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ABSTRACT  

This study aimed to examine the influence of digital technologies on the mental 

health and wellbeing of employees within South African financial services 

organisations. The research framework was rooted in the Unified Theory of 

Acceptance and Use of Technology (UTAUT). The aim was to identify the 

influencing factors of adoption and the usage associated with digital technologies 

and analyse the implications of the digital technologies for employees' mental 

health and wellbeing in the context of the financial services sector in South Africa. 

A quantitative methodology was employed, sampling employees from financial 

services organisations in South Africa. A convenience sampling approach was 

utilised, resulting in a final sample size of 174 respondents. The data collection 

process involved the administration of an online survey questionnaire. To analyse 

the gathered data and test formulated hypotheses, Confirmatory Factor Analysis 

(CFA) and Structural Equation Modelling (SEM) were employed. Results of the 

study were consistent with the predictions of the UTAUT framework, indicating 

that performance expectancy, facilitating conditions, hedonic motivation, and 

social influence were the significant drivers of acceptance of digital technologies 

among users in financial services organisations. Furthermore, the study revealed 

significant positive correlations between the acceptance of digital technologies 

and both employee mental health and wellbeing. This signifies the interconnected 

nature of technology acceptance and its impact on employee outcomes. This 

study contributes to the existing knowledge by shedding light on the relationship 

between digital technologies, employee mental health, and wellbeing within the 

financial services sector in South Africa. The findings emphasise the importance 

of considering the multifaceted effects of technology on employees, urging 

organisations to recognise and address the implications for mental health and 

overall wellbeing in the workplace. 

Keywords: Digital technologies, technology adoption, employee mental health, 

employee wellbeing, UTAUT 
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CHAPTER 1. INTRODUCTION 

1.1 Statement of purpose  

The study examines the factors that influence the acceptance of digital 

technologies and analyses the impact on employees' mental health and wellbeing 

within the context of the financial services sector in South Africa.  

1.2 Background of the study 

The impact of digital transformation on employee wellbeing and mental health 

cannot be overstated, given its significant financial and human costs. Johnson et 

al. (2020) emphasises the critical nature of addressing employee mental health 

due to digital changes, highlighting the substantial implications for individuals and 

organisations. As Acemoglu and Autor (2011) articulate, digital transformations 

bring about a multitude of challenges, including shifts in workplace dynamics, a 

lack of preparation and support for employees, displacement, changes in 

communication and socialisation patterns, technostress, difficulties in maintaining 

work-life balance, and increased workloads. Introducing robotics and advanced 

information systems has revolutionised workplace practices (Wilson, 1997; 

Richter et al., 2018), marking a significant departure from traditional working 

environments. 

Research focusing on the broader impacts of digital technologies, including 

studies by various scholars provides valuable insights into the economic growth 

and empowerment potential of digitalisation, particularly in developing economies 

like South Africa (Myovella et al.,2020; Warner & Wäger, 2019; Fernandez-Vidal 

et al., 2022). These studies highlight the critical role of strategic information and 

communication technology (ICT) infrastructure investment in maximising the 

benefits of digitalisation while addressing socioeconomic challenges such as 

unemployment and skills development. 

Dennis (2021) highlights that the increasing prevalence of mental health issues 

among workers has escalated into a public health concern, making the workplace 
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a crucial arena for mental health interventions (Petrie et al., 2018). Despite the 

growing emphasis on fostering mentally healthier work environments, evidence-

based guidelines still need to be developed.  Petrie et al. (2018) argues that 

creating supportive work environments highlight the importance of minimising 

harm, building resilience, promoting early help-seeking, and supporting recovery. 

The evolution of the workforce and advancements in digital technology have led 

to adopting flexible working practices (FWPs), characterised by fluid boundaries 

around workspaces, schedules, and contracts. While FWPs have been amplified 

by the digital age and the COVID-19 pandemic, they also bring challenges such 

as social isolation and work-life balance tensions (Cooper & Baird, 2015; Groen 

et al., 2018;Como et al., 2021). 

The pandemic-induced shift to remote work has highlighted the necessity for 

employers to reassess their support and engagement strategies, recognising the 

new work patterns and dependencies on digital technologies that may affect 

work-life balance and employee wellbeing (Ramsden-Knowles & Stainback; 

2023; Donati et al., 2021; Carnevale & Hatak, 2020; Zhang et al., 2021; Kozinets, 

2021; Singh et al., 2022). 

Research suggests that FWPs can have both positive and negative effects on 

mental health. The benefits include reduced work-family conflict and enhanced 

autonomy. However, challenges like social isolation must also be considered, 

especially considering the pandemic's amplification of digital reliance and flexible 

work practices (Harvey et al., 2017). 

Organisations could implement strategies that cultivate a supportive workplace 

culture to mitigate the adverse effects of digital transformation on employees. The 

fourth industrial revolution has spotlighted the necessity of considering the 

impacts of digital technologies on employee mental health beyond mere 

productivity and organisational outcomes. Gurbaxani and Dunkle (2019) and 

Perlow (2012) recommend that executives employ frameworks to guide digital 

transformation efforts, focusing on strategic, technological, human capital, and 

cultural considerations to mitigate risks and enhance employee wellbeing. 
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Ajigini (2023) highlights that digital transformation in the financial services sector 

in South Africa presents opportunities and challenges, as it compels 

organisations to harness the benefits of digital innovation while managing its 

complexities.  

1.3 Research problem 

Digital transformation (DT) in the workplace presents numerous challenges, 

including changes in job roles, the displacement of employees, increased 

workload, and the blurring of work-life boundaries (Acemoglu & Autor, 2011; 

Harvey et al., 2017). Employees can be harmed by these challenges, leading to 

increased stress, anxiety, and burnout. Digital transformations often involve 

redesigning job roles and tasks, increasing employee expectations and leading 

to anxiety about job security (Brougham & Haar, 2017; Groth et al., 2019). 

McClure (2017) highlighted the importance of reducing screen time to improve 

wellbeing, linking more screen time to increased levels of depression, anxiety, 

and burnout among employees.  

Employees' wellbeing and mental health are crucial for their productivity and 

overall organisational success. Petrie et al. (2018) suggest a guideline for 

creating a healthy workplace, which involves modifying various aspects such as 

work design, management practices, personal resilience, and support systems. 

This framework suggests enhancement while addressing gaps where 

intervention studies are required. Organisations can create a mentally healthy 

workplace by understanding the evidence supporting this approach and actively 

implementing the strategies outlined in the framework (Petrie et al., 2018). 

The digital workplace has blurred the boundaries between work and personal life, 

leading to increased workloads and challenges in achieving work-life balance 

(Acemoglu & Autor, 2010; Barley et al., 2010). Flexible working practices, such 

as remote work and flexible hours, have become more prevalent.  

This study aims to explore the acceptance and perceived impact of digital 

technologies on employee wellbeing and mental health within financial services 

in the South African context. 
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1.4 Research questions 

• What factors influence the acceptance of digital technologies in 

financial services in South Africa? 

• What is the perceived influence of digital technologies on employee 

mental health in financial services in South Africa? 

• What is the perceived influence of digital technologies on employee 

wellbeing in financial services in South Africa? 

1.5 Rationale  

The interest in the impact of digital technologies on wellbeing in the financial 

services sector in South Africa stems from observing the rapid digital 

transformation within the industry and its multifaceted effects on employees' and 

consumers' wellbeing. Integrating digital technologies in financial services has 

revolutionised how services are delivered and consumed, influencing work 

practices, consumer behaviour, and regulatory frameworks (Gomber et al. 2018).  

Empirically, the study is grounded in observing a gap in existing literature, 

particularly in the context of emerging economies like South Africa. While there 

is substantial research on digital transformation in financial services globally, less 

attention has been paid to its impact on wellbeing, encompassing both positive 

aspects (e.g., enhanced access to services, improved work efficiency) and 

potential adverse outcomes (e.g., job displacement, digital divide). This study 

seeks to add to existing literature by investigating how digital technologies 

reshape employee wellbeing and mental health in the financial services sector. 

The study could contribute to the body of knowledge in an under-researched 

area, paving the way for future research endeavours, enriching the academic 

discourse on the implications of digital transformation. 

This research is anticipated to contribute to the practice of management and 

digital business in several ways. By identifying the impact of digital technologies 

on wellbeing, the study provides insights that could guide the development of 

more humane digital transformation strategies, ensuring that technological 

advances contribute positively to the wellbeing of all stakeholders.  
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The research on the impact of digital technologies on wellbeing in the financial 

services sector in South Africa is not only of academic interest but also holds 

significant implications for the practice of digital business management. It 

addresses a critical gap in understanding the human side of digital 

transformations, offering valuable insights for creating more inclusive, 

sustainable, and wellbeing-oriented digital financial ecosystems. 

1.6 Delimitations of the study 

The study is confined to employees within financial services organisations in 

South Africa who have been exposed to digital technologies. This population 

limitation suggests that the findings may not be universally applicable across 

different regions or industries, highlighting a cautious approach to generalising 

the results. The selected sample may not fully represent the diversity within the 

broader target population, potentially overlooking variations in socioeconomic 

status, education level, and cultural backgrounds. 

External factors, such as organisational changes and technological 

advancements, which could influence the participants' perceptions and 

experiences of digital transformation, are recognised as beyond the researchers' 

control. These elements could impact the study's outcomes, indicating a limitation 

in accounting for external influences. 

1.7 Definition of terms 

Digital transformation encompasses adopting new strategies and business 

models facilitated by the emergence of information technologies. As articulated 

by Furr et al. (2022), this concept involves incorporating advanced technologies 

into various aspects of business operations, leading to changes in representation, 

connectivity, and aggregation (Adner et al., 2019). The definition of digital 

transformation varies significantly across industries and even among 

organisations within the same industry due to differing objectives, access to 

critical technologies, and technology architectures, highlighting the complexity 

and contingent nature of digital transformation (Furr et al., 2022). 
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The digital revolution, marked by technological disruption and primarily driven 

by digitisation, is identified by Armstrong and Lee (2021) as a significant long-

term driver of change globally, affecting organisational structures, processes, 

strategies, and jobs. This disruption necessitates organisations to adapt, viewing 

these changes as opportunities or challenges with varying impacts across 

industries, functions, and occupations. 

Technology acceptance is the willingness and intention of individuals to adopt 

and use a particular technology (Venkatesh et al., 2012).  

Employee mental health refers to the psychological state and emotional well-

being of individuals in the workplace (Zhou et al., 2022; Sun et al., 2022). 

Employee Wellbeing encompasses the holistic state of comfort, health, and 

happiness experienced by individuals within the work environment (Page & Vella-

Brodrick, 2009). 

1.8 Assumptions 

• As an organisation digitally transforms, it has an impact on the 

wellbeing and mental health of the employees. 

• Due to the stigma attached to mental wellbeing, participants would not 

be forthcoming to the extent of the problem within financial services 

organisations. 

• This study assumed respondents would share their experiences 

truthfully rather than concealing their fears and conforming to their 

organisational positions. 

