

4.3.5 Performance expectancy (PE) 

This study noted that online reviews, recommendations, and ratings could 

improve perceived performance of online shopping sites, which in turn could 

enhance overall online shopping experience. Per item descriptive statistics for 

the items measuring perceived performance are shown in Table 6. 
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Table 6: Descriptive statistics (PE) 

 

Item Mean Std. Deviation 

Using online shopping sites that provide 

review, rating and recommendation 

increases my chances of finding the best 

products 

4.20 .867 

I purposefully look for online shopping sites 

that offer review, rating and 

recommendation information 

4.21 .803 

Using online shopping apps that have 

review, rating and recommendation 

information reduces my shopping time 

4.18 .913 

 

Results in Table 6 show that most respondents perceive that online reviews, 

recommendations, and ratings play a significant role in enhancing the perceived 

performance of online shopping sites, thereby contributing to an improved overall 

online shopping experience. Most respondents agreed that utilising online 

shopping sites providing these features increases the likelihood of finding the best 

products. Additionally, respondents purposefully seek out such sites, as indicated 

and believe that using online shopping apps with these features reduces 

shopping time. These findings highlight the perceived importance of integrated 

review, rating, and recommendation functionalities in optimising the performance 

and efficiency of online shopping platforms for the surveyed individuals. 

4.3.6 Habit formation (HF) 

This study noted that online reviews, recommendations, and ratings could 

influence habit formation, which in turn could enhance overall online shopping 

experience. Per item descriptive statistics for the items measuring customer 

online habits are shown in Table 7. 
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Table 7: Descriptive statistics: HA 

 

Item Mean Std. Deviation 

I have a habit of choosing online shopping 

sites which have product reviews, ratings 

and recommendations 

3.85 1.156 

The availability of review, rating and 

recommendation systems has changed my 

choice of shopping channel from physical 

stores to online shopping sites 

3.78 1.103 

When shopping online I have developed a 

habit of looking at review, rating and 

recommendation information before I 

choose my product 

3.87 1.179 

 

 

Generally, respondents showed positive perceptions regarding habitual formation 

influenced by online reviews, recommendations, and ratings. Most respondents 

agreed that the availability of review, rating, and recommendation systems has 

notably influenced the shift in respondents' shopping channel preferences from 

physical stores to online platforms. Additionally, most respondents have 

developed a habit of consulting review, rating, and recommendation information 

before making online purchase decisions. These findings highlight the role of 

these online features in shaping and reinforcing the habits of the surveyed 

individuals, contributing to an enhanced overall online shopping experience. 

4.3.7 Online shopping experience (OSE) 

 

Table 8 provides descriptive statics for items measuring perceptions of online 

shopping experiences of customers. 
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Table 8: Descriptive statistics (OSE) 
 

Item Mean Std. Deviation 

Online shopping sites are helpful in my life 4.10 .690 

I find it effective to shop online that 

physical shopping 

4.20 .858 

Shopping online is fun 4.09 1.128 

Overall, I am satisfied with online shopping 4.23 .890 

 

The descriptive statistics in Table 8 show that respondents generally 

acknowledge the helpfulness of online shopping sites in their lives. Additionally, 

there is a notable preference for online shopping over physical shopping. 

Furthermore, respondents find online shopping enjoyable, as reflected by a mean 

The overall satisfaction with online shopping is notably high, with a mean of 4.23. 

These findings indicate that respondents generally view online shopping as a 

helpful, effective, enjoyable, and satisfying experience, emphasising the positive 

impact of e-commerce on the surveyed individuals. 

4.4 Assessment of Normality  

Descriptive statistics, specifically skewness and kurtosis values, were employed 

to evaluate the normality of the dataset distribution. Skewness measures the 

asymmetry of a probability distribution, indicating whether the data is 

concentrated more on one side (Field, 2018). Kurtosis measures the tail 

heaviness of a distribution, reflecting the degree of outliers or extreme values in 

the data. According to Kim (2013), a range of -7 to +7 for kurtosis and -2 to +2 for 

skewness is deemed acceptable in indicating a normal distribution. 
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Table 9: Normality Assessment  

 

Construct 

N Mean 

Std. 

Deviation Skewness Kurtosis 

Statistic Statistic Statistic Statistic 

Std. 

Error Statistic 

Std. 

Error 

OR 268 4.08 .782 -1.926 .149 3.287 .297 

ORN 268 4.34 .695 -2.153 .149 6.713 .297 

ORC 268 4.18 .670 -2.112 .149 4.992 .297 

SP 268 4.19 .763 -1.442 .149 1.900 .297 

PE 268 4.18 .689 -1.636 .149 3.036 .297 

HF 268 3.82 1.013 -1.280 .149 .446 .297 

OSE 268 4.15 .771 -1.677 .149 2.066 .297 

 

 

As shown in Table 9, the skewness values across the variables fall within the 

range of -2 and +2, except for ORN and ORC which fall outside the range. The 

results suggests that despite some deviations from perfect normality, most of the 

distributions approach normality. The kurtosis values are all within the -7 to +7 

range, indicating that the data approaches normal distribution. In addition, the 

sample size in this study, being relatively large, aligns with the Central Limit 

Theorem (CLT), which suggest that with a sufficiently large sample, the 

distribution of sample means will tend to be normal, even if the underlying 

population distribution is not (Creswell & Creswell, 2017). Therefore, while 

individual variables may exhibit some departure from a perfect normal 

distribution, the overall dataset, guided by the CLT and the sample size, allows 

for robust statistical analyses and generalisability of findings. 

4.5 Exploratory factor analysis (EFA) 

In this study, EFA was employed to investigate the underlying factor structure of 

the dataset, aiming to uncover patterns and relationships among observed and 

latent variables. The successful conduct of EFA requires an adequate sample 
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size to ensure robust results (Field, 2018). To confirm sample adequacy, the 

study utilised the Bartlett test for sphericity and the Kaiser-Meyer-Olkin (KMO) 

test. The Bartlett test assesses whether correlations between variables are 

significantly different from an identity matrix, indicating whether the data is 

suitable for factor analysis (Hair et al., 2010). A significant p-value in the Bartlett 

test supports the suitability of the data. The KMO test evaluates the adequacy of 

the sample for factor analysis, with values above 0.5 considered acceptable 

(Field, 2018). The results of these sample adequacy tests are presented below, 

providing assurance regarding the appropriateness of the dataset for factor 

analysis. 

Table 10: KMO and Bartlett's Test 

 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. ,667 

Bartlett's Test of Sphericity Approx. Chi-Square 3623,202 

Df 231 

Sig. <,001 

 

The sample adequacy tests, as indicated in Table 10, affirm the suitability of the 

dataset for factor analysis. The KMO measure of sampling adequacy has a value 

of 0.667, above the acceptable threshold of 0.5, indicating that the dataset was 

adequate for exploring underlying factors. Additionally, the Bartlett's Test of 

Sphericity has a statistically significant p-value (<0.001), signifying that 

correlations between variables are significantly different from an identity matrix. 

These results validate the appropriateness of the sample for conducting EFA in 

this study. 

After confirming sample adequacy, the subsequent step involved the extraction 

of factors using Principal Components Analysis (PCA). The extraction of 

components was guided the Eigenvalue criterion, with factors having eigenvalues 

greater than 1 being extracted (Field, 2018). The goal was to retain factors that 
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collectively explain the highest variance in the dataset. In this analysis, a total of 

7 factors were extracted, cumulatively explaining approximately 78.1% of the 

variance in the data, as detailed in Table 11. 

Table 11: Total Variance Explained 

 

Component 

Extraction Sums of Squared 

Loadings 

Rotation Sums of Squared 

Loadings 

Total 

% of 

Variance 

Cumulative 

% Total 

% of 

Variance 

Cumulative 

% 

1 4.563 20.740 20.740 3.078 13.991 13.991 

2 3.314 15.064 35.804 2.545 11.566 25.557 

3 2.729 12.407 48.211 2.495 11.342 36.899 

4 2.155 9.797 58.008 2.445 11.112 48.012 

5 1.708 7.763 65.771 2.335 10.614 58.626 

6 1.571 7.142 72.913 2.159 9.814 68.440 

7 1.156 5.256 78.169 2.140 9.729 78.169 

Extraction Method: Principal Component Analysis. 

 

 
Factor rotation (Varimax in this case) was applied to enhance the interpretability 

of the extracted factors. The purpose of factor rotation is to simplify the factor 

structure, making it easier to interpret. The rotated component matrix presents 

the extracted factors along with their associated observed variables and factor 

loadings per variable. It is crucial that each variable loads prominently on the 

correct factor, and cross loadings should be minimised for clarity. In this study, 

only variables with factor loadings of at least 0.4 were retained (Field, 2018). This 

threshold ensures that only variables contributing significantly to the explanation 

of the highest variation are retained in the analysis. The rotated component 

matrix, containing the refined set of variables and their factor loadings, is detailed 

in Table 12. 
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Table 12: Rotated component matrix 

 

 

Component 

1 2 3 4 5 6 7 

OR1     .819   

OR2     .786   

OR3     .847   

ORN1  .922      

ORN2  .922      

ORN3  .860      

ORC1      .845  

ORC2      .778  

ORC3      .818  

SP1       .769 

SP2       .701 

SP3       .891 

PE1    .855    

PE2    .869    

PE3    .856    

HF1   .834     

HF2   .898     

HF3   .836     

OSE1 .765       

OSE2 .856       

OSE3 .884       

OSE4 .826       

Extraction Method: Principal Component Analysis.  