1.9 Report Outline  

1.9.1 Chapter 1: Introduction 

Chapter 1 lays the foundation for the study, starting with the purpose (Section 

1.1) to explore the factors affecting the adoption and use of digital technologies 

and their impact on the mental health and wellbeing of employees within South 
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Africa's financial services sector. The background (Section 1.2) emphasises the 

significant effects of digital transformation on mental health and wellbeing, 

advocating for ICT and supportive workplace practices to effectively manage its 

challenges and benefits. The research problem is outlined in (Section 1.3), with 

the research questions presented in (Section 1.4). The rationale (Section 1.5) 

discusses the study's focus on both the positive and negative consequences of 

digital transformation, while the delimitations (Section 1.6) caution against 

overgeneralising the findings concerning employee wellbeing. Definitions of key 

terms and the study's assumptions (Section 1.8) highlight how digital 

transformation impacts employee wellbeing and mental health, acknowledging 

the potential for stigma to limit participant openness in financial services. Finally, 

(Section 1.9) offers an outline of the report structure for Chapter 1.   

1.9.2 Chapter 2: Literature Review and Theoretical Framework 

Chapter 2 begins with an introduction (section 2.1) and a background discussion 

(section 2.2), which delves into the scholarly concerns regarding the impact of 

the fourth industrial revolution's rapid technological advancements on workplace 

dynamics. This is followed by the analytical framework (section 2.3), where the 

theoretical lenses and methodologies applied to scrutinise the effects of digital 

transformation on employee mental health and wellbeing are outlined. The 

chapter concludes (section 2.4) by compiling the literature review's key findings, 

emphasising their relevance to the research questions and objectives.  

1.9.3 Chapter 3: Research Methodology 

Chapter 3 begins with a detailed examination of the postpositivist worldview in 

(section 3.1). It proceeds to describe the applied research methodology utilised 

in (section 3.2), followed by the elaboration on a survey design approach and the 

implementation of the Qualtrics tool for gathering data in (section 3.3) and 

(section 3.4), respectively. Discussion on the targeted population and sample 

size takes place in (section 3.5), which leads into an overview of the research 

instrument in (section 3.6). The procedure for collecting data is outlined in 

(section 3.7), with data analysis techniques and interpretation methods detailed 
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in (section 3.8). The chapter concludes by addressing quality assurance practices 

in (section 3.9) and ethical considerations in (section 3.10), ensuring the study's 

integrity and adherence to ethical standards. 

1.9.4 Chapter 4: Presentation of Results 

Chapter 4 presents a comprehensive statistical analysis of the collected data 

supporting the study's hypotheses and offers insights into the factors influencing 

the acceptance of digital technologies in South Africa's financial services sector 

and their effects on employee wellbeing and mental health. As part of the 

presentation the results from the tests employed in the study are presented: 

reliability analysis, exploratory factor analysis (EFA), descriptive analysis, 

correlation analysis, confirmatory factor analysis (CFA), and structural equation 

modelling (SEM).   

• Reliability Analysis: The reliability of the measurement scale was 

evaluated using Cronbach’s alpha to measure internal consistency. 

• Exploratory Factor Analysis (EFA): The analysis revealed the 

underlying factor structure of the constructs being measured. Its main aim 

was to detect patterns and relationships among the observed variables, 

facilitating a deeper insight into the acceptance of digital technologies and 

its related factors in the financial services sector.  

• Descriptive Analysis: This involved analysing responses' central 

tendency and variability on a 7-point Likert scale. The analysis revealed 

high mean scores across various constructs, indicating a consensus 

favouring technology adoption. 

• Correlation Analysis: This analysis assessed the strength of 

relationships among variables, revealing significant positive correlations 

between the dependent variable (technology adoption) and explanatory 

variables like performance expectancy and facilitating conditions. 

• Confirmatory Factor Analysis (CFA): This was conducted to validate the 

EFA results. The model showed a good fit, with various indices indicating 

its appropriateness. 
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• Structural Equation Modelling (SEM): SEM was used to explore the 

underlying structural relationships among validated constructs, revealing 

significant predictors of digital technology acceptance and its impact on 

employee mental health and wellbeing. 

1.9.5 Chapter 5: Discussion of the Results 

Chapter 5 presents an exploration of the impacts of digital technologies on the 

mental health and wellbeing of employees within a financial services organisation 

in South Africa. It was found that significant relationships existed between 

performance expectancy, facilitating conditions, and hedonic motivation with the 

acceptance of digital technologies. The acceptance of these technologies was 

further noted to have a positive correlation with employee mental health and 

wellbeing. The discussion extended across several hypotheses, each examined 

for its influence on technology acceptance and subsequent effects on employee 

wellbeing.  

1.9.6 Chapter 6: Conclusion and Recommendations 

Chapter 6 synthesises the findings on the impact of digital technologies on the 

mental health and wellbeing of employees in South Africa's financial services 

sector. It aims to address the research questions in Chapter 1, integrating insights 

from the literature review, data analysis, and study results into comprehensive 

conclusions and actionable recommendations for enhancing the acceptance of 

digital technologies in the workplace. 
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CHAPTER 2. LITERATURE REVIEW AND 

THEORETICAL FRAMEWORK 

2.1 Introduction 

This study focuses on investigating the impact of digital technologies on 

employee mental health and employee wellbeing in the context of South African 

financial services organisations. Literature is reviewed in this study, with the aim 

of formulating hypotheses and developing the conceptual framework of the study. 

This chapter covers the introduction (section 2.1), background discussion 

(section 2.2.), analytical framework (section 2.3), and the conclusion of the 

literature review (section 2.4). 

2.2 Background Discussion 

Researchers have raised concerns about the potential impacts of the rapid and 

extensive technological advancements brought about by the fourth industrial 

revolution (4IR) on workplaces, including the potential displacement of 

employees (Trennery et al., 2021). Furthermore, it has been observed that the 

swift progress of digital technologies is driving the revolutionisation of work and 

organisations in Africa. However, the design of technology in the workplace, often 

aimed at boosting productivity and enhancing organisational outcomes, 

necessitates more careful consideration of its effects on employees (Trennery et 

al., 2021).  

The prominence of digital transformation in global strategies has been made 

evident by the dominance of startups such as Google, Booking.com, Alibaba, and 

Amazon, which have redefined traditional industries and shattered global 

boundaries, fostering the belief in the potential of digital transformation to 

revolutionise every aspect (Furr et al., 2022). 

The focus on transformation and change beyond mere technology in 4IR is 

argued by Armstrong and Lee (2021), where the effective and successful use of 

technology to transform and enhance long-term processes, products, or systems 
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emerges as a significant challenge. Dittes et al. (2019) observed the extension of 

digital work beyond the provision of new technology, emphasising the importance 

of people's adaptability and processes. Further, Davenport and Westerman 

(2018) stress the influence of factors beyond technology on successful digital 

transformations, necessitating changes in business conduct, investments in skills 

and infrastructure, and the integration of people, machines, and processes.  

Gurbaxani and Dunkle (2019) acknowledge that the complexity of embarking on 

a digital transformation, requires a clear understanding of the intent and 

consideration of various factors. Digital transformations are predominantly tech-

driven, and many organisations struggle with responding to these challenges, 

often treating new technology concepts as trends rather than business 

imperatives (Gurbaxani & Dunkle, 2019, p. 3). 

The predominantly negative impact of technology on mental health in the 

workplace is attributed to heightened demands and changes in employees' future 

perspectives, leading to costs for both employers and employees (Harvey et al., 

2017). Whiteford et al. (2013) reinforces the significant economic and health 

system impacts of digital technologies. According to Trennery et al. (2021), it is 

important for organisations to understand how to mitigate the negative impacts of 

digital technologies and promote positive technology relationships. 

The literature review aims to understand the challenges of digital technologies for 

employees in the South African financial services sector, which factors influence 

the acceptance of digital technologies, and the influence of digital technologies 

on employees' mental health and wellbeing.   

2.3 Analytical framework 

2.3.1 The unified theory of acceptance and use of technology 

(UTAUT) 

Venkatesh et al. (2003) developed the Unified Theory of Acceptance and Use of 

Technology (UTAUT) to elucidate how users' intentions to use an Information 

System (IS) and subsequent usage behaviour are influenced. According to the 
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theory, four essential constructs (performance expectancy, effort expectancy, 

social influence, and facilitating conditions) directly determine the user's intention 

and behaviour towards usage. Additionally, gender, age, experience, and 

voluntariness of use are proposed to moderate the impact of these four critical 

constructs on usage intention and behaviour (Venkatesh et al., 2003). This study 

utilised the four factors (performance expectancy, effort expectancy, social 

influence, and facilitating conditions). The study extended the model to include 

habit and hedonic motivation as predictors of technology acceptance. In addition, 

the model was extended to include the impact of accepting the technology on 

employees' wellbeing and mental health. The following sections focus on 

developing the hypotheses, building from the UTAUT guided by prior studies.  

2.3.2 What factors influence the acceptance of digital technologies 

in financial services in South Africa? 

The UTAUT suggests that four key factors (performance expectancy, effort 

expectancy, social influence, and facilitating conditions) and four moderators 

(age, gender, experience, and voluntariness) predict technology adoption 

(Venkatesh et al., 2003). The need for technology to be adopted and assimilated 

into the organisation to combat technology anxiety, and the influencing factors 

identified below attempt to provide more context on the acceptance of these 

digital technologies.   

Performance Expectancy (PE) 

Performance expectancy is defined by Venkatesh et al. (2003) that the belief 

when using technologies that it will increase the individuals job performance. This 

belief is coupled to the perceived usefulness of technology (Zhou et al., 2022). 

Performance expectancy is a primary factor influencing an individual's intention 

to adopt technology (Venkatesh et al., 2003; Yohanes et al., 2020). 

Chatterjee et al. (2021) determines further that attitude is influenced by PE and 

is crucial for an individual's inclination towards adopting AI technologies. Shaikh 

et al. (2021) emphasise PE as a vital precursor in technology acceptance, 

asserting a positive impact on adoption intention and attitude towards 
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technologies, moderated by perceived risk and effort expectancy. This suggests 

that adoption intention increases when technology is perceived as both easy to 

use and valuable, even amid perceived risks, highlighting the significance of PE 

in shaping behavioural intentions towards technology adoption. 

Kurniasari et al. (2020) and Xie et al. (2021) reinforce the role of PE as a critical 

determinant in the adoption of FinTech, suggesting that belief in the technology's 

ability to enhance business performance positively affects adoption intentions. 

They highlight the direct correlation between PE and behavioural intention, 

underscoring the importance of perceived effectiveness and efficiency gains from 

technology in organisational contexts. 

Rahim et al. (2022) confirm that PE significantly influences the behavioural 

intention towards adopting FinTech, indicating a higher likelihood of technology 

acceptance when perceived as enhancing performance. However, Hassan et al. 

(2023) presents a contrasting view, suggesting that PE did not significantly impact 

the behavioural intention to use FinTech services in insurance-related activities. 

This suggests that factors such as effort expectancy, quality (information, system, 

and service), and perceived risk play more critical roles in accepting and 

integrating digital technologies within financial organisations, particularly in the 

insurance industry. 

Based on the discussion, the following hypothesis was made: 

Hypothesis 1 (H1): Favourable perceptions of performance expectancy 

positively influence acceptance of digital technologies. 

Effort Expectancy (EE) 

Venkatesh et al. (2003) noted that effort expectancy (EE) was a key factor in the 

acceptance of technology. EE is referred to as the perceived ease of using a 

system and closely corresponds to the "ease of use" construct in the Diffusion of 

Innovation (DoI) theory. Venkatesh et al. (2003) further emphasises the 

importance of designing user-friendly technologies and the role of perceived 

effortlessness in enhancing adoption rates. This is evident across diverse 

applications, including online learning environments (Batucan et al., 2022), 
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electronic banking systems (Fedorko et al., 2021), AI-based Customer 

Relationship Management in B2B contexts (Chatterjee et al., 2021), and the 

usage of social networking sites by the elderly post-pandemic in Chile (Ramírez-

Correa et al., 2023). The studies collectively emphasise the critical role of effort 

expectancy (EE) in influencing the acceptance and use of various digital 

technologies 

Based on the above, the following was hypothesised: 

Hypothesis 2 (H2): Favourable perception of effort expectancy positively 

influences acceptance of digital technologies. 

Facilitating Conditions (FC)  

Facilitating conditions (FC) refer to the perception by an individual of the extent 

to which the necessary technological infrastructure is believed to be in place, 

supporting the utilisation of new technologies. The simplification of the use of 

technologies such as Artificial Intelligence (AI) is seen when the current 

technological infrastructure is user-friendly and supports the utilisation of the 

system by employees (Venkatesh et al., 2012). Chatterjee (2021) found that a 

significant role in the acceptance of a particular technology is played by facilitating 

conditions, which exert a considerable influence on the adoption and usage 

behaviour of innovative technologies.  

Taherdoost (2018) emphasises the need for appropriate support and resources, 

such as help desks, technical support, and adequate infrastructure, for the 

effective utilisation of technology by employees. This is further supported by 

Shaikh et al. (2021) and Singh et al. (2020) who highlighted that facilitating 

conditions can include adequate training programs, accessible technical support, 

and well-designed infrastructure with a culture that encourages and supports 

technological innovation.  

Furthermore, Batucan et al. (2022) stressed the significance of facilitating 

conditions in influencing technology acceptance and their direct impact on both 

behavioural intention and user behaviour. Specifically, Batucan et al. (2022) 

found that facilitating conditions have a positive effect on students' behavioural 
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intention towards using online learning systems, as well as on their actual use 

behaviour. Sukendro et al. (2020) also found that facilitating conditions play a key 

role in influencing adoption and use of technologies.  

The literature emphasises that for technology to be effectively integrated and 

utilised, the availability of adequate support, infrastructure, and a supportive 

culture are essential (Venkatesh et al., 2003, Taherdoost (2018), Batucan et al., 

2022, Sukendro et al., 2020). 

Based on the discussion, the following hypothesis was made: 

Hypothesis 3 (H3): Facilitating conditions positively influences acceptance 

of digital technologies. 

Hedonic Motivation (HM) 

Hedonic motivation refers to the pleasure or enjoyment derived from using a 

system which is a critical factor in determining both acceptance and the usage of 

technology (Chao, 2019; Venkatesh et al., 2012). The literature has regularly 

shown that HM and the likelihood of individuals accepting and using technology 

displays an encouraging correlation (Venkatesh et al., 2012; Nikolopoulou et al., 

2020; Gharrah and Aljaafreh, 2021). The impact of technology on employees, 

who experience both the positive and negative narratives surrounding its 

adoption, further emphasises the complexity of technological acceptance. 

Anxiety, technophobia, and scepticism often arise when adapting to new digital 

technologies which becomes overwhelming (Venkatesh et al., 2012). 

The Motivational Model (MM) distinguishes between intrinsic and extrinsic 

motivations, highlighting how perceived enjoyment, a form of hedonic motivation, 

significantly influences technology acceptance (Taherdoost, 2018). This is 

supported by studies demonstrating that both perceived usefulness (extrinsic 

motivation) and perceived enjoyment (intrinsic motivation) impact behavioural 

intentions and actual system use, suggesting a positive effect of hedonic 

motivation on digital technology acceptance (Hartline et al., 2021). 
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Research focusing on specific technology applications, such as mobile internet 

usage by teachers, confirms the importance of HM in predicting behavioural 

intentions to use technology in teaching (Nikolopoulou et al., 2021). These 

findings highlight the critical role of user experience and satisfaction in technology 

acceptance models, emphasising the need for enjoyable and engaging 

technology designs. 

Furthermore, the impact of HM on technology acceptance and use is explored in 

different contexts, indicating that its influence varies depending on whether 

technology use is driven by intrinsic motivations related to enjoyment or fun rather 

than purely practical purposes (Tamilmani et al., 2019). The study by 

Schomakers et al. (2022) extends this analysis to the acceptance of lifestyle 

versus therapy mobile health apps, finding that hedonic motivation significantly 

predicts behavioural intentions towards both types of apps, underlining the 

importance of enjoyment, fun, habit, social influence, and trust in the adoption of 

mobile health applications. 

In summary, the literature strongly supports the inclusion of hedonic motivation 

as a critical factor in understanding and predicting the acceptance and use of 

digital technologies, emphasising its role in enhancing user experience and 

satisfaction to drive technology adoption and usage. 

Based on the discussion, the following hypothesis was made: 

Hypothesis 4 (H4): Hedonic motivation positively influences acceptance of 

digital technologies. 

Social Influence (SI) 

The impact of Social Influence (SI) on technology acceptance and usage 

behaviours has been extensively studied, with the social environment playing a 

major role in shaping individuals' behaviours towards technology use. Previous 

research, such as that by Alshammari (2021), has demonstrated a significant 

effect of SI on the acceptance of business intelligence (BI) systems.  Venkatesh 

et al. (2012) suggests that technology acceptance is positively influenced by 

social influence, particularly in mandatory settings, where its effect is noted to be 
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stronger during the initial stages of technology adoption but decreases as users 

gain more experience with the technology. This underscores the importance of 

social factors, including the opinions of significant others and the perceived 

prestige associated with technology use, in understanding technology 

acceptance behaviours. 

Kulviwat et al. (2009) further confirm that SI positively affects technology 

acceptance, especially for high-tech innovations. However, Alshammari (2021) 

found that SI did not significantly impact the teaching staff's behavioural intention 

towards using virtual classrooms, suggesting that SI's influence might vary across 

different contexts. Batucan et al. (2022) substantiates that SI significantly impacts 

behavioural intention towards technology acceptance, highlighting the role of 

perceptions of leadership in shaping an individual's intention to use technology.  

Matema and Kariuki (2022) examined the relationship between social media and 

social cohesion, noting that while social media can promote social cohesion by 

serving as spaces for engagement and community building. However social 

media also presents challenges, such as misinformation and the potential to 

reinforce intra-group cohesion at the expense of broader social cohesion. This 

indicates that the impact of social media on social cohesion is contingent on its 

use and regulation. 

Based on the discussion, the following hypothesis was made: 

Hypothesis 5 (H5): Social Influence has a positive influence on technology 

acceptance. 

Habit (HA) 

The concept of habit (HA) refers to the extent to which individuals engage in 

behaviours automatically (Casey & Wilson-Evered, 2012). Described as the 

unconscious use of a system, habit involves actions that become customary or 

almost reflexive (Moorthy et al., 2019). The impact of habit on the behavioural 

intentions of users to adopt a system has been confirmed by several studies, 

including those by Huang and Kao (2015) and Gharrah and Aljaafreh (2021). 
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Limayem et al. (2007) emphasised the need for employees to develop new habits 

to effectively execute their roles in the digital workplace, prompted by the 

technological redesign of job roles and tasks. Venkatesh et al. (2012) further, 

demonstrated the positive impact of habitual technology use on users' 

behavioural intentions and actual technology use. Habitual behaviours, which 

develop through frequent and consistent use over time, become automatic and 

influence technology use decisions rather than deliberate decision-making 

processes. 

Nikolopoulou et al. (2021) also found a significant influence of habit on the 

acceptance of digital technologies, especially regarding mobile internet use by 

teachers. The study found that habit, hedonic motivation, performance 

expectancy, and technological instructive knowledge significantly predict 

teachers' intentions to use mobile internet. This confirms habit's vital role in 

shaping teachers' willingness to incorporate mobile internet into their teaching 

practices, which supports the hypothesis that habit positively influences 

technology acceptance, underscoring the critical role of habitual behaviours in 

technology adoption models. 

Based on the discussion, the following hypothesis was made: 

Hypothesis 6 (H6): Habit has a positive influence on acceptance of digital 

technologies. 

2.3.3 The perceived influence of digital technologies (DT) on 

employee mental health (MH) and Wellbeing (WB) in financial 

services in South Africa 

Employee Mental Health (MH) 

Defined by the World Health Organisation (2020) as essential throughout all life 

stages, mental health influences stress management, interactions with others, 

and decision-making processes. The term employee mental health pertains to 

the psychological state and overall wellbeing of individuals within the professional 

setting (Zhou et al., 2022). Employee mental health encompasses elements such 
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as stress, anxiety, depression, and the general emotional health that can exert 

an influence on an employee's capacity to perform optimally in the workplace 

(Sun et al., 2022). Research into employee mental health often centre on 

investigating the implications of diverse workplace determinants, including but not 

limited to social media utilisation, occupational demands, and organisational 

support, on the mental wellbeing of employees (Zhou et al., 2022; Cai, 2022). 

There is an increasing expectation for employers to protect the mental wellbeing 

of employees, evidenced by a sixty-four percent rise in reported mental health 

issues within the financial sector (Lock Associates Group, 2024; Corrigan, 2022; 

Ramsden-Knowles & Stainback, 2023). Research indicates that the UK 

workforce, particularly within the finance sector, sees approximately three 

hundred thousand employees leaving their jobs each year due to mental health 

issues. Additionally, it has been revealed that 74% of workers feel that their 

companies are taking insufficient steps to safeguard mental health, and forty-two 

percent would utilise emotional wellbeing support if provided (Lock Associates 

Group, 2024). According to Corrigan (2022), the decision by 50% of employees 

to leave their jobs in 2021 was attributed to mental health reasons. McGregor 

(2023) indicates it is expected that more than half of the population in middle and 

high-income countries will experience at least one mental health issue during 

their lifetime, with a decline in mental health reported by 42% of global employees 

since the onset of the COVID-19 pandemic. A significant impact on workplace 

productivity is seen due to the rising symptoms of burnout among employees and 

leaders. An estimation by the World Health Organization suggests that conditions 

such as depression and anxiety are costing the global economy about $1 trillion 

annually in lost productivity (Brassey et al., 2021). 

The exploration of the role digitalisation plays in supporting mental health was 

conducted by Sun et al. (2022), where it was found that a positive influence on 

employee mental health is exerted by the acceptance of digital technologies, with 

wellbeing at work acting as a mediator. A significant positive relationship between 

digitalisation and employee mental health is identified, suggesting that enhanced 

IT capabilities contribute to better workplace wellbeing. The impact of 

digitalisation on mental health, through aspects such as IT infrastructure, 
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business spanning, and a proactive stance, is the focus of this study. This 

relationship suggests that mental health can be supported by the effective use of 

digital technologies, which fosters a work environment that is more engaging, 

supportive, and efficient, ultimately leading to the improved wellbeing of 

employees (Selimović et al. 2021). 