 Rotation Method: Varimax with Kaiser Normalization. 

a. Rotation converged in 6 iterations. 

 

The tables shows that 7 components were extracted. All items had factor loadings 

above 0.4, loading highly on a single factor. Thus, there were no cross loadings. 

Therefore, all items were retained. The factor structure was later confirmed using 

Confirmatory Factor Analysis (CFA).  
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As shown in Table 12, online reviews (OR) was measured thorough three items, 

and the items all had high factor loadings above 0.4. The items for OR loaded on 

Component 5 and no cross loadings. Further, online product rating (ORN) was 

measured through three items, all with high actor loadings. The items for ORN 

loaded on Component 2. Online product recommendations (ORC) was measured 

through three items, all loading highly on Component 6. Social presence (SP) 

was measured through three items, all loading highly on Component 7. Further, 

performance expectancy (PE) was measured through 3 items, with items loading 

highly on Component 4. Habit formation (HF) was measured through 3 items, and 

all items loaded highly on Component 3. Lastly, online shopping experience was 

measured through four items, and all items loaded highly on Component 1.  

4.5.1 Reliability and Validity analysis 

A measurement scale should be reliable and valid for it to be considered for 

practical use (Hair et al., 2010). Reliability of the 7 measurement scales (reviews, 

rating, recommendations, social presence, performance expectancy, habit 

formation and online shopping experience) was assessed using the Cronbach’s 

alpha and composite reliability. Testing for reliability ensures consistency and 

stability of measurements, enhancing the accuracy and validity of study results 

by minimising errors and increasing the trustworthiness of data collected from 

various sources or over time (Hair et al., 2010). Reliable measurement scales 

contribute to the robustness of research findings, supporting the credibility and 

replicability of study outcomes (Field, 2018). Results are shown in Table 13, 

summarising reliability, and validity assessments of the measurement scales.  
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Table 13: Reliability and validity assessment 

Scale Number 

of items 

Cronbach’s 

alpha 

Average 

variance 

extracted 

(AVE) 

Composite 

relaibility 

Reviews 3 0.832 0.64 0.84 

Ratings 3 0.901 0.76 0.90 

Recommendations 3 0.776 0.54 0.78 

Social presence 3 0.801 0.59 0.81 

Performance 

expectancy 

3 0.862 0.68 0.86 

Habit formation 3 0.861 0.68 0.86 

Online shopping 

experience 

4 0.875 0.66 0.88 

 

 
From the results in Table 13, all scales demonstrated strong internal consistency, 

surpassing the recommended threshold of 0.7 for a reliable measure, as outlined 

(Hair et al., 2010). Specifically, Cronbach's alpha values ranged from 0.776 to 

0.901, and composite reliability values ranged from 0.78 to 0.90, indicating robust 

reliability across all scales. 

 

Convergent validity, assessed through the Average Variance Extracted (AVE), 

was also examined. The AVE represents the proportion of variance captured by 

the latent construct relative to measurement error (Hair et al., 2010). All scales 

met the recommended threshold for convergent validity, with AVE values ranging 

from 0.54 to 0.76. Notably, these values exceeded the suggested minimum 

threshold of 0.5, indicating that a substantial proportion of the observed variable's 

variance is accounted for by its underlying latent construct. The AVE was 

calculated by taking the average of the squared standardised loadings of each 

item on its corresponding latent construct. 
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Furthermore, the Pearson correlation matrix was computed to assess 

discriminant validity, comparing the correlations to the square root of the AVE. 

Table 14 shows results of discriminant validity analysis.  

 

Table 14: Discriminant validity  

 OR ORN ORC SP PE HF OSE 

OR Pearson 

Correlation 

0.797       

ORN Pearson 

Correlation 

-.027 0.870      

ORC Pearson 

Correlation 

.127* -.071 0.737     

SP Pearson 

Correlation 

.220** .291** .054 0.771    

PE Pearson 

Correlation 

.250** .000 .130* -.056 0.824   

HF Pearson 

Correlation 

.402** -.063 .022 .058 .200** 0.825  

OSE Pearson 

Correlation 

.090 -.037 .191** .031 .442** .185** 0.810 

*. Correlation is significant at the 0.05 level (2-tailed). 

**. Correlation is significant at the 0.01 level (2-tailed). 

 

 

As reported in Table 14, the highlighted diagonal entries in the correlation matrix 

display the square root of the AVE for each respective construct (OR, ORN, ORC, 

SP, PE, HF, OSE). Discriminant validity is demonstrated when the correlation 

coefficients between different constructs (off-diagonal entries) are lower than the 

square root of the AVE for each corresponding construct (Hair et al., 2019). 

Crucially, the correlation coefficients between constructs are all lower than the 
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square root of the AVE on the corresponding diagonal, indicating strong evidence 

of discriminant validity. This implies that each latent construct is more strongly 

correlated with its own indicators than with other constructs, reinforcing the 

distinctiveness of the measurement scales employed in the study (Field, 2018).  

4.6 Results of model testing 

 
The study employed a two-step process for model testing, involving EFA followed 

by CFA to confirm the factor structure. Firstly, EFA was conducted to explore the 

factor structure of the measurement model. Subsequently, CFA was employed to 

rigorously test and confirm whether all items loaded appropriately on the 

hypothesised constructs within the model. This preliminary step aimed to ensure 

the integrity of the measurement model before proceeding to the testing of the 

hypothesised structural model. 

 

The CFA analysis encompassed seven constructs, each with three items, except 

for the online shopping experience construct, which included four items. In total, 

there were 22 items. The CFA served to evaluate the fit of the proposed factor 

structure to the collected data, ensuring that the measurement model accurately 

represented the relationships between latent constructs and their observed 

indicators. 

 

Following the confirmation of the measurement model, the study proceeded to 

the second step, utilising Structural Equation Modelling (SEM) within AMOS 

version 26. This phase aimed to test the hypotheses regarding the relationships 

between independent and dependent variables, constituting the structural model. 

SEM facilitated a comprehensive examination of the proposed relationships, 

providing insights into the overall model fit and the strength of the hypothesised 

connections. 
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4.6.1 CFA model testing 

Confirmatory factor analysis aimed to evaluate the relationships between various 

constructs in the developed theoretical model and their respective measurement 

items. The focus was on assessing the fit of the measurement model and 

validating its effectiveness (Field, 2018). During CFA evaluation of the 

measurement model, there was no need to distinguish between exogenous and 

endogenous constructs, a differentiation reserved for structural equation 

modelling. Figure 8 illustrates all variables interconnected, with the measured 

variables (construct items) presented in rectangular shapes. Two-headed arrows 

indicate covariance, while one-headed arrows depict causal relationships. 

Notably, the model in Figure 9 exclusively includes the main effects between 

constructs (online reviews, online rating, online recommendations, social 

presence, performance expectancy, habit formation, online shopping experience) 

and measurement items. This approach ensures a focused examination of the 

key relationships within the measurement model (Hair et al., 2010). 
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Figure 9: CFA measurement model 

4.6.2 Goodness of fit indices 

 
The model's goodness-of-fit was assessed using the maximum-likelihood method 

to estimate parameters, with analyses conducted on covariance matrices. 

Results of model fit are shown in Table 15. Several fit indices were considered, 

starting with the Chi-square (χ²) test. The obtained χ² value was high, and the 

ratio of χ² to degrees of freedom (χ²/DF = 4.44) exceeded the recommended 

threshold of 3. While the χ² test may indicate misfit, it tends to be sensitive to 

sample size, potentially leading to unnecessary rejection of hypotheses (Hair et 

al., 2010). 
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Table 15: Model fit indices  

Fit Index Recommended Value CFA 

Results 

Final 

Structural 

Model 

Goodness-of-fit (GFI)  Less than 0.80 (No fit) 0.796 0.916 
 

Between [0.80-0.90] 

(acceptable) 

Above 0.90 (Perfect fit) 

Normed fit index (NFI) Less than .80 (poor) 0.776 0.919 
 

Between [0.80-0.90] 

(acceptable) 

Above 0.90 (good) 

Comparative fit index (CFI)  Less than 0.90 (poor) 0.815 0.931 
 

Above 0.90 (good) 

Incremental fit index (IFI)  Less than 0.90 (poor) 0.818 0.932 
 

Above 0.90 (good) 

Root mean square error of 

approximation (RMSEA)  

Less than 0.05 (good) 0.114 0.0730 
 

Between [0.06-1] 

(acceptable) 

Above 1 (poor) 

Chi-square (χ2 /DF)  Less than 3 (good) 4.444 2.407 
 

Between [3-5] 

(acceptable) 

Above 5 (poor) 

Tucker-Lewis Index (TLI)  Less than 0.80 (poor) 0.773 0.907 
 

Between [0.80-0.90] 

(acceptable) 

Above 0.90 (good) 

Relative Fit Index (RFI)  Less than 0.80 (poor) 0.725 0.901 

Between [.80-.90] 

(acceptable) 

Above .90 (good) 
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Despite the less favourable χ² result, the fit indices further confirmed suboptimal 

model fit: GFI=0.796, NFI=0.776, CFI=0.815, IFI=0.818, RMSEA=0.114, 

TLI=0.773, and RFI=0.725. These values fall below the desired benchmarks for 

a well-fitting model. However, it is crucial to note that the primary objective of the 

CFA model was to confirm construct validity and factor loadings, not to test 

hypotheses among constructs (Field, 2018). In this context, the results indicated 

that all items loaded appropriately and aligned with theory. Factor loadings 

ranged from 0.631 to 0.942, exceeding the recommended threshold of 0.50. 