Christensen et al. (2020) provided a balanced perspective on the impact of 

digitalisation acknowledging the potential benefits and drawbacks on the 

psychosocial work environment and employee wellbeing. This understanding is 

deemed crucial for the effective implementation of digital solutions. The 

exploration of digitalisation's consequences on the psychosocial work 

environment, employee health, and wellbeing by Christensen et al., (2020), 

involved an examination of various studies to discern the influence of workplace 

technology on psychological and somatic symptoms, wellbeing, and job-related 

factors. While the review identifies both positive and negative effects of 

technology on work and health outcomes, a definitive conclusion on the universal 

positive impact of digital technology acceptance on mental health outcomes is 

not provided. Instead, it is suggested that the impact of digital technologies on 

employee mental health is nuanced and contingent upon several factors, 

including the manner of technology implementation and integration into work 

processes. Positive outcomes include enhanced communication, flexibility, and 

increased work satisfaction (Christensen et al. 2020). 

In contrast, adverse outcomes encompass increased work intensity, blurred 

work-personal life boundaries, and the risk of information overload, all 

contributing to stress and other mental health issues. It suggests a complex 

relationship between digitalisation and employee wellbeing, dependent on the 

practices of implementation and integration (Christensen et al. 2020) who further 

suggests that the impact of digital technologies on employee mental health is 

dependent on factors like the technology's nature, the organisational context of 

its deployment, the extent of work practice changes it introduces, the support 

provided to employees during transitions, and individual employee differences. 

These factors are suggested to affect how technology impacts work-life balance, 

job satisfaction, stress levels, and overall wellbeing (Christensen et al., 2020). 
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Further enriched by Atluri et al., 2016 and mental health professionals, vital digital 

offerings for workplace wellbeing strategies were identified. Brassey et al., (2021) 

highlighted the global mental health crisis, exacerbated by the COVID-19 

pandemic, and the potential for digital solutions to provide accessible, stigma-

reducing support.  

The literature clarifies the importance of mental health in the workplace, revealing 

an increasing demand for employers to address mental health issues, particularly 

spotlighted within high-stress sectors like finance, where a notable rise in mental 

health concerns has been documented (Atluri et al. 2016). 

The investigation into the impact of digital technologies on employee mental 

health, illustrates the positive correlation between digital technology adoption and 

enhanced mental wellbeing at work (Sun et al., 2022; Brassey et al., 2021). 

However, navigating mental health challenges in the workplace requires a 

balanced integration of digital solutions tailored to enhance employee wellbeing 

while mitigating potential negative repercussions of technological advancements. 

Based on the discussion, the following hypothesis was made: 

Hypothesis 7 (H7): Acceptance of digital technologies positively influences 

employee mental health. 

Employee Wellbeing (WB) 

Employee wellbeing denotes the comprehensive condition of experiencing 

comfort, good health, and contentment within the work environment (Page & 

Vella-Brodrick, 2009). The definition is further expanded to encompass physical, 

mental, and emotional aspects (Diener et al., 2010).  

Shamsi et al. (2021) stressed the role of technology acceptance in enhancing the 

work-related wellbeing of employees during the COVID-19 pandemic, finding that 

technology acceptance had a positive and significant impact on work 

engagement. This finding is corroborated by Molino et al. (2020), who confirmed 

the positive effect of digital technology acceptance on work engagement, with 

resilience and opportunities for information and training serving as mediators. In 
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addition, Sun et al. (2022) found that digitalisation has a positive relationship 

between digitalisation and employee wellbeing, mainly through its mediating 

effect on mental health, highlighting the importance of IT infrastructure in fostering 

a healthier work environment. Trenerry et al. (2021) also emphasised the critical 

role of technology acceptance in promoting better employee wellbeing through a 

positive work environment. 

However, Khoza (2022) found no significant correlation between technology 

acceptance and employee wellbeing. Studies also acknowledge the challenges 

associated with technological advancements and digital transformation, including 

anxiety and mental health concerns related to fears of job displacement and the 

rapid pace of technological change (Johnson et al.,2020; Groth et al.,2019; 

Brougham & Haar, 2017).  Kozanoglu and Abedin (2021) recommended the 

development of digital literacy as a means for successful adaptation to digital 

transformations), emphasising the importance of equipping employees with the 

necessary skills for effective technology utilisation. 

Competing narratives regarding the hopes and fears of technology's impact are 

noted by McClure (2017). Galanti et al., 2023 highlight that technophobia and 

technostress as a psychological response to the challenges of adapting to new 

digital technologies can lead to biological stress reactions which directly affects 

individuals' mental health and wellbeing, manifesting as anxiety, fatigue, and 

scepticism. Factors contributing to technostress in the workplace include the 

blurring of work and family life, which negatively affect employees and their family 

member's mental health (Lebeau, 2022).  

Stress resulting from the inability to cope with the demands of organisational 

computer usage is contextualised by Tarafdar and Ragu-Nathan (2005), who 

identify five dimensions.  

• Techno-overload: Employees feel forced to work faster and longer 

because of technology. 

• Techno-invasion: Technology invades personal life, causing loss of 

privacy and control over one's time. 
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• Techno-complexity: Users feel overwhelmed by the complexity of 

technology, resulting in feelings of incompetence. 

• Techno-insecurity: Rapid changes in ICTs cause concerns about job 

security due to the need for continual skill upgrades. 

• Techno-uncertainty: Ongoing advancements in ICTs create unease 

among users, as they must constantly adapt to new technologies. 

These dimensions have been shown to contribute to stress among technology 

users, negatively impacting their productivity and supporting the hypothesis that 

technostress creators significantly negatively influence individual productivity. 

Based on the discussion, the following hypothesis was made: 

Hypothesis 8 (H8): Acceptance of digital technologies positively influences 

employee wellbeing. 

2.4 Conceptual Framework  

The conceptual framework for this study is based on the UTAUT which identifies 

performance expectancy, effort expectancy, social influence, facilitating 

conditions, hedonic motivation, and habit as predictors of technology acceptance. 

The UTAUT is further extended in this study to incorporate aspects of mental 

health and wellbeing in the workplace. Thus, the study hypothesises that 

acceptance of digital technologies in the workplace could improve the wellbeing 

and mental health of employees within the South African financial services 

industry.  Figure 2.1 shows the conceptual framework, revealing the hypotheses 

formulated in this chapter.  
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Figure 2-1 Conceptual framework  

2.5 Conclusion of Literature Review  

The literature review focused on the factors that influence the acceptance of 

digital technologies and the influence of digital technologies on employee mental 

health and wellbeing.  The insights drawn from the Unified Theory of Acceptance 

and Use of Technology (UTAUT) and the examination of various factors 

influencing the acceptance of digital technologies emphasises the complexity of 

technology adoption and its consequential effects on employees in the digital age. 

The evidence further highlights the positive potential of the acceptance of digital 

technology in enhancing work-related wellbeing and mental health, as 

demonstrated in the various studies. However, the literature also acknowledges 

the challenges and potential negative impacts of rapid digitalisation, including 

technostress and the blurring of work and family life, which could undermine 

employee wellbeing. 

The theoretical exploration reveals that while digital technologies offer 

opportunities for improving work engagement and creating healthier work 

environments, the success of these technologies in promoting employee 
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wellbeing is contingent upon several factors. These include designing and 

implementing technology, the organisational context, and providing adequate 

employee support and training. 

Moreover, the discussion on the influencers of digital technology acceptance, 

including performance expectancy, effort expectancy, social influence, facilitating 

conditions, and hedonic motivation, illustrates the intricate relationship between 

technology use and employee mental health outcomes. While significant, the 

positive influence of the acceptance of digital technology on employee mental 

health and wellbeing is subtle and requires a balanced approach to maximise 

benefits and mitigate risks.  
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CHAPTER 3. RESEARCH 

METHODOLOGY 

3.1 Introduction 

Chapter 3 focuses on research methodology used to achieve the objectives of 

the study. Issues discussed in this chapter include the research paradigm, 

research design, the population and sampling methods, the research instrument, 

collection of data, analysis of data, quality assurance and ethical considerations,  

3.2 Research Paradigm  

The research adopted a Postpositivist Worldview, guided by a quantitative 

methodology that acknowledges the intricacies of human behaviour and actions 

(Saunders et al., 2009). In line with positivist principles, the study aimed to identify 

and examine the relationships between variables to analyse cause and effect, 

particularly focusing on how digital technology adoption affects employee mental 

health and wellbeing. 

Positivism relies on empirical evidence obtained through observation and 

experimentation (Creswell & Creswell, 2018). The structured survey approach 

employed in this study allowed for the testing of hypotheses related to digital 

technology acceptance and its impact on wellbeing. 

The research was grounded in positivist traditions, striving for an objective 

quantification of the impact of acceptance of digital technologies.  

Furthermore, the study's reliance on empirical evidence underscores a 

commitment to positivist standards of objective measurement and hypothesis 

testing (Saunders et al., 2009). The focus on uncovering cause-and-effect 

relationships within the financial services sector further exemplifies the positivist 

aim to comprehend the world through measurable entities. 

The study’s foundation in objectivity, empirical investigation, hypothesis 

examination, and the quest for generalisable knowledge situates it firmly within 
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the positivist framework (Saunders et al., 2009). The positivist philosophy was 

particularly suited to the research questions posed, enhancing the study's rigor 

and validity. 

3.3 Research approach 

Social science researchers utilise various research techniques, procedures, and 

methods to gather information on a situation, issue, problem, or phenomenon 

(Kumar, 2014). Regarding the mode of inquiry, social research employs 

quantitative, qualitative, and mixed methods approaches to answer research 

questions (Kumar, 2014). This study employed a quantitative research approach, 

which was suitable for analysing and measuring variables using numerical data.  

This approach enables the aggregation and analysis of data, facilitating the 

identification of patterns, relationships, and trends (Kumar, 2014). The 

quantitative approach is consistent with the positivist philosophy which 

emphasises objectivity in the collection and analysis of data (Creswell & Creswell, 

2018).  

3.4 Research design 

The research journey to find answers to research questions is guided by a 

research design which aims to achieve validity, objectivity, accuracy, and 

efficiency (Kumar, 2014). The research design outlines the methods and 

procedures employed during the research process. 

For this study, a survey design was adopted as it enables the quantitative 

description of trends, attitudes, and opinions within a population and the 

examination of associations among variables within a sample of that population 

(Saunders et al., 2009). Surveys are helpful for examining associations among 

variables within a sample, playing a crucial role in identifying and analysing 

relationships and dependencies observed within the target population (Creswell 

& Creswell, 2018). The versatility of survey designs is highlighted by their 

adeptness at addressing descriptive questions, exploring relationships between 

variables, and investigating predictive relationships over time, making them a 
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versatile tool for various research objectives. Additionally, the efficiency and 

objectivity of surveys are attributed to their structured nature, which aids in the 

simultaneous distribution to many participants, thereby being time and cost-

effective, and the standardised format, which helps maintain consistency in 

responses (Kumar, 2014). 

However, as Kumar (2014) suggests, the limitations of survey design in capturing 

depth and nuance are acknowledged compared to qualitative methods like 

interviews or focus groups. This significant drawback is noted when the need 

arises to explore complex behaviours, motivations, or attitudes more deeply. The 

susceptibility of survey responses to various biases, such as social desirability 

bias, where respondents may not express their true feelings or behaviours, is 

recognised as affecting the accuracy of data collected (Kumar, 2014). The issue 

of low response rates, especially in surveys administered online or via mail, 

leading to non-response bias, raises concerns about the representativeness of 

the data and, consequently, the validity of the research findings. Furthermore, the 

potential for misinterpretation of questions due to the absence of a researcher to 

provide clarifications is mentioned, leading to variability in responses that may 

not accurately reflect participants' opinions or experiences (Kumar, 2014) 

Despite the limitations of survey, the survey design was appropriate in this study 

as it enables the collection of data from a wide sample. Surveys, especially 

administered online, are important because they can reach a wide and dispersed 

sample (Creswell & Creswell, 2018). 

3.5 Data collection methods 

Information was gathered through primary sources, utilising an online 

questionnaire as the data collection tool. The online questionnaire consisted of 

sections addressing a specific research question. Additionally, there was a 

section focusing on gathering demographic information from the participants.  

The Qualtrics platform was used as a medium to distribute the questionnaire. This 

platform offers several advantages, as it allows participation from individuals in 
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various geographic locations and offers a cost-effective means of administering 

the questionnaire (Kumar, 2014). 

A cover letter accompanied the questionnaire, introducing the researcher, 

outlining the main objectives of the study, explaining the study's relevance, 

providing general instructions, emphasising the voluntary nature of participation, 

ensuring the anonymity of respondents' information, including a contact number 

for any inquiries, and expressing gratitude for the participants' involvement. The 

questions in the questionnaire were in the form of open and closed-ended 

questions, presented in a structured manner, allowing respondents to select the 

most relevant answer (Kumar, 2014). Please refer to Appendix A for a visual 

representation of the questionnaire. 

3.6 Population and sample 

3.6.1 Population 

The study was limited to a specific population including employees who are 

employed in financial services organisations in South Africa and have been 

exposed to digital technologies.  The population size in this study was unknown 

because of the diverse nature of the study. It was difficult to estimate the total 

number of employees working in financial services organisations across South 

Africa.  The study therefore utilised non-probability sampling methods to select a 

representative sample.  

3.6.2 Sampling 

Sampling involves selecting a smaller subset, known as a sample, from a larger 

group, referred to as the sampling population, to estimate or predict unknown 

information, situations, or outcomes within the larger group (Kumar, 2014). The 

sample represents a subgroup representative of the entire population under 

investigation.  
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3.6.3 Sampling method 

Non-random/non-probability sampling methods were employed for this study. 

Specifically, the accidental type of non-random sampling was used, which 

involves selecting a location where potential respondents are likely to be found, 

irrespective of convenience. Additionally, snowball sampling was utilised, 

wherein initial individuals within a group or organisation were selected, and the 

required information was collected from them. These individuals were then asked 

to identify other members within the group or organisation who would become 

part of the sample. Data was collected from them, and they were requested to 

identify further members.  

Respondents employed by financial services organisations in South Africa were 

included in the sample. In addition, to reach financial services employees, the 

survey link was shared on LinkedIn. Using a convenience sampling method, 

participants were administered an online survey, from which 210 responses were 

received. The data collected were then subjected to a cleaning process to 

address missing values and incomplete responses. During this process, 36 

responses were identified as incomplete, with these participants having 

discontinued the survey after only completing the first section, which pertained to 

demographic information. As a result, these incomplete responses were removed 

from the dataset, leaving 174 valid responses available for analysis. 

Consequently, a final sample size of 174 participants was utilised for the study. 

3.7 The research instrument 

The study used critical constructs derived from the Unified Theory of Acceptance 

and Use of Technology (UTAUT) framework and relevant concepts from the 

literature.  

The hypotheses developed in the study were derived from the theoretical 

framework. They described the expected relationships between the constructs 

and employees' wellbeing and mental health because of accepting digital 

technologies.  
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These constructs are linked to theories as follows: 

• Performance expectancy (PE): This construct, defined by Venkatesh 

et al. (2003), refers to individuals' belief in the system or technology's 

ability to enhance their job performance.  

• Effort expectancy (EE): This construct, also defined by Venkatesh et 

al. (2003), refers to the ease of using the system.  

• Social influence (SI): This construct captures the influence of influential 

people's views regarding the use and importance of technology.  

• Facilitating conditions (FC): This construct represents the perception 

of the technical infrastructure supporting technology utilisation.  

• Hedonic motivation (HM): This construct refers to the pleasure of using 

a system and is associated with positive emotional experiences with 

technology.  

• Habit (HA): This construct represents the degree of automatic 

behaviour performance. 

• Employee mental health (MH): This construct represents the 

psychological state and emotional well-being of individuals in the 

workplace. 

• Employee wellbeing (WB): This construct represents the holistic state 

of comfort, health, and happiness experienced by individuals within the 

work environment. 

The research instrument is attached as Appendix B.  

3.8 Procedure for data collection 

There are several modes of data collection in research, including participant 

observation or ethnography, interviews (conducted face-to-face, over the 

telephone, or through the Internet), self-administered questionnaires (such as 

mail/postal surveys, group-administered surveys, and online surveys conducted 

via email or the Internet), focus group discussions, and examination of documents 

Neuman (2014).  
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For this study, an online questionnaire (a web survey) was utilised using the 

Qualtrics platform and the data collected was from employees of financial 

services organisations in South Africa. Once designed, the link that Qualtrics 

generated was included in emails sent to a known list of people within the 

researchers contact list who completed the survey and were also requested to 

forward the link to their networks.  In addition, a message on LinkedIn was 

generated to connections of the researcher that worked in Financial Services in 

South Africa.  These individuals also forwarded the link to their connections in 

South Africa. Qualtrics was updated automatically as the respondents answered 

the questionnaire and the results were stored. 

3.9 Data analysis strategies and interpretation 

In quantitative research, data processing involves transforming the collected 

information into a usable form, typically preparing variables for quantification 

(Bryman, 2012). Neuman (2014) highlights that data processing consists of 

several steps, including assessing the raw data's relevance to the hypotheses, 

organising it into a suitable format for computer entry, visually presenting the data 

(such as through graphs) to summarise their characteristics, and providing 

theoretical interpretations of the findings. However, before these steps can be 

undertaken, the raw data are often disorganised, may contain errors and missing 

values, and require transformation for analysis. This data preparation process 

involved three tasks: (1) coding, (2) entering the data into a computer, and (3) 

cleaning the data (Neuman, 2014). Results from the analysis were guided by the 

hypotheses formulated. Analysis of data began with sample characteristics, 

followed by reliability analysis, exploratory factor analysis (EFA), descriptive 

analysis, correlation analysis, confirmatory factor analysis, and then structural 

equation modelling was conducted to test the hypotheses. 

3.10 Quality Assurance 

3.10.1 Internal validity  

Construct and discriminant validity  
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Construct validity indicates the quality of a research instrument in measuring its 

intended purpose, and it relies on statistical procedures to determine the 

contribution of each construct to the total observed variance in a phenomenon 

(Cooper, 2014). This study used EFA and CFA to test for construct validity, 

ensuring that the questionnaire effectively measured the constructs used in the 

study,   

Discriminant validity refers to the extent to which scores on a scale do not 

correlate with scores from scales designed to measure different constructs 

(Cooper, 2014). Correlations between the various constructs were measured in 

the questionnaire to assess discriminant validity. Low to moderate correlations 

between the constructs indicate that the questionnaire effectively distinguishes 

between the intended constructs and unrelated constructs, thereby providing 

evidence for discriminant validity. 

3.10.2 Reliability  

Reliability refers to the extent to which a research instrument consistently 

produces consistent and accurate results (Field, 2018). When a research tool is 

considered reliable, it is stable, predictable, and consistent in its measurements. 

In other words, if the instrument is used repeatedly under the same conditions, it 

should yield the same or similar results. Moser and Kalton (1989) describe 

reliability as the ability of a scale or test to provide consistent outcomes when 

administered multiple times in unchanged circumstances (Moser & Kalton, 1989). 

Reliability of the measurement scale was assessed, employing Cronbach’s alpha 

measure of internal consistency. Cronbach’s alpha for each scale was computed 

using SPPS V26. To ensure good internal consistency (Field, 2018), the 

Cronbach's alpha values should exceed the recommended threshold of 0.7 to 

confirm that the measurement scales are reliable and consistent, enhancing the 

credibility of the collected data for subsequent analyses and interpretations. 

Scales used in this study include technology adoption (TA), performance 

expectancy (PE), effort expectancy (EE), social influence (SI), facilitating 
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conditions (FC), hedonic motivation (HM), Habit (HA), employee wellbeing (WB) 

as well as employee mental health (MH). 

3.11 Ethical considerations 

Ethical issues were considered at each step of the design and implementation of 

research, which required the balance between the quest for scientific knowledge 

and the rights of the subjects being studied.  

A participant information sheet requesting consent and informed the participants 

of the following: 

• The data collected during this study would be retained for one year, after 

which it was securely deleted. Access to this data was exclusively granted 

to the principal researcher. 

• As part of the research process, it was necessary to collect certain 

personal information from participants, including gender, age, and level of 

education. Measures were taken to ensure that this information remained 

confidential and anonymous.  

• The decision to participate in the study was entirely voluntary. Individuals 

were not obligated to participate, and participants could withdraw from the 

study at any time without penalty. There were no direct benefits for 

participants who chose to participate in the study, nor would they lose 

access to any services, benefits, or rights if they opted not to participate. 

There were no costs associated with participation, and individuals did not 

receive financial compensation for their involvement. 

• This research has culminated in a report, which will be available through 

the university library's website. Participants who wish to receive a 

summary of the report could request one, and the researcher will provide 

it. 

This study ensured no harm to the participants, ensuring informed consent and 

no invasion of privacy or deception involved. 



 
35 

3.12 Chapter conclusion  

Chapter 3 discussed the methodology followed in investigating the factors which 

affect acceptance of digital technologies among employees of financial services 

organisations in South Africa, and the subsequent impact of this acceptance on 

the wellbeing and mental health of employees. The chapter revealed that the 

study followed a positivist philosophy, stressing the use of a quantitative 

approach to collection and analysis of data. The following chapter focusses on 

results of the study.  
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CHAPTER 4. PRESENTATION OF 

RESULTS 

4.1 Introduction 

This study examined the impact of the implementation of digital technologies on 

the mental health and wellbeing of employees within financial services in South 

Africa. This chapter focuses on analysing data collected from employees of 

financial services organisations in South Africa. Results from the analysis are 

then presented guided by the hypotheses formulated.  Sample characteristics are 

discussed in the first section of the chapter. This is followed by reliability analysis, 

exploratory factor analysis (EFA), descriptive analysis, correlation analysis, 

confirmatory factor analysis, and then structural equation modelling is conducted 

to test the hypotheses. 

4.2 Sample characteristics 

The sample consisted of respondents employed by financial services 

organisations in South Africa. Employing a convenience sampling method, an 

online survey was administered to the participants, yielding 210 responses. 

Subsequently, the collected data underwent a cleaning process to address 

missing values and incomplete responses. During this process, it was found that 

36 responses were incomplete, with participants stopping the survey after 

completing only the first section on demographic information. These incomplete 

responses were excluded from the dataset, resulting in a final sample size of 174 

valid responses for analysis. Thus, the study utilised a final sample size of 174 

respondents. Sample demographic information is discussed in the subsections 

that follow. 