Consequently, while overall model fit was suboptimal, the CFA successfully 

confirmed the construct validity and factor loadings, setting the stage for 

subsequent hypothesis testing in the following section. 

 

4.6.3 Final structural model testing  

 

The analysis of the final structural hypothesised model, as depicted in Figure 9, 

commenced with the examination of the significance level of the Chi-square (χ²) 

test, revealing a significant result (p < 0.001). However, the Chi-square to 

degrees of freedom ratio (CMIN/DF) was 2.407, which is below the recommended 

threshold of 3, suggesting a good fit for the model. 

 

Further assessment involved scrutinising various model fit indices, as presented 

in Table 15. Notably, the model fit significantly improved compared to the initial 

CFA, with the following indices: GFI=0.916, NFI=0.919, CFI=0.931, IFI=0.932, 

RMSEA=0.073, TLI=0.907, and RFI=0.901. These values collectively indicated 

an acceptable model fit across all indices, reinforcing the robustness of the final 

structural hypothesised model. 
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Figure 10: Hypothesised Model 

 

The enhancement in model fit was achieved through a process guided by 

modification indices, allowing for the covariation of certain errors. Modification 

indices in AMOS guide the identification of specific areas where model fit can be 

improved, suggesting adjustments such as adding or removing paths. This 

iterative process, informed by modification indices, refines the structural equation 

model by addressing misspecifications, thereby optimising the overall fit and 

increasing the model's explanatory power (Hair et al., 2010). 

 



 

72 

 

4.7 Results pertaining to hypotheses. 

Table 16: Summarised Model results  

Hypothesis       Estimate S.E. C.R. P Supported 

H1a SP_ <--- OR_ 0.144 0.071 2.014 0.044 Yes 

H1b SP_ <--- ORN_ -0.003 0.067 -0.041 0.967 No 

H1c SP_ <--- ORC_ 0.184 0.078 2.352 0.019 Yes 

H1d OSE_ <--- SP_ 0.481 0.074 6.516 *** Yes 

H2a PE_ <--- OR_ 0.301 0.071 4.215 *** Yes 

H2b PE_ <--- ORN_ 0.369 0.069 5.328 *** Yes 

H2c PE_ <--- ORC_ 0.063 0.078 0.806 0.42 No 

H2d OSE_ <--- PE_ 0.094 0.061 1.541 0.123 No 

H3a HF_ <--- OR_ 0.458 0.096 4.756 *** Yes 

H3b HF_ <--- ORN_ 0.028 0.079 0.349 0.727 No 

H3d HF_ <--- ORC_ -0.015 0.093 -0.163 0.87 No 

H3d OSE_ <--- HF_ 0.137 0.05 2.711 0.007 Yes 

 

Hypothesis 1 (H1): Review, ratings and recommendations positively 

influence the creation of social presence, which in turn improves online 

shopping experiences. 

 

The results of the final hypothesised model revealed the interplay between online 

reviews, rating, and recommendations and their impact on crucial antecedents 

influencing the online customer experience. Social presence (SP) was positively 

influenced by online reviews (B=0.144, p=0.044) and online product 

recommendations (B=0.184, p=0.019). In this case, H1a and H1c were 

supported. The results suggests that the interactive and communicative aspects 

introduced by reviews and recommendations contribute significantly to creating 

a sense of social presence in the online shopping environment. However, the 

influence of online ratings on social presence (H1b) was not significant (p>.05). 

Results further show that social presence significantly predicts online shopping 

experience (B=0,481, p<.001). H1d was thus supported. Overall, Hypothesis 1 
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was partially supported, indicating that online reviews and recommendations are 

the key predictors of social presence, which in turn positively influences online 

customer shopping experience.  

Hypothesis 2 (H2): Review, ratings and recommendations positively 

influence perceived performance of the online shopping site, which in turn 

improves online shopping experiences. 

Moving to performance expectancy (PE), online reviews (B=0.301, p<.001) and 

ratings (B=0.369, p<.001) demonstrated a positive and significant impact on 

performance expectancy, supporting H2a and H2b. The result suggests that 

customers are influenced by the experiences and assessments shared by others 

(reviews) and the overall rating of products, contributing to their performance 

expectations in online shopping. However, online recommendations did not 

significantly affect performance expectancy (p>.05), implying that H2c was not 

supported. In addition, there was no evidence that performance expectancy 

positively influences online shopping experience (p>.05). Hypothesis 4d was not 

supported. Overall, Hypothesis 2 was partially supported.  

Hypothesis 3 (H3): Review, ratings and recommendations positively 

influence the formation of habits, which in turn improves online shopping 

experiences. 

Habit formation (HF) was another factor significantly influenced by online reviews 

(B=0,458, p<.001). H3a was supported, implying that customers tend to develop 

habits around their online shopping behaviour based on the information and 

insights garnered from reviews. However, neither online ratings (p>.05) nor 

recommendations (p>.05) demonstrated a significant impact on habit formation 

in this study. Thus, H3b and H3c were not supported. Hypothesis 3d was 

supported (B=0,137, p=0.007), suggesting that habit was a significant predictor 

of online shopping experience. Therefore, Hypothesis 3 was partially supported.  
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Overall, results highlighted that online reviews significantly contribute to the 

development of social presence, reflecting the interactive and communicative 

nature of customer reviews. Habit formation, crucial for sustained online 

engagement, is notably influenced by the information-rich content found in 

reviews. Meanwhile, both reviews and ratings play a pivotal role in shaping 

customers' performance expectations, contributing to their overall satisfaction 

with the online shopping experience. This comprehensive perspective 

emphasises the importance of strategically integrating and optimising online 

reviews, ratings, and recommendations to positively influence social presence, 

habit formation, and performance expectancy, ultimately enhancing the holistic 

online shopping experience. 

4.8 Chapter conclusion 

This chapter presented results on the role of the 3Rs in strategically enhancing 

the online customer experience. The chapter begun with a description of sample 

characteristics which included highlighting the context of the respondents. 

Descriptive statistics were then presented, focusing on the feedback of 

respondents regarding their online shopping experiences across the various 

dimensions of the 3Rs, social presence, habit formation, and performance 

expectancy.  An analysis of normality assured the suitability of the data set for 

maximum likelihood methods of analysis, establishing a foundation for 

subsequent statistical procedures. 

 

Reliability and validity assessments, stemming from both EFA and CFA, ensured 

the robustness and trustworthiness of the measurement scales employed. The 

measurement model was analysed using CFA, affirming the factor structure's 

appropriateness. Subsequently, the final hypothesised model was estimated 

using SEM, revealing the relationships, and validating the hypotheses. The 

results stressed the important role of the 3Rs in shaping online shopping 
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experiences, influencing social presence, habit formation, and performance 

expectancy. 

 

This chapter served as a precursor to the detailed discussions that follow in the 

next chapter, focusing on a detailed discussion of the results.  
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CHAPTER 5. DISCUSSION OF THE 

RESULTS 

5.1 Introduction 

This study investigated the role of review; rating and recommendation systems in 

enhancing the online customer experience. The study aimed at assessing the 

influence of these systems on social presence, habit formation and performance 

expectancy, considered to be key antecedents that influence use of online 

shopping platforms (Venkatesh et al., 2012). Data analysis was conducted, and 

results were presented and described in the preceding chapter. The focus of this 

chapter shifts to the discussion of results, contextualising the results in 

conjunction with the literature as reviewed in Chapter 2 of this study. Discussion 

of the results is conducted per hypothesis. The study formulated three 

hypotheses as follows: 

 

 Hypothesis 1 (H1): Review, ratings and recommendations positively influence 

the creation of social presence, which in turn improves online shopping 

experiences. 

  

Hypothesis 2 (H2): Review, ratings and recommendations positively influence 

perceived performance of the online shopping site, which in turn improves online 

shopping experiences. 

 

Hypothesis 3 (H3): Review, ratings and recommendations positively influence the 

formation of habits, which in turn improves online shopping experiences. 

  



 

77 

 

5.2 Discussion pertaining to Hypothesis 1 

This study investigated the role of the 3Rs in enhancing online social presence, 

which could positively influence the customers overall online shopping 

experience. Results from structural equation modelling revealed that online 

reviews, rating, and recommendation systems play a crucial role in enhancing 

online social presence. Results specifically showed that social presence was 

positively influenced by online reviews and online product recommendations. The 

results suggests that the interactive and communicative aspects introduced by 

reviews and recommendations contribute significantly to creating a sense of 

social presence in the online shopping environment. The results provide support 

for Hypotheses 1a and 1c and are also consistent with the broader literature 

(Hsiao et al., Hajli & Sims, 2015; 2010; Algharabat & Rana, 2021; Liu et al., 2019; 

Lu et al., 2016; Sheikh et al., 2019; Alalwan et al., 2019).  

Results of this study provide validation of the notion that online interactions are 

not merely transactional but are permeate a sense of social presence (Hajli & 

Sims, 2015). The positive influence of reviews and recommendations was 

expected in this study as individuals engaging with online reviews and 

recommendations experience awareness of the human element in their digital 

interactions. This aligns with the core tenets of social presence theory, 

emphasising the importance of the human aspect in fostering meaningful online 

connections (Short et al., 1976). 

The results also highlight the significance of trust-building mechanisms within the 

digital realm. The result implies that users perceive forms of user-generated 

content as credible and trustworthy. This aligns with the broader literature on 

social commerce, emphasising the role of peer influence in shaping consumer 

behaviour and fostering trust within online communities (Algharabat & Rana, 

2021; Hsiao et al., 2010). 
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However, it is crucial to consider the potential challenges and limitations 

associated with online reviews and recommendations in that the quality and 

authenticity of user-generated content can vary widely (Park et al., 2007). 

Addressing issues such as fake reviews, biased recommendations, or 

manipulated ratings becomes essential in maintaining the integrity of online 

interactions and sustaining the positive impact on social presence. 

In addition, the dynamic nature of social presence suggests that the effectiveness 

of online reviews and recommendations may evolve over time. External factors 

such as changes in consumer behaviour, technological advancements, or 

societal shifts could influence the way users perceive and engage with user-

generated content (Rashid et al., 2022). 

In terms of Hypothesis 1b, the influence of online ratings on social presence was 

not significant, implying the that reviews and recommendations take precedence 

over ratings in influencing the creation of an online social presence.  

Results further showed that social presence significantly predicts online shopping 

experience, supporting Hypothesis 1d. This result is also supported by feedback 

from respondents from the descriptive statistical analysis conducted. Most 

respondents agreed that reviews and recommendations provided by other 

shoppers is more useful and improves customer confidence in buying decision.  

The result that the creation of an online social presence has a positive influence 

on the experiences of online shoppers is widely supported in literature. The result 

stresses the crucial role of user-generated content, such as online reviews, 

recommendations, and ratings, in shaping the online social environment and 

subsequently influencing the overall online shopping experience (Pavlou et al., 

2007; Lu et al., 2016; Yeboah et al., 2023). Social presence reduces perceived 

social distance, fostering trust between buyers and sellers in online transactions. 

This trust-building aspect is crucial for online platforms, as a high social presence, 

marked by interactive information and social cues, creates a transparent 
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shopping environment (Pavlou et al., 2007). This transparency instils confidence 

in consumers, mitigating perceived risks and encouraging active engagement in 

online transactions. Consequently, the positive relationship observed in this study 

aligns with the idea that a stronger social presence contributes to the 

establishment of trustworthy relationships and positively influences consumers' 

attitudes towards online shopping platforms (Lu et al., 2016). 

Overall, the result of this study provided empirical support for the idea that user-

generated content, through its contribution to social presence, plays a pivotal role 

in shaping the online shopping experience. The result contributes to the practical 

implications of fostering a robust social presence within online platforms, 

emphasising its positive impact on user attitudes and experiences. 

5.3 Discussion pertaining to Hypothesis 2 (H2)  

The study further investigated the role of the 3R in improving the perceived 

performance of online shopping sites, which would in turn improve the online 

shopping experiences of customers. From the results of this study, it was evident 

that online reviews and product ratings had a positive and significant impact on 

performance expectancy of online shopping sites, supporting H2a and H2b. 

This result was anticipated in this study, since, according to the information 

cascades theory customers are influenced by the experiences and assessments 

shared by others (reviews) and the overall rating of products ((Liu et al., 2016), 

contributing to their performance expectations in online shopping. This was also 

evident from respondent feedback as shown in descriptive statistical analysis. 

Most respondents agreed that using shopping sites that provide review, rating 

and recommendation increases their chances of finding the best products. 

Respondents also agreed that they purposefully look for online shopping sites 

that offer review, rating and recommendation information. In addition, most 
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respondents believed that their shopping time is reduced by simply looking at 

reviews and product rating, thus, making quick online shopping decisions.  

The result that online reviews and ratings positively influences perceived 

performance of online shopping sites is consistent with previous studies (Rashid 

et al., 2022; Busalim et al., 2023). This result signifies that user, in their 

assessment of online shopping platforms, attribute significance to the user-

generated content encapsulated in reviews and ratings. The positive correlation 

between favourable reviews and the perception of satisfactory performance 

suggests that users equate positive user-generated feedback with the platform's 

ability to fulfil their expectations. Conversely, the negative impact of unfavourable 

reviews on the perception of performance underscores the weight users place on 

critical evaluations in shaping their confidence in the online shopping site's 

capabilities. 

Rashid et al. (2022) observed that consumers consider reviews as crucial 

indicators of online platform performance, highlighting the practical implication of 

leveraging positive user-generated content to enhance perceived performance. 

Therefore, user-generated content is not only normative but is influential in 

shaping users' expectations and confidence in the online shopping experience. 

However, this study found that online recommendations did not significantly affect 

performance expectancy, implying that H2c was not supported. In addition, there 

was no evidence that performance expectancy positively influences online 

shopping experience. Hypothesis 4d was not supported. The result that online 

recommendations had no impact on perceive performance could be attributed to 

the fact that users might focus more on product rating and product reviews, other 

than recommendations when making decisions to purchase a product online. 

Further, the insignificant impact of performance expectancy on online shopping 

experience is contrary to the predictions of the UTAUT2 (Venkatesh et al., 2012), 

and contradicts prior studies which found a significant positive impact (Gao et al., 

2021; Zhao & Lee, 2023). These results could be attributed to the idea that online 
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shoppers may not consider the performance of the site as an important factor in 

making their decisions. Users may be more satisfied to shop online because of 

the influence of other online shoppers as found in Hypothesis 1.  

5.4 Discussion pertaining to Hypothesis 3.  

The influence of the 3Rs on habit formation was analysed, hypothesising that 

formation of positive online habits would improve overall online shopping 

experiences. Results confirmed that habit formation was positively and 

significantly influenced by online reviews supporting Hypothesis 3a. This result 

was expected because customers tend to develop habits around their online 

shopping behaviour based on the information and insights garnered from 

reviews.  

The result aligns with the perspective presented by Wang et al. (2021), which 

emphasises the role of interactivity in habit formation. The ability of customers to 

generate feedback about online sellers and share it on ordering platforms 

demonstrates a form of user engagement that extends beyond mere 

transactional activities. This type of interactivity creates a participatory 

environment where users actively contribute to the platform's content through 

reviews, fostering a sense of involvement and habituation. 

The study further aligns with Chen et al.'s (2022) observation that online reviews 

have become crucial sources of information for customers during the purchasing 

process. The positive relationship established between online customer reviews 

and the intention to shop online underscores the impact of reviews on users' 

decision-making processes. This suggests that the habitual incorporation of 

online reviews into the decision-making routine contributes to the overall habit 

formation associated with online shopping. 

A key aspect highlighted in the literature is the inclusion of customers' ratings, a 

feature integral to the online review process. Alalwan (2020) pointed out that the 
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simplicity and ease introduced into the purchasing process through reviews and 

ratings contribute to customers' willingness to engage with online applications, 

particularly when interactive features are available. The act of providing 

numerical ratings not only facilitates the decision-making process but also aligns 

with the study's finding that users who habitually engage in such interactions are 

more likely to recommend the online site to their peers (King et al., 2014).  

In essence, the influence of online reviews on habit formation can be attributed 

to the interactive nature of user-generated content, the informational value of 

reviews in the decision-making process, and the ease introduced by numerical 

ratings. Users, habitually engaging in these interactive elements, incorporate 

them into their regular online shopping routines, ultimately contributing to the 

formation of positive online habits. The literature supports the idea that these 

habitual behaviours are not only individual but extend to the social realm, where 

users actively share recommendations with their peers based on their habitual 

engagement with online reviews and ratings. 