4.2.1 Demographics 

The sample distribution in this study, as summarised in Table 4-1, reflects gender, 

age, education, ethnicity, and sector. 
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 Frequency Percentage 

Gender 

Male  73 42.0% 

Female 98 56.3% 

Prefer not to say 3 1.7% 

Total 174 100.0% 

Age group 

18-25 3 1.7% 

26-35 30 17.2% 

36-49 89 51.1% 

50-65 52 29.9% 

Total 174 100% 

Education  

High School 23 13.2% 

Undergraduate Degree 35 20.1% 

Honours Degree 42 24.1% 

Master’s degree 41 23.6% 

Professional Degree 13 7.5% 

Other 20 11.5% 

High School 23 13.2% 

Total 174 100% 

Ethnic group 

Black African 70 40.2% 

White 52 29.9% 

Mixed Race 20 11.5% 

Indian/Asian 31 17.8% 

Other 1 0.6% 

Total 174 100% 

Sector 

Banking Services 34 19.5% 

Investment and Wealth Management 17 9.8% 

Insurance Services 77 44.3% 

Financial Advisory and Consulting 13 7.5% 

Other 33 19.0% 

Total 174 100% 

Table 4-1 Demographics  
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Data was collected on the gender of respondents to assess the gender 

representation of the sample. The variable was also crucial to assess how 

acceptance of digital technologies differ by gender. A gender-diverse composition 

with 42.0% male, 56.3% female, and 1.7% who preferred not to disclose their 

gender is reflected. The data indicates a balanced gender distribution, providing 

a foundation for exploring any gender-related differences in attitudes toward 

digital technologies within the sampled population.  

Respondents stated their age groups, and it was also important to assess 

whether adoption or acceptance of digital technologies was influenced by age 

groups. The distribution of respondents across age groups shows diversity. Most 

of the respondents fall within the 36-49 age group, constituting 51.1% of the 

sample. The 26-35 age group represents 17.2%, the 50-65 age group accounts 

for 29.9%, and the 18-25 age group comprises 1.7% of the total respondents. 

This age-related breakdown is essential for assessing whether the adoption or 

acceptance of digital technologies varies across different age cohorts within the 

study's sample of 174 participants. The data suggests a notable presence of 

individuals in the middle age range, prompting further exploration into potential 

age-related trends in attitudes toward digital technology adoption in the context 

of the financial services organisation. 

Data was also collected on the highest level of education achieved by a 

respondent. This variable is important in assessing how acceptance of digital 

technologies differ by education qualification. The distribution shows that most 

respondents hold an Honours Degree (24.1%), closely followed by those with a 

Master's degree (23.6%). Undergraduate Degree holders represent 20.1%, while 

respondents with a High School education make up 13.2%. Professional Degree 

holders constitute 7.5%, and 11.5% had other education qualifications. This 

breakdown is essential for evaluating how acceptance of digital technologies may 

vary based on education qualifications within the study's sample of 174 

participants. 

Data on the ethnic group of respondents was collected only for purposes of 

assessing the representativity of the sample. Results show that most 

respondents were Black African, constituting 40.2% of the total sample. White 
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respondents make up 29.9%, while individuals from Mixed Race backgrounds 

represent 11.5%. Those identifying as Indian/Asian account for 17.8%, and a 

small percentage falls into the 'Other' category at 0.6%. This breakdown indicates 

a diverse representation across ethnic groups within the sample. 

The study collected data from respondents within the financial services sector in 

which they operate. Results show that most respondents are engaged in 

Insurance Services, constituting 44.3% of the total sample. Banking Services 

represent 19.5%, while Financial Advisory and Consulting make up 7.5%. 

Investment and Wealth Management account for 9.8%, and the 'Other' category 

comprises 19.0%. 

4.3 Reliability analysis  

Reliability of the measurement scale was assessed, employing Cronbach’s alpha 

measure of internal consistent. Cronbach’s alpha for each scale was computed 

using SPPS V26 as shown in Table 4-2. Scales used in this study include 

technology adoption (TA), performance expectancy (PE), effort expectancy (EE), 

social influence (SI), facilitating conditions (FC), hedonic motivation (HM), Habit 

(HA), employee wellbeing (WB) and employee mental health (MH). 

Scale Number of items  Items deleted  Cronbach’s 

alpha 

TA 4 0 0.891 

PE 2 0 0.962 

EE 2 0 0.843 

SI 2 0 0.509 

FC 2 0 0.796 

HM 2 0 0.911 

HA 2 0 0.912 

WB 3 0 0.810 

MH 3 0 0.900 

Table 4-2 Reliability analysis 



 
40 

The results presented in Table 4-2 show robust internal consistency for the 

scales. Across all scales, except SI, the Cronbach's alpha values exceeded the 

recommended threshold of 0.7, indicating good internal consistency (Field, 

2018). Specifically, technology adoption achieved an alpha of 0.891, performance 

expectancy scored 0.962, effort expectancy attained 0.843, facilitating conditions 

scored 0.796, hedonic motivation achieved 0.911, habit scored 0.912, employee 

wellbeing reached 0.810, and employee mental health achieved 0.900. These 

high alpha values suggest that the measurement scales are reliable and 

consistent, enhancing the credibility of the collected data for subsequent 

analyses and interpretations. No items were removed following analysis of alpha 

before and after potential deletion of an item.  

However, results show that the SI scale has a Cronbach's alpha of 0.509, falling 

below the commonly accepted threshold of 0.7 for internal consistency. However, 

evidence suggests that low Cronbach’s alpha values of at least 0.4 can be 

accepted as they do not necessarily suggest that there is a problem with the scale 

but could be due to the low number of items in the scale or the nature of the 

construct (Tavakol, M., & Dennick, 2011; Kılıç, 2016). Therefore, the SI scale was 

used for analysis in this study. Further analysis was conducted, examining the 

factor structure, and theoretical foundations of the SI construct, thus supporting 

the continued use of the measurement scale. 

4.4 Exploratory Factor Analysis (EFA) 

EFA was conducted to uncover the underlying factor structure of the measured 

constructs. The primary purpose was to identify patterns and relationships among 

the observed variables, allowing for a more nuanced understanding of the 

acceptance of digital technologies and its associated factors within the financial 

services sector. 

Before proceeding with the EFA, the adequacy of the sample was assessed using 

the Kaiser-Meyer-Olkin (KMO) measure and the Bartlett Test of Sphericity. The 

KMO test evaluates whether the variables in the dataset are suitable for factor 

analysis by measuring the proportion of variance among variables that might be 
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common variance (Field, 2018). The Bartlett Test of Sphericity assesses whether 

correlations between variables are significantly different from an identity matrix 

(Field, 2018).  

The results of the sample adequacy tests are presented in Table 4-3, providing 

insights into the suitability of the dataset for factor analysis. 

KMO and Bartlett's Test 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. .907 

Bartlett's Test of Sphericity 

Approx. Chi-Square 3282.406 

Df 231 

Sig. .000 

Table 4-3 Sample adequacy test 

The results of the sample adequacy test, as shown in Table 4-3, indicate that the 

sample size was well-suited for factor analysis. The KMO measure of sampling 

adequacy is 0.907, surpassing the commonly accepted threshold of 0.5 (Field, 

2018). This suggests a high degree of shared variance among the variables, 

indicating that the dataset provides ample information for factor extraction. 

Furthermore, the Bartlett's Test of Sphericity yielded a significant result (Chi-

Square =3282.406, df = 231, Sig. < 0.001). The significant chi-square value 

indicates that the observed variables in the dataset are not an identity matrix, 

supporting the presence of significant relationships among them. Together, these 

results suggest that the sample size is adequate for conducting exploratory factor 

analysis, providing confidence in the reliability of subsequent factor extraction 

and interpretation.   

The next step in the analysis involved factor extraction, which was carried out 

based on the eigenvalue criterion. Eigenvalues represent the amount of variance 

explained by each factor (Field, 2018). In this study, factors with eigenvalues 

greater than 1 were retained, a common criterion for determining the number of 

factors to extract (Field, 2018). Principal Components Analysis (PCA) was 

chosen as the extraction method, aiming to capture the maximum variance in the 

dataset. Using PCA, 9 components or factors were retained in this study, aligning 
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with the eigenvalue criterion. Total variance explained by the components 

extracted is shown in Table 4-4. 

Component Rotation Sums of Squared Loadings 

Total % of Variance Cumulative % 

1 6.203 28.195 28.195 

2 3.533 16.059 44.254 

3 2.369 10.768 55.022 

4 1.745 7.934 62.956 

5 1.132 5.148 68.104 

6 1.128 5.126 73.230 

7 1.082 4.919 78.149 

8 1.070 4.861 83.010 

9 .901 4.093 87.104 

Extraction Method: Principal Component Analysis. 

Table 4-4 Total Variance Explained 

The extracted factors collectively about 87.1% of the total variance in the dataset. 

This suggests that the identified factors effectively capture and represent a 

significant portion of the variability present in the measured variables. The 

cumulative variance explained provides confidence in the comprehensiveness of 

the factor extraction process. 

 

 Component 

1 2 3 4 5 6 7 8 9 

PE1   .896       

PE2   .883       

EE1    .878      

EE2    .701      

SI1      .927    

SI2      .744    

FC1         .631 

FC2         .764 

TA1 .775         

TA2 .658         

TA3 .761         

TA4 .662         

HM1     .873     

HM2     .877     

HA1       .614   
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HA2       .669   

WB1        .824  

WB2        .710  

WB3        .426  

MH1  .898        

MH2  .909        

MH3  .887        

 Extraction Method: Principal Component Analysis.  

 Rotation Method: Varimax with Kaiser Normalization. 

 a. Rotation converged in 8 iterations. 

Table 4-5 Rotated Component Matrix 

Factor rotation is a technique employed after factor extraction to simplify the 

interpretation of the underlying structure of variables. In this study, the Varimax 

rotation method with Kaiser Normalisation was utilised. Varimax aims to maximise 

the variance of the squared loadings for each factor, resulting in a clearer and 

more interpretable factor structure (Field, 2018). The rotated component matrix 

in Table 4-5 shows the factor loadings of each item after rotation. Factor loadings 

represent the strength and direction of the relationship between each variable 

and the identified factors. A loading above 0.4 is typically considered significant 

and indicates a meaningful association. 

In this analysis, no cross loadings were observed, ensuring that each item 

primarily loaded on one factor. Factor loadings above 0.4 were retained, 

contributing to the convergent validity of the factors. All items had factor loadings 

above this threshold, indicating a strong association with their respective factors 

and affirming the convergent validity of the measurement model. With the factor 

structure confirmed, composite scales were calculated. Composite scales involve 

summing or averaging the scores of the individual items that load on a specific 

factor, resulting in a single score for each factor. These composite scales were 

for correlation and descriptive statistics, providing a consolidated measure for 

each underlying construct identified through EFA. 
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4.5 Descriptive statistics 

Descriptive statistics provide an overview of the data distribution and the 

respondents' perceptions on the 7-point Likert scale (1 = strongly disagree, 4 = 

neutral, 7 = strongly agree). Descriptive statistics, such as mean scores and 

standard deviations, offer insights into the central tendency and variability of 

responses, helping to understand the level of agreement or disagreement with 

the measured constructs. 