However, neither online ratings nor recommendations demonstrated a significant 

impact on habit formation in this study. Thus, H3b and H3c were not supported. 

This suggests that the impact of the 3Rs on habit formation is more pronounced 

on online reviews than on ratings and recommendations.  

The results of the study further indicated that the habit of choosing online 

shopping sites based on product reviews, ratings, and recommendations 

significantly predicts the overall online shopping experience. This finding 

underscores the importance of habitual behaviours shaped by the presence of 

online ratings and reviews in influencing users' perceptions and interactions 

within the online shopping environment. 

The descriptive statistical analysis reveals a prevalent habit among respondents 

of relying on online ratings as valuable visual indicators, contributing to immediate 

insights into the quality and performance of products. This aligns with the 
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observations of King et al. (2014) and Roy et al. (2018), who assert that online 

reviews serve as efficient tools, allowing customers to save time and effort of 

looking for better products. The simplicity inherent in online reviews streamlines 

the appraisal of the shopping process, providing users with a straightforward and 

efficient means of making informed decisions (Alalwan, 2020). 

Moreover, the habit of considering online reviews, with their inclusion of customer 

comments, emerges as a significant predictor of the online shopping experience. 

The literature, particularly the work of Roy & Dutta (2022) and Cabrera-Sánchez 

et al. (2020), supports this finding by emphasising that online reviews are 

perceived as highly credible and trustworthy sources of information. Customers 

tend to return to these sources due to the comprehensive, credible, updated, and 

relevant information they provide. When users perceive online reviews as 

reliable, it positively influences their attitudes and perceptions of the online buying 

platform, contributing to an enhanced overall shopping experience. 

Overall, the habitual nature of online shopping is rooted in the efficiency and 

simplicity offered by online reviews and the perceived credibility of consumer 

comments in online reviews. Understanding and recognising these habitual 

patterns provide insights into the factors that contribute to positive online 

shopping experiences and can inform strategies for enhancing user satisfaction 

within the digital commerce landscape. 

5.5 Chapter conclusion  

This chapter discussed results pertaining to the role of the 3Rs in shaping overall 

online experiences. It was revealed that all the three hypotheses were partially 

accepted, suggesting that at least each of the 3Rs has an influence on social 

presence, habit, and performance expectancy. This is summarised in the 

following table: 

Table 17: Summary of hypotheses 



 

84 

 

Hypothesis Decision  

H1- Review, ratings and recommendations positively influence 

the creation of social presence, which in turn improves online 

shopping experiences. 

 

Partially 

supported 

H2- Review, ratings and recommendations positively influence 

perceived performance of the online shopping site, which in turn 

improves online shopping experiences. 

Partially 

supported 

H3- Review, ratings and recommendations positively influence 

the formation of habits, which in turn improves online shopping 

experiences. 

Partially 

supported 

 

The study found that online reviews significantly contribute to the development of 

social presence, reflecting the interactive and communicative nature of customer 

reviews. Habit formation, crucial for sustained online engagement, was notably 

influenced by the information-rich content found in reviews. Meanwhile, both 

reviews and ratings played a pivotal role in shaping customers' performance 

expectations, contributing to their overall satisfaction with the online shopping 

experience. These results provided support for the conceptual model developed 

in this study, which extended the UTAUT2 to include the role of user generated 

content in shaping online shopping experiences, which is vital for social media 

marketers and e-commerce in general. Next is the conclusion of the study. 
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CHAPTER 6. CONCLUSIONS AND 

RECOMMENDATIONS 

6.1 Introduction  

This study examined the role of review; rating and recommendation systems in 

enhancing the online customer experience. The study aimed at assessing the 

influence of review, rating and recommendation systems on social presence, 

habit formation and performance expectancy which are key antecedents that 

influence use of online shopping platforms. Conclusions of the study are drawn 

in this chapter. The chapter aims to conclude the study by integrating results 

about the hypotheses into the original research questions specified in Chapter 1. 

Answers to each of the research questions are provided, and key differences 

between the current study and previous studies are noted. In addition to the 

conclusions, the chapter presents recommendations of the study to key 

stakeholders and provides areas that could require further research. 

6.2 Conclusions regarding the role of review, rating, and 

recommendation systems in creating online social presence. 

This study sought to understand the role of role of review, rating, and 

recommendation systems in creating online social presence, thereby enhancing 

online shopping experience of customers. To provide answers to the first 

research question, the study employed a structural equation modelling technique 

to ascertain the relationships between the 3Rs (reviews, ratings, and 

recommendations) and social presence. The study further analysed the 

relationship between social presence and online shopping experiences. The 

results of the study indicated that both online product reviews and product 

recommendations significantly contribute to the creation of online social 

presence. Furthermore, the establishment of an online social presence was found 
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to be associated with an improved overall online shopping experience. Therefore, 

the research concludes that review and recommendation systems play a pivotal 

role in creating online social presence, ultimately enhancing the customer's online 

shopping experience. 

In comparison to previous studies (Hajli and Sims, 2015; Sheikh et al., 2019; 

Alalwan et al., 2019; Algharabat & Rana, 2021), which acknowledged the 

significance of online reviews, ratings, and recommendations in creating a social 

presence, the current study stood out in its focus on how social presence was 

linked with the overall customer online shopping experience in the B2C context. 

While these earlier studies provided insights into the individual components of the 

3Rs and their impact on social presence, they did not explicitly investigate the 

subsequent influence on the overall online shopping experience. 

Therefore, this study addressed the previously unexplored link between the 

creation of an online social presence and the subsequent impact on the overall 

online shopping experience. This study was important in providing a holistic 

understanding of the dynamics at play in the B-to-C online shopping context in 

South Africa. The analysis of the relationship between social presence and the 

overall online shopping experience provides businesses and stakeholders with 

actionable insights to strategically leverage review, rating, and recommendation 

systems for a more comprehensive improvement of the customer journey. This 

contributes not only to theoretical advancements but also offers practical 

implications for enhancing online customer experiences in the rapidly evolving 

landscape of e-commerce. 

Furthermore, on the theoretical front, the contribution of the present study lies in 

its extension of the UTAUT2 framework, incorporating the role of the 3Rs in 

influencing key factors of the UTAUT2. This extension addresses the gap 

identified in the literature, as prior studies did not explicitly explore these 

connections within the B-to-C online shopping context in South Africa. 
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Overall, this study highlighted the crucial role of review and recommendation 

systems in strategically enhancing online shopping experiences through the 

creation of a robust online social presence. The research emphasised that the 

presence of online product reviews and recommendations significantly 

contributes to shaping a positive and enriched overall online shopping 

experience. This result is important for businesses, emphasising the critical 

importance of leveraging the 3Rs to cultivate a strong online social presence that, 

in turn, positively influences the customer's journey and satisfaction in the South 

African B-to-C online shopping landscape. 

6.3 Conclusions on the role of review, rating, and 

recommendation systems in influencing performance 

expectancy of online shopping sites 

This study sought to understand the role of role of review, rating, and 

recommendation systems improving perceived performance of online shopping 

sites, thereby enhancing online shopping experience of customers. Utilising 

structural equation modelling, the research explored the relationships between 

the 3Rs and performance expectancy, while also investigating the connection 

between performance expectancy and the overall online shopping experience. 

Results revealed that online reviews and product ratings significantly improve the 

performance expectancy of an online shopping site. Consequently, the study 

concluded that customers, influenced by shared experiences and product 

assessments, form performance expectations based on reviews and overall 

product ratings, thereby influencing their online shopping experiences positively. 

However, the unexpected result in this study was the result that performance 

expectancy was not a significant predictor of online shopping experience, 

contrary to prior studies (Stalidis et al., 2023; Gao et al., 2021).  

This current study however differs from previous studies by explicitly investigating 

how performance expectancy was influenced by online user-generated content, 
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encapsulated by the 3Rs, and how this expectation was linked to the overall 

customer experience. From a theoretical standpoint, this study added to the 

current understanding of technology acceptance models by integrating the 

influence of user-generated content on performance expectancy, a dimension 

that has been relatively underexplored in previous studies. On the practical side, 

businesses can leverage these insights to tailor their strategies, fostering positive 

performance expectations among consumers and, consequently, delivering a 

more satisfactory and enriched online shopping experience. In essence, this 

study not only addresses a gap in the literature but also offers valuable 

implications for businesses seeking to navigate and thrive in the ever-evolving 

landscape of e-commerce and social commerce. 

6.4 Conclusions regarding the role of review, rating, and 

recommendation systems in online habit formation. 

The final objective was to understand the role of role of review, rating, and 

recommendation systems in influencing online habit formation, thereby 

enhancing online shopping experience of customers. The objective was achieved 

by employing a structural equation modelling technique to ascertain the 

relationships between the 3Rs and habit formation. The study further analysed 

the relationship between habit formation and online shopping experience. The 

results revealed that online product reviews play a crucial role in shaping online 

habit formation. The establishment of an online habit, in turn, was significantly 

associated with an improved overall online shopping experience. Consequently, 

the study concluded that online product reviews hold a central position in the 

formation of online habits, ultimately contributing to an enhanced online shopping 

experience for customers in the South African B-to-C online shopping landscape. 

The presence of online product reviews significantly influences the formation of 

habits among consumers, thereby playing a pivotal role in enhancing the overall 

online shopping experience.  
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Remarkably, there is scarcity studies which explicitly investigated the influence 

of online user-generated content on habit formation and its subsequent linkage 

to the overall customer experience. Existing literature, while recognising the 

importance of online reviews (Rose et al., 2011; Alalwan, 2020; Chen et al., 

2022), has not provided a focused examination of how the formation of online 

habits was specifically influenced by the amalgamation of the 3Rs, particularly 

within the B-to-C online shopping context in South Africa. The contribution of the 

current study lies in its revelation of these relationships, marking a significant 

departure from prior research. 

The current study extended the UTAUT2 theoretical framework, advancing the 

theoretical understanding of technology acceptance and innovatively integrated 

the role of the 3Rs in shaping user habits and, consequently, influencing the 

online shopping experience. The study thus contributed to the theoretical front by 

providing a comprehensive model that captures the dynamics of online user 

behaviour in the context of e-commerce. 

On the practical side, businesses could leverage the insights gained from this 

study to tailor their online user-generated content strategies, emphasising the 

role of reviews in habit formation, and understanding how these habits intricately 

connect with the overall customer experience. The findings serve as a guide for 

practitioners in optimising the design and implementation of review, rating, and 

recommendation systems to foster positive online habits among consumers, 

ultimately enhancing their satisfaction and loyalty in the digital marketplace.  

6.5 Conclusions on the role of the 3Rs in enhancing overall 

online shopping experience. 

This study revealed the multifaceted role of review, rating, and recommendation 

systems in strategically enhancing the online customer shopping experience 

within the South African B-to-C online shopping landscape. The study concluded 
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that online product reviews and recommendations play a pivotal role in creating 

an online social presence, contributing significantly to an enriched social 

interaction dimension. The study further demonstrated that online product 

reviews hold a central position in the formation of online habits, ultimately 

influencing the customer's behavior in the online shopping context. It was also 

concluded that the performance expectancy of an online shopping site is notably 

improved by online reviews and product ratings. 

From the study, it is evident that 3Rs play a crucial and differentiated role in 

shaping diverse aspects of the online shopping experience. The 3Rs serve as 

catalysts for social interaction, instigators of habit formation, and influencers of 

performance expectations. This study not only extended the UTAUT2 theoretical 

framework by incorporating the influence of 3Rs but also added to the literature, 

particularly regarding the explicit links between social presence, habit formation, 

and performance expectancy with the overall customer shopping experience. 

Therefore, the study concluded that review, rating, and recommendation systems 

strategically enhance the online customer shopping experience by fostering a 

vibrant social presence, influencing habit formation, and shaping performance 

expectations, contributing collectively to an enriched and satisfying digital 

shopping journey. 

6.6 Recommendations 

This study provides recommendations for businesses aiming to navigate the 

complexities of e-commerce and social commerce effectively. The key 

stakeholders implicated in these recommendations include online retailers, e-

commerce platforms, marketing professionals, and policymakers. Online retailers 

and e-commerce platforms can refine their strategies by prioritising and 

optimising the 3Rs, recognizing their influential role in shaping consumer 

perceptions and behaviors. Marketing professionals can leverage these findings 

to design targeted campaigns that emphasise the positive impact of user-
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generated content. Policymakers may find insights to inform regulations that 

promote transparency and trust in online transactions. The following specific 

recommendations were made, guided by the results of this study: 

• Online retailers are encouraged to prioritize and optimise strategies for 

generating and showcasing user-generated content, particularly reviews 

and product ratings. It is important to encourage customers to share their 

experiences through easily accessible review and rating features on the 

platform. Given the result that online product reviews and ratings 

significantly influence social presence and performance expectancy, a 

deliberate focus on optimising these elements will contribute to enhancing 

the overall online shopping experience. 

 

• Online businesses are also advised to implement mechanisms that 

actively encourage positive habit formation among online shoppers, 

leveraging the persuasive influence of engaging and informative product 

reviews. Recognising that online product reviews play a vital role in habit 

formation, providing features that highlight and promote engaging reviews 

can contribute to cultivating positive habits among users, enhancing their 

overall online shopping experience. 

 

• This study recommends active management and promotion of high 

product ratings by ensuring that top-rated products are prominently 

featured. Additionally, businesses should devise strategies to encourage 

customers to provide ratings for purchased products. Actively managing 

and promoting high ratings enables online retailers to positively influence 

customers' expectations and perceptions, contributing to an improved 

online shopping experience. 

 

• Online businesses are encouraged to strategically integrate features that 

enhance social presence within the online shopping platform. This may 
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include fostering community engagement, facilitating user interactions, 

and showcasing user-generated content prominently. Integrating 

strategies that enhance the sense of community and shared experiences 

can contribute to an enriched online shopping environment. 

6.7 Suggestions for further research 

Further research could investigate the impact of personalized recommendations 

and tailored user experiences on the relationships established in this study. 

Studies could explore how the customisation of user-generated content and 

platform interactions can further enhance social presence, performance 

expectancy, and habit formation, ultimately contributing to an enriched online 

shopping experience. 

The current study would benefit significantly from a mixed-methods approach. A 

mixed-methods study, incorporating both quantitative and qualitative 

methodologies, could offer a more comprehensive understanding of the 

dynamics at play. Qualitative data, such as in-depth interviews or focus group 

discussions, could capture the richness of customer perceptions, preferences, 

and experiences related to the 3Rs. Qualitative insights could shed light on the 

contextual factors that influence how users interpret and respond to online 

reviews, ratings, and recommendations, providing a more holistic view of the 

customer journey. 

Moreover, the addition of a longitudinal analysis could enhance the study's depth 

and contribute to a more dynamic understanding of the relationships identified. 

While the current study provides a snapshot of the relationships at a specific point 

in time (cross-sectional analysis), a longitudinal approach would allow for the 

examination of how these relationships evolve over time. This temporal 

perspective is crucial in understanding the sustainability and long-term impact of 

user-generated content on social presence, performance expectancy, and habit 
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formation. Longitudinal analysis could capture changes in consumer behavior, 

technological advancements, and market trends, providing a more robust 

foundation for strategic decision-making in the dynamic landscape of B-to-C 

online shopping. 
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APPENDIX A: RESPONDENT INFORMATION SHEET  

 

 

Dear Respondents,  

You are invited to participate in an academic research study conducted by 

Claudette Louw for a qualification in Master of Management in Digital Business 

from the University of Witwatersrand Business School. 

The study aims to investigate the role of online reviews; ratings and 

recommendation systems in strategically enhancing the online customer 

experience. 

This survey is conducted anonymously; hence, your name or directly identifiable 

information will not be requested. Your responses will be handled with extreme 

confidentiality because they cannot be used to identify you personally. 

Your participation in this study is very important to us. However, there are no negative 

effects if you decide not to participate or if you decide to stop at any point. 

Please select an answer that applies from the option provided. Please respond as 

honestly as possible about your experience.  

The survey should not take more than 15 minutes of your time.  

The study results will be used for academic purposes only and may be published in an 

academic journal.  
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Please indicate your acceptance or refusal to complete the survey by ticking the options 

below. 

o I agree to continue with the survey.  

o No, I do not agree to continue with the survey.  
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APPENDIX B: ACTUAL INSTRUMENT  

 

Screening questions 

For the following two questions, proceed to the next section if the answer is “Yes”. Exit 

the survey is the answer is “No”.  

1. I am 18 years and older  

Yes No 

 

2. I regularly conduct my shopping online  

Yes No 

 

Section A: Demographic Information 

1. Age group 

Age group Tick 

1965 to 1980  

1981 to 1994  

1994 to 2006  

 

2. Education qualification  

Education level Tick 

Matric  

Undergraduate  

Postgraduate/honours  

Masters  

Doctorate   

 

3. Gender 
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Gender Tick 

Male  

Female  

Non-binary/third gender  

Prefer not to say  

 

4. Area 

Area Tick 

Urban   

Semi-urban   

Rural  

 

SECTION B: SCALES 

In each of the following, please indicate the extent to which you agree or disagree with 

the statements as they pertain to your online shopping experiences. (1=strongly 

disagree, 2=disagree, 3=neutral, 4=agree, 5=strongly agree) 

Online reviews  

Item 1 2 3 4 5 

Product reviews provided by other shoppers improves the 

confidence of my buying decision  

     

I find online shopping sites that offer product review 

information more useful 

     

The availability of review information on online sites has 

changed the information I use to make my purchasing 

decisions   
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Online rating 

Item 1 2 3 4 5 

I actively use product rating capabilities to help me choose 

my product 

     

I find online shopping sites that rank products more useful      

The availability of rating  information on online sites has 

changed the information I use to make my purchasing 

decisions   

     

 

Recommendation 

Item 1 2 3 4 5 

I feel more socially connected to online shopping sites 

which recommend alternative relevant products 

     

Sites that offer alternative product recommendations 

improve my ease of use 

     

Sites that offer relevant alternative products have influenced 

what I spend on online shopping sites   

     

 

Social presence 

Item 1 2 3 4 5 

Social connection on online shopping sites improves my 

online shopping experience 

     

I experience a sense of human warmth on online shopping 

sites when I read reviews of other shoppers 

     

There is a sense of sociability on online shopping sites due 

to the interconnectedness created by other shoppers 

offering their product reviews , recommendations and 

ratings  
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Performance expectancy 

Item 1 2 3 4 5 

Using online shopping sites that provide review, rating and 

recommendation increases my chances of finding the best 

products  

     

I purposefully look for online shopping sites that offer 

review, rating and recommendation information 

     

Using online shopping apps that have review , rating and 

recommendation information reduces my shopping time  

     

 

Habit 

Item 1 2 3 4 5 

I have a habit of choosing online shopping sites which have 

product reviews, ratings and recommendations. 