Additionally, skewness and kurtosis values are crucial for assessing the normality 

of the data distribution. According to George and Mallery (2019), skewness 

values falling between -2 and +2 and kurtosis values between -7 and +7 are 

considered acceptable for proving normal univariate distribution. Values within 

these ranges indicate a roughly symmetrical and normally distributed dataset 

(Hair et al., 2019). If skewness and kurtosis fall within the acceptable ranges, it 

suggests that parametric statistical tests (which assume normality) can be reliably 

applied. 

 

N Minimum Maximum Mean 

Std. 

Deviation Skewness Kurtosis 

Statistic Statistic Statistic Statistic Statistic Statistic 

Std. 

Error Statistic 

Std. 

Error 

TA 174 1.00 7.00 6.24 .920 -3.30 .184 15.39 .366 

PE 174 1.00 7.00 6.16 1.37 -2.80 .184 8.01 .366 

EE 174 1.00 6.50 5.39 1.17 -2.35 .184 5.64 .366 

SI 174 1.00 7.00 5.46 .998 -2.01 .184 5.86 .366 

FC 174 1.00 7.00 5.99 1.10 -2.30 .184 7.27 .366 

HM 174 1.00 7.00 6.12 .99 -2.57 .184 10.57 .366 

HA 174 1.00 7.00 5.91 1.09 -2.02 .184 6.51 .366 

WB 174 1.00 7.00 5.36 1.34 -1.19 .184 1.24 .366 

MH 174 1.00 7.00 4.92 1.42 -.72 .184 -.14 .366 

Table 4-6 Descriptive statistics 

The results reveal that, on average, respondents demonstrated a high level of 

agreement with various constructs related to the acceptance of digital 

technologies within the financial services sector. Notably, the scales for 

technology adoption (TA), performance expectancy (PE), and hedonic motivation 
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(HM) exhibited particularly high mean scores of 6.24, 6.16, and 6.12, respectively. 

These high mean scores suggest a strong consensus among respondents in 

favour of technology adoption, emphasising the perceived performance benefits, 

and acknowledging the hedonic aspects related to the use of digital technologies 

in their work environment. Social influence (SI), facilitating conditions (FC) and 

habit (HA) also had relatively high mean scores of 5.46, 5.99 and 5.91, 

respectively, indicating a favourable disposition towards social influence, the ease 

of use and habitual nature of incorporating digital technologies in the workplace. 

In terms of normality, the skewness and kurtosis values provide insights into the 

shape and distribution of responses for each construct. Skewness values ranging 

from -3.30 to -0.72 generally indicate negatively skewed distributions, suggesting 

a concentration of responses towards the higher end of the Likert scale. The 

kurtosis values, mostly within acceptable ranges, reflect the degree of tails in the 

distributions. Notably, WB and MH demonstrated relatively normal distributions 

with skewness and kurtosis values within the acceptable range, providing 

confidence in the assumption of normality for these constructs. Overall, the 

results suggest that, while some constructs exhibit deviations from normality, 

most of the scales align with the assumed distribution, enhancing the reliability of 

subsequent statistical analyses. Given the large sample size in this study, the 

Central Limit Theorem (CLT) becomes particularly relevant in assessing the 

normality of the data. The CLT posits that, irrespective of the underlying 

distribution of individual variables, the distribution of sample means tends to 

follow a normal distribution as the sample size increases (Hair et al., 2019). 

4.6 Inferential statistics 

The study sought to assess whether differences in acceptance of digital 

technologies are explained by differences in gender and age. One way analysis 

of variance (ANOVA) was conducted to test whether the means for technology 

acceptance are significantly different across groups. 
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4.6.1 Gender and acceptance of digital technologies 

The results from the one-way ANOVA examining the relationship between gender 

and acceptance of digital technologies (TA) reveal marginal differences across 

gender categories. 

Gender N Mean 

Std. 

Deviation Std. Error 

95% Confidence Interval 

for Mean 

Lower 

Bound 

Upper 

Bound 

Male 73 6.29 0.95 0.11 6.07 6.52 

Female 98 6.18 0.91 0.09 6.00 6.36 

Prefer not to 

say 

3 6.83 0.14 0.08 6.47 7.19 

Total 174 6.24 0.92 0.07 6.10 6.38 

Table 4-7 Descriptives: Gender and TA 

TA   

 

Sum of 

Squares df Mean Square F Sig. 

Between Groups 1.61 2 .806 .951 .388 

Within Groups 144.93 171 .848   

Total 146.55 173    

Table 4-8 Gender and TA 

Descriptive statistics indicate that, on average, male respondents reported a 

slightly higher mean TA score (M = 6.29) compared to female respondents (M = 

6.18), with those who preferred not to disclose their gender showing the highest 

mean score (M = 6.83). However, the confidence intervals overlap, suggesting 

limited practical significance. The ANOVA results further support this observation, 

indicating that the differences in means across gender categories are not 

statistically significant (F = 0.951, p = 0.388). Therefore, based on these findings, 

gender is not a significant predictor of differences in the acceptance of digital 

technologies in the studied sample. 
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4.6.2 Age and acceptance of digital technologies 

The results of the one-way ANOVA examining the relationship between age 

groups and acceptance of digital technologies show minor variations in mean TA 

scores across different age categories. 

Age 

group N Mean 

Std. 

Deviation Std. Error 

95% Confidence Interval for 

Mean 

Lower Bound Upper Bound 

18-25 3 6.08 0.38 0.22 5.13 7.03 

26-35 30 6.04 1.54 0.28 5.47 6.62 

36-49 89 6.35 0.57 0.06 6.23 6.47 

50-65 52 6.17 0.95 0.13 5.91 6.44 

Total 174 6.24 0.92 0.07 6.10 6.38 

Table 4-9 Descriptives: Age and TA 

TA   

 

Sum of 

Squares df Mean Square F Sig. 

Between Groups 2.59 3 .862 1.018 .386 

Within Groups 143.96 170 .847   

Total 146.55 173    

Table 4-10 Age and TA 

Descriptive statistics show that respondents in the 36-49 age group reported the 

highest mean TA score (M = 6.35), followed by those aged 50-65 (M = 6.17), 26-

35 age group (M = 6.04), and the 18-25 age group (M = 6.08). However, the 

confidence intervals overlap, indicating limited practical significance. 

The ANOVA results support these observations, showing that the differences in 

mean TA scores across age groups are not statistically significant (F = 1.018, p = 

0.386). Therefore, based on these findings, age is not a significant predictor of 

differences in the acceptance of digital technologies in the studied sample. 
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4.7 Correlation analysis 

Correlation analysis was conducted to assess the strengths of the relationships 

among the variables. Results in Table 4-11 show that the dependent variable (TA) 

is significantly correlated with explanator variables (PE, EE, SI, FC, HM, and HA), 

all with medium to strong positive correlations.  In addition, TA is significantly 

correlated with WB and MH, all with positive correlations. Importantly, correlations 

among explanatory variables are all less than 0.8, implying that variables are not 

highly correlated, thus indicating no multicollinearity issues (Hair et al., 2019). 

Construct TA PE EE SI FC HM HA WB MH 

TA 
Pearson 

Correlation 
1         

PE 
Pearson 

Correlation 
.597** 1        

EE 
Pearson 

Correlation 
.561** .606** 1       

SI 
Pearson 

Correlation 
.649** .455** .491** 1      

FC 
Pearson 

Correlation 
.709** .530** .634** .623** 1     

HM 
Pearson 

Correlation 
.733** .493** .471** .537** .727** 1    

HA 
Pearson 

Correlation 
.755** .420** .558** .571** .675** .754** 1   

WB 
Pearson 

Correlation 
.392** .218** .281** .439** .335** .323** .415** 1  

MH 
Pearson 

Correlation 
.214** .115 .164* .322** .253** .179* .213** .688** 1 

**. Correlation is significant at the 0.01 level (2-tailed). 

*. Correlation is significant at the 0.05 level (2-tailed). 

Table 4-11 Correlations 

4.8 Confirmatory Factor Analysis (CFA) 

Following the EFA that identified nine factors encompassing TA, PE, EE, SI, FC, 

HM, HA, WB and MH, a confirmatory factor analysis was conducted using AMOS 

26. The objective of CFA was to validate the factor structure obtained through 
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EFA and assess how well the hypothesised measurement model aligns with the 

observed data. The CFA model was specified based on the identified factors, and 

its fit was evaluated using various fit indices. The Chi-square (CMIN) statistic, a 

traditional measure of model fit, was expected to be insignificant, indicating that 

the hypothesised model does not significantly differ from the observed data (Hair 

et al., 2019). Additionally, attention was given to other fit indices, including the 

Goodness of Fit Index (GFI), Tucker-Lewis Index (TLI), Comparative Fit Index 

(CFI), and Root Mean Square Error of Approximation (RMSEA), each with 

specific threshold conditions for indicating an acceptable fit (Field, 2018). Table 

4-12 summarises CFA model fit measures. 

CMIN 
     

Model NPAR CMIN DF P CMIN/DF 

Default model 83 269.136 170 0 1.583 

Saturated model 253 0 0 
  

Independence 

model 

22 3445.033 231 0 14.914 

FIT INDEX GFI TLI CFI RMSEA  

Value 0.901 0.958 0.969 0.058  

Table 4-12 CFA model fit measures 

Results show that the Chi-square degrees of freedom (CMIN/DF= 1.583), which 

is less than the required threshold of 3 (Field, 2018). However, the significant Chi-

square suggests the hypothesised model significantly differs from the data 

(p<.001). However, the significance of the Chi-square test is contingent on the 

sample size, and in large samples, it tends to be sensitive, often resulting in 

statistical significance (Hair et al., 2019). Therefore, this study complemented the 

Chi-square test with fit indices that account for sample size. GFI, TLI, and CFI 

values closer to 1 indicate better fit, with values exceeding 0.90 considered 

acceptable. Similarly, RMSEA values below 0.08 are generally indicative of an 

adequate fit. Results in table 4-12 show that the GFI, TLI and CFI index are above 

0.9, indicative of good fit (Hair et al., 2019). In addition, RMSEA is within 

acceptable range of good fit. Therefore, the CFA was considered a good fit, 
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implying that the was appropriate in representing the underlying factor structure 

identified in the EFA. 

Convergent validity was analysed using average variance extracted.   Results are 

summarised in the following table. 