     

The availability of review, rating and recommendation 

systems has changed my choice of shopping channel from 

physical stores to online shopping sites  

     

When shopping online I have developed a habit of looking 

at review, rating and recommendation information before I 

choose my product  

     

 

Online shopping experience 

Item 1 2 3 4 5 

Online shopping sites are helpful in my life       

I find it more effective to shop online than physical shopping      

Shopping online is fun      

Overall, I am satisfied with online shopping      
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APPENDIX C: STATISTICAL TABLES 

RELIABILITY ANALYSIS 

     

REVIEWS 

    

Reliability Statistics 

   

Cronbach's 

Alpha 

N of Items 

   

0,832 3 

   

     

Item-Total Statistics 

  Scale Mean if 

Item Deleted 

Scale Variance 

if Item Deleted 

Corrected 

Item-Total 

Correlatio

n 

Cronbach's 

Alpha if 

Item 

Deleted 

OR1 8,05 2,799 0,720 0,744 

OR2 8,29 2,950 0,632 0,822 

OR3 8,16 2,225 0,742 0,722 
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RATING 

    

     

Reliability 

Statistics 

    

Cronbach's 

Alpha 

N of Items 

   

0,901 3 

   

     

Item-Total 

Statistics 

    

 

Scale Mean if 

Item Deleted 

Scale Variance 

if Item Deleted 

Corrected 

Item-Total 

Correlatio

n 

Cronbach's 

Alpha if 

Item 

Deleted 

ORN1 8,81 1,925 0,821 0,844 

ORN2 8,72 1,888 0,853 0,815 

ORN3 8,55 2,286 0,747 0,907 
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RECCOMEND

ATION 

    

     

Reliability Statistics 

   

Cronbach's 

Alpha 

N of Items 

   

0,767 3 

   

     

Item-Total Statistics 

  Scale Mean if 

Item Deleted 

Scale Variance 

if Item Deleted 

Corrected 

Item-Total 

Correlatio

n 

Cronbach's 

Alpha if 

Item 

Deleted 

ORC1 8,32 2,016 0,677 0,607 

ORC2 8,34 1,881 0,578 0,718 

ORC3 8,44 2,127 0,555 0,734 

     

PERFORMAN

CE 

    



 

113 

 

EXPECTANC

Y 

     

Reliability 

Statistics 

    

Cronbach's 

Alpha 

N of Items 

   

0,862 3 

   

     

Item-Total 

Statistics 

    

 

Scale Mean if 

Item Deleted 

Scale Variance 

if Item Deleted 

Corrected 

Item-Total 

Correlatio

n 

Cronbach's 

Alpha if 

Item 

Deleted 

PE1 8,38 2,417 0,769 0,776 

PE2 8,37 2,744 0,695 0,845 

PE3 8,41 2,31 0,755 0,791 
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SOCIAL 

PRESENCE 

    

     

Reliability 

Statistics 

    

Cronbach's 

Alpha 

N of Items 

   

0,801 3 

   

     

Item-Total 

Statistics 

    

 

Scale Mean if 

Item Deleted 

Scale Variance 

if Item Deleted 

Corrected 

Item-Total 

Correlatio

n 

Cronbach's 

Alpha if 

Item 

Deleted 

SP1 8,44 2,031 0,62 0,759 

SP2 8,35 2,341 0,581 0,793 

SP3 8,31 1,9 0,748 0,616 
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HABIT 

FORMATION 

    

     

Reliability 

Statistics 

    

Cronbach's 

Alpha 

N of Items 

   

0,861 3 

   

     

Item-Total 

Statistics 

    

 

Scale Mean if 

Item Deleted 

Scale Variance 

if Item Deleted 

Corrected 

Item-Total 

Correlatio

n 

Cronbach's 

Alpha if 

Item 

Deleted 

HF1 7,64 4,388 0,727 0,812 

HF2 7,71 4,408 0,783 0,763 

HF3 7,62 4,393 0,701 0,838 
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ONLINE 

SHOPPING 

EXPERIENCE 

    

     

Reliability 

Statistics 

    

Cronbach's 

Alpha 

N of Items 

   

0,875 4 

   

     

Item-Total 

Statistics 

    

 

Scale Mean if 

Item Deleted 

Scale Variance 

if Item Deleted 

Corrected 

Item-Total 

Correlatio

n 

Cronbach's 

Alpha if 

Item 

Deleted 

OSE1 12,52 6,693 0,662 0,872 

OSE2 12,43 5,818 0,719 0,845 

OSE3 12,53 4,325 0,838 0,805 
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OSE4 12,39 5,505 0,774 0,823 

 

 

Correlations 

  
ORE

V ORN ORC SP PE HF OSE 

ORE
V 

Pearson 
Correlatio
n 

1 -
0,027 

,127* ,220** ,250** ,402** 0,090 

Sig. (2-
tailed) 

  0,658 0,037 0,000 0,000 0,000 0,141 

N 268 268 268 268 268 268 268 

ORN Pearson 
Correlatio
n 

-
0,027 

1 -
0,071 

,291** 0,000 -
0,063 

-
0,037 

Sig. (2-
tailed) 

0,658   0,247 0,000 0,994 0,304 0,549 

N 268 268 268 268 268 268 268 

ORC Pearson 
Correlatio
n 

,127* -
0,071 

1 0,054 ,130* 0,022 ,191** 

Sig. (2-
tailed) 

0,037 0,247   0,378 0,033 0,718 0,002 

N 268 268 268 268 268 268 268 

SP Pearson 
Correlatio
n 

,220** ,291** 0,054 1 -
0,056 

0,058 0,031 

Sig. (2-
tailed) 

0,000 0,000 0,378   0,359 0,344 0,612 

N 268 268 268 268 268 268 268 

PE Pearson 
Correlatio
n 

,250** 0,000 ,130* -
0,056 

1 ,200** ,442** 

Sig. (2-
tailed) 

0,000 0,994 0,033 0,359   0,001 0,000 

N 268 268 268 268 268 268 268 
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HF Pearson 
Correlatio
n 

,402** -
0,063 

0,022 0,058 ,200** 1 ,185** 

Sig. (2-
tailed) 

0,000 0,304 0,718 0,344 0,001   0,002 

N 268 268 268 268 268 268 268 

OSE Pearson 
Correlatio
n 

0,090 -
0,037 

,191** 0,031 ,442** ,185** 1 

Sig. (2-
tailed) 

0,141 0,549 0,002 0,612 0,000 0,002   

N 268 268 268 268 268 268 268 

*. Correlation is significant at the 0.05 level (2-tailed). 

**. Correlation is significant at the 0.01 level (2-tailed). 

 

COMPOSITE RELIABILITY AND AVERAGE VARIANCE EXTRACTED 

  λ λ2 ε 
sum of 
λ 

sum of 
λ2 sum of ε 

AV
E CR 

Sqrt 
AVE 

OR1 0,81
5 

0,66422
5 

0,33577
5 2,385 

1,90704
3 

1,09295
7 

0,6
4 

0,8
4 0,797 

OR2 0,71
3 

0,50836
9 

0,49163
1             

OR3 0,85
7 

0,73444
9 

0,26555
1             

ORN
1 

0,88
0 0,7744 0,2256 2,604 

2,27328
8 

0,72671
2 

0,7
6 

0,9
0 0,870 

ORN
2 

0,94
2 

0,88736
4 

0,11263
6             

ORN
3 

0,78
2 

0,61152
4 

0,38847
6             

ORC
1 

0,88
1 

0,77616
1 

0,22383
9 2,186 

1,62859
8 

1,37140
2 

0,5
4 

0,7
8 0,737 

ORC
2 

0,67
4 

0,45427
6 

0,54572
4             

ORC
3 

0,63
1 

0,39816
1 

0,60183
9             

SP1 
0,73

6 

0,54169
6 

0,45830
4 2,301 

1,78454
9 

1,21545
1 

0,5
9 

0,8
1 0,771 

SP2 
0,68

7 

0,47196
9 

0,52803
1             
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SP3 
0,87

8 

0,77088
4 

0,22911
6             

PE1 
0,87

6 

0,76737
6 

0,23262
4 2,466 

2,03584
4 

0,96415
6 

0,6
8 

0,8
6 0,824 

PE2 
0,74

8 

0,55950
4 

0,44049
6             

PE3 
0,84

2 

0,70896
4 

0,29103
6             

HF1 
0,81

1 

0,65772
1 

0,34227
9 2,471 

2,04032
3 

0,95967
7 

0,6
8 

0,8
6 0,825 

HF2 
0,87

9 

0,77264
1 

0,22735
9             

HF3 
0,78

1 

0,60996
1 

0,39003
9             

OSE
1 

0,68
1 

0,46376
1 

0,53623
9 3,214 

2,62262
8 

1,37737
2 

0,6
6 

0,8
8 0,810 

OSE
2 

0,73
9 

0,54612
1 

0,45387
9             

OSE
3 

0,93
9 

0,88172
1 

0,11827
9             

OSE
4 

0,85
5 

0,73102
5 

0,26897
5             

MODEL FIT 

Fit Index Recommended Value 
CFA 
Results 

Final 
Structural 
Model 

Goodness-of-fit (GFI)  

Less than 0.80 (No fit) 

0,796 0,916 
Between [0.80-0.90] 
(acceptable) 

Above 0.90 (Perfect fit) 

Normed fit index (NFI) 

Less than .80 (poor) 

0,776 0,919 
Between [0.80-0.90] 
(acceptable) 

Above 0.90 (good) 

Comparative fit index (CFI)  
Less than 0.90 (poor) 

0,815 0,931 
Above 0.90 (good) 

Incremental fit index (IFI)  
Less than 0.90 (poor) 

0,818 0,932 
Above 0.90 (good) 

Root mean square error of 
approximation (RMSEA)  

Less than 0.05 (good) 

0,114 0,0730 Between [0.06-1] 
(acceptable) 
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Above 1 (poor) 

Chi-square (χ2 /DF)  

Less than 3 (good) 

4,444 2,407 
Between [3-5] 
(acceptable) 

Above 5 (poor) 

Tucker-Lewis Index (TLI)  

Less than 0.80 (poor) 

0,773 0,907 
Between [0.80-0.90] 
(acceptable) 

Above 0.90 (good) 

Relative Fit Index (RFI)  

Less than 0.80 (poor) 

0,725 0,901 
Between [.80-.90] 
(acceptable) 

Above .90 (good) 

SEM MODEL 

Maximum Likelihood Estimates   

        

Regression Weights: (Group number 1 - Default model) 
        

      Estimate S.E. C.R. P Label 

SP_ <--- OR_ 0,144 0,071 2,014 0,044 par_16 

PE_ <--- OR_ 0,301 0,071 4,215 *** par_17 

HF_ <--- OR_ 0,458 0,096 4,756 *** par_18 

SP_ <--- ORN_ -0,003 0,067 -0,041 0,967 par_19 

PE_ <--- ORN_ 0,369 0,069 5,328 *** par_20 

HF_ <--- ORN_ 0,028 0,079 0,349 0,727 par_21 

SP_ <--- ORC_ 0,184 0,078 2,352 0,019 par_22 

PE_ <--- ORC_ 0,063 0,078 0,806 0,42 par_23 

HF_ <--- ORC_ -0,015 0,093 -0,163 0,87 par_24 

OSE_ <--- SP_ 0,481 0,074 6,516 *** par_25 

OSE_ <--- PE_ 0,094 0,061 1,541 0,123 par_26 

OSE_ <--- HF_ 0,137 0,05 2,711 0,007 par_27 

ORN1 <--- ORN_ 1      

ORN2 <--- ORN_ 1,058 0,052 20,375 *** par_1 

ORN3 <--- ORN_ 0,781 0,049 16,077 *** par_2 

ORC1 <--- ORC_ 1      

ORC2 <--- ORC_ 0,896 0,089 10,093 *** par_3 

ORC3 <--- ORC_ 0,748 0,074 10,11 *** par_4 

PE3 <--- PE_ 1      
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PE2 <--- PE_ 0,768 0,056 13,737 *** par_5 

PE1 <--- PE_ 0,969 0,064 15,22 *** par_6 

HF3 <--- HF_ 1      

HF2 <--- HF_ 0,988 0,057 17,186 *** par_7 

HF1 <--- HF_ 1,008 0,065 15,5 *** par_8 

OSE4 <--- OSE_ 1      

OSE3 <--- OSE_ 1,43 0,066 21,641 *** par_9 

OSE2 <--- OSE_ 0,886 0,052 17,011 *** par_10 

OSE1 <--- OSE_ 0,555 0,045 12,453 *** par_11 

SP3 <--- SP_ 1      

SP2 <--- SP_ 0,749 0,06 12,471 *** par_12 

SP1 <--- SP_ 0,849 0,071 11,915 *** par_13 

OR1 <--- OR_ 1      

OR2 <--- OR_ 0,794 0,065 12,279 *** par_14 

OR3 <--- OR_ 1,138 0,08 14,197 *** par_15 

        

Standardized Regression Weights: (Group number 1 - Default 
model) 
        

      Estimate     

SP_ <--- OR_ 0,151     

PE_ <--- OR_ 0,284     

HF_ <--- OR_ 0,355     

SP_ <--- ORN_ -0,003     

PE_ <--- ORN_ 0,334     

HF_ <--- ORN_ 0,021     

SP_ <--- ORC_ 0,176     

PE_ <--- ORC_ 0,054     

HF_ <--- ORC_ -0,011     

OSE_ <--- SP_ 0,439     

OSE_ <--- PE_ 0,096     

OSE_ <--- HF_ 0,169     

ORN1 <--- ORN_ 0,884     

ORN2 <--- ORN_ 0,94     

ORN3 <--- ORN_ 0,782     

ORC1 <--- ORC_ 0,88     

ORC2 <--- ORC_ 0,679     

ORC3 <--- ORC_ 0,628     

PE3 <--- PE_ 0,846     

PE2 <--- PE_ 0,745     

PE1 <--- PE_ 0,865     
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HF3 <--- HF_ 0,796     

HF2 <--- HF_ 0,855     

HF1 <--- HF_ 0,82     

OSE4 <--- OSE_ 0,853     

OSE3 <--- OSE_ 0,951     

OSE2 <--- OSE_ 0,77     

OSE1 <--- OSE_ 0,637     

SP3 <--- SP_ 0,861     

SP2 <--- SP_ 0,692     

SP1 <--- SP_ 0,687     

OR1 <--- OR_ 0,86     

OR2 <--- OR_ 0,674     

OR3 <--- OR_ 0,818     

        

Covariances: (Group number 1 - Default model) 
        

      Estimate S.E. C.R. P Label 

ORN_ <--> OR_ -0,022 0,033 -0,666 0,505 par_50 

ORN_ <--> ORC_ -0,038 0,031 -1,251 0,211 par_51 

ORC_ <--> OR_ 0,094 0,038 2,504 0,012 par_52 

e22 <--> ORC_ 0,096 0,035 2,748 0,006 par_28 

e21 <--> e26 0,257 0,042 6,134 *** par_29 

e16 <--> e18 0,106 0,019 5,437 *** par_30 

e14 <--> e18 -0,076 0,019 -3,976 *** par_31 

e11 <--> e18 0,045 0,02 2,214 0,027 par_32 

e10 <--> e17 0,109 0,025 4,392 *** par_33 

e10 <--> e15 -0,166 0,028 -5,957 *** par_34 

e6 <--> e21 -0,152 0,028 -5,376 *** par_35 

e4 <--> e21 0,045 0,024 1,875 0,061 par_36 

e4 <--> e20 -0,045 0,021 -2,133 0,033 par_37 

e19 <--> OR_ 0,148 0,033 4,426 *** par_38 

e15 <--> e25 -0,118 0,028 -4,299 *** par_39 

e18 <--> e20 -0,035 0,018 -1,886 0,059 par_40 

e16 <--> e22 -0,05 0,022 -2,255 0,024 par_41 

e16 <--> e20 0,022 0,019 1,108 0,268 par_42 

e11 <--> e13 -0,099 0,021 -4,646 *** par_43 

e10 <--> e22 0,117 0,035 3,304 *** par_44 

e10 <--> e20 -0,051 0,029 -1,78 0,075 par_45 

e5 <--> e8 0,117 0,024 4,893 *** par_46 

e5 <--> e18 -0,11 0,021 -5,182 *** par_47 

e11 <--> ORN_ -0,103 0,03 -3,445 *** par_48 
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e8 <--> e13 0,052 0,016 3,169 0,002 par_49 
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APPENDIX D: ETHICS APPROVAL 

 