Observed 
variable 

 Latent 
variable 

St. Estimate AVE Composite 
reliability 

p 

PE1 <--- PE_ 0.954 0.941 0.970 p<.001 

PE2 <--- PE_ 0.986   p<.001 

EE1 <--- EE_ 0.730 0.740 0.848 p<.001 

EE2 <--- EE_ 0.973   p<.001 

FC1 <--- FC_ 0.867 0.672 0.803 p<.001 

FC2 <--- FC_ 0.770   p<.001 

HM1 <--- HM_ 0.937 0.839 0.912 p<.001 

HM2 <--- HM_ 0.894   p<.001 

H1 <--- HA_ 0.894 0.840 0.913 p<.001 

H2 <--- HA_ 0.938   p<.001 

WB1 <--- WB_ 0.694 0.595 0.815 p<.001 

WB2 <--- WB_ 0.797   p<.001 

WB3 <--- WB_ 0.818   p<.001 

MH1 <--- MH_ 0.938 0.749 0.899 p<.001 

MH2 <--- MH_ 0.881   p<.001 

MH3 <--- MH_ 0.769   p<.001 

SI1 <--- SI_ 0.416 0.423 0.570 p<.001 

SI2 <--- SI_ 0.820   p<.001 

TA4 <--- TA_ 0.753 0.677 0.893 p<.001 

TA3 <--- TA_ 0.830   p<.001 

TA2 <--- TA_ 0.811   p<.001 

TA1 <--- TA_ 0.891   p<.001 

Table 4-13 Convergent validity 

Table 4-13 shows CFA for the observed variables loading onto their respective 

latent constructs. Convergent validity was assessed through the Average 

Variance Extracted (AVE) and Composite Reliability (CR) measures. AVE values 
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reflect the amount of variance captured by the latent construct relative to 

measurement error. In this case, except for the factor SI, AVE ranges from 0.633 

to 0.940. Generally, AVE values exceeding 0.50 are considered acceptable, 

suggesting satisfactory convergent validity (Field, 2018). Additionally, Composite 

Reliability values, which measure the internal consistency of the constructs, 

range from 0.803 to 0.969, surpassing the recommended threshold of 0.70. The 

standardised estimates (Std. Estimate) further emphasise the strength and 

direction of the relationships between the observed variables and their respective 

latent constructs. Notably, all standardised estimates are statistically significant 

(p < .001), indicating robust relationships. This assessment provides evidence for 

the convergent validity of the latent constructs, as supported by high AVE values, 

satisfactory composite reliability, and significant standardised estimates, affirming 

the measurement model's reliability and the consistency of relationships within 

the specified theoretical framework. 

The study continued to use the SI factor despite low AVE and CR since it is a 

core variable in the UTAUT, the theoretical model adopted in this study. 

 
TA PE EE SI FC HM HA WB MH 

TA 0.823 
        

PE .597 0.970 
       

EE .561 .606 0.860 
      

SI .649 .455 .491 0.650 
     

FC .709 .530 .634 .623 0.820 
    

HM .733 .493 .471 .537 .727 0.916 
   

HA .755 .420 .558 .571 .675 .754 0.916 
  

WB .392 .218 .281 .439 .335 .323 .415 0.772 
 

MH .214 .115 .164 .322 .253 .179 .213 .688 0.866 

Table 4-14 Matrix of correlations 

The matrix of correlations in Table 4-14 shows the pairwise correlations between 

latent constructs (TA, PE, EE, SI, FC, HM, HA, WB, MH). Each diagonal element 

represents the square root of the average variance extracted for the 
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corresponding construct, which is a measure of the variance captured by that 

construct relative to measurement error. 

To assess discriminant validity, the off-diagonal correlations are compared with 

the square roots of AVE values. According to the Fornell-Larcker criterion, 

discriminant validity is supported when the square root of AVE for a construct is 

greater than the construct’s correlations with other constructs (Rasoolimanesh, 

2021).  In this case, all the diagonal elements (square roots of AVE) are greater 

than the correlations in their respective rows and columns. This indicates that 

each latent variable shares less variance with other constructs than the variance 

it captures internally. Therefore, based on this analysis, discriminant validity was 

established among the latent constructs in the study.  



 
53 



 
54 

Figure 4-1 Measurement model 

The measurement model shows the relationships among latent variables and 

their observables variables. The standardised factor loadings are shown, and the 

arrows shows various relationships. Some unobservable variables were allowed 

to covary to improve model fit, guided by modification indices. 

4.9 Structural Equation Modelling (SEM) 

With both convergent and discriminant validity established through rigorous 

assessment of the measurement model, the study proceeded to employ 

structural equation modelling to examine the relationships among the confirmed 

constructs. This stage enables the exploration of the underlying structural 

pathways, providing insights into the complex interplay between latent variables. 

The structural equation model serves as a powerful tool to assess the 

hypothesised connections and answer the research questions posed in this 

study.  

The SEM was assessed for model fit as summarised in Table 4-15: 

CMIN 
     

Model NPAR CMIN DF P CMIN/DF 

Default model 64 521.412 189 0 2.759 

Saturated model 253 0 0 
  

Independence model 22 3445.033 231 0 14.914 

FIT INDEX GFI TLI CFI RMSEA  

Value 0.831 0.904 0.923 0.071  

Table 4-15 Structural Equation Model 

Table 4-15 shows that the chi-square test statistic (CMIN) is 521.412 with 189 

degrees of freedom, resulting in a ratio of 2.759. While the CMIN/DF is statistically 

significant, it is essential to consider alternative fit indices for a comprehensive 

assessment. The CFI, TLI, and GFI reported values of 0.923, 0.904, and 0.831, 

respectively. These indices indicate a reasonable fit, with the CFI and TLI with the 
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recommended threshold of 0.90. Additionally, the RMSEA has a value of 0.071, 

falling within an acceptable range. Therefore, the combined evidence from fit 

indices suggests that the SEM model adequately represents the underlying 

relationships among the validated constructs in this study.  

Table 4-16 presents a summary of the SEM estimates, showing the relationships 

among the constructs (dependent variable (DV) and independent variables (IV), 

and providing solutions to the hypotheses formulated. 

DV 
 

IV Unst. 
estimate (B) 

S.E. C.R. St. estimate (β) P 

TA_ <--- PE_ 0.106 0.031 3.458 0.206** p<.001 

TA_ <--- EE_ -0.084 0.072 -1.167 -0.092 0.243 

TA_ <--- FC_ 0.425 0.121 3.507 0.535** p<.001 

TA_ <--- HM_ 0.294 0.111 2.647 0.410** 0.008 

TA_ <--- HA_ 0.044 0.086 0.518 0.058 0.605 

TA_ <--- SI_ 0.249 0.094 2.653 0.266** 0.008 

MH_ <--- TA_ 0.53 0.162 3.268 0.260** p<.001 

WB_ <--- TA_ 0.679 0.155 4.39 0.407** p<.001 

**Coefficient is significant at 0.01 level 

Table 4-16 Structural Parameter Estimates 

The path diagram of the estimated SEM is shown Figure 4.2.  
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Figure 4-2 Structural Parameter Estimates Path Diagram
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The final structural equation model revealed significant predictors of digital 

technology acceptance within the financial services industry in South Africa and 

impact on employee wellbeing and employee mental health. Notably, 

performance expectancy (PE) has a positive and statistically significant 

relationship with digital technology acceptance (TA) (β =0.206, p < .001). 

Facilitating conditions (FC) also has a positive and statistically coefficient (β = 

0.535, p < .001). Hedonic motivation (HM) contributed positively to digital 

technology acceptance (β =0.410, p<.01). Additionally, results show that social 

influence (SI) positively influences digital technology acceptance (β=0.266, 

p<.01). These findings highlight the significance of perceived performance, 

facilitating conditions, hedonic motivations, and social influence as key 

determinants of digital technology acceptance in the financial services sector. 

Furthermore, employee mental health (MH) and employee wellbeing (WB) were 

significantly influenced by digital technology acceptance. Acceptance of digital 

technologies improves employee mental health (β=0.26, p < .001) and improves 

employee wellbeing (β=0. 0.407, p < .001). Detailed interpretation and 

implications of these findings will be discussed in Chapter 5. 

4.10 Summary of hypotheses 

Table 4-17 provides a summary of hypotheses tested in this study, providing 

details as to whether the hypotheses were supported or not supported. 

DV  IV (β) P Hypothesis Conclusion 

TA_ <--- PE_ 0.206 P<.001 H1: Performance expectancy positively 

influences acceptance of digital 

technologies.  

Supported 

TA_ <--- EE_ -0.092 0.234 H2: Effort expectancy positively influences 

acceptance of digital technologies. 

Not 

supported 

TA_ <--- FC_ 0.535 P<.001 H3: Facilitating conditions positively 

influences acceptance of digital 

technologies. 

Supported 

TA_ <--- HM_ 0.41 P<.01 H4: Hedonic motivation positively 

influences acceptance of digital 

technologies. 

Supported 
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DV  IV (β) P Hypothesis Conclusion 

TA_ <--- HA_ 0.058 0.605 H5: Habit positively influences acceptance 

of digital technologies. 

Not 

supported 

TA_  SI_ 0.266 P<.01 H6: Social influence positively influences 

acceptance of digital technologies 

Supported 

TA_  SI_ 0.266 P<.01 H6: Social influence positively influences 

acceptance of digital technologies 

Supported 

MH_ <--- TA_ 0.26 P<.001 H7: Acceptance of digital technologies 

positively influences employee mental 

health. 

Supported 

WB_ <--- TA_ 0.407 P<.001 H8: Acceptance of digital technologies 

positively influences employee wellbeing. 

Supported. 

Table 4-17 Summary of hypotheses 

4.11 Summary of the results 

This chapter presented results from the analysis of the impact of digital 

technologies on the mental health and wellbeing of executives and employees 

within the financial services industry in South Africa. The chapter commenced 

with an exploration of sample characteristics, followed by reliability analysis, 

exploratory factor analysis, and descriptive statistics. Inferential statistics 

revealed that age and gender did not significantly influence technology 

acceptance. Subsequently, confirmatory factor analysis was undertaken, 

affirming the robustness of the measurement model. The chapter culminated in 

the estimation of a structural equation model, revealing key predictors of digital 

technology acceptance. Notably, performance expectancy, facilitating conditions, 

social influence and hedonic motivation emerged as significant contributors to 

technology acceptance. Furthermore, the SEM highlighted the intricate 

relationships between technology acceptance and employee mental health, as 

well as employee wellbeing. These results are discussed in detail in Chapter 5. 
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CHAPTER 5. DISCUSSION OF THE 

RESULTS  

5.1 Introduction 

This study focused on the impact of digital technologies on employees’ mental 

health and wellbeing in financial services organisation in South Africa. Results 

from the analysis of data collected were presented in the preceding chapter. In 

this chapter, focus is on discussing the results, comparing them with findings from 

previous studies and the broader literature. The results were discussed per each 

of the stated hypotheses. 

5.2 Discussion pertaining to Hypothesis 1 

Hypothesis 1(H1): Favourable perceptions of performance expectancy 

positively influence acceptance of digital technologies.  

This study hypothesised that acceptance of digital technologies would be 

positively influenced by favourable perceptions of performance expectancy. 

Results confirmed the prediction of the UTAUT, showing that there was a 

significant and positive relationship between performance expectance and 

acceptance of digital technologies.  This finding implies that employees within 

financial organisations are more likely to accept and integrate digital technologies 

into their work processes when they perceive these technologies as enhancing 

their performance. This aligns with the sector's continuous reliance on 

technological advancements to improve efficiency, accuracy, and overall 

performance (Hassan et al., 2022).  

This result resonates with existing studies which found that performance 

expectancy was instrumental in shaping an individual's behavioural intention to 

adopt a technology (Venkatesh et al. 2003; Shaikh et al., 2021; Nikolopoulou et 

al., 2021, Xie et al., 2021). It is noteworthy that financial services organisations 

are profit-driven entities, placing a high premium on employee performance. The 

imperative for high performance serves as a catalyst, motivating employees to 
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embrace technologies that enhance their capabilities. Consequently, this not only 

aids the organisation in accomplishing its objectives but also empowers 

employees to attain their performance targets. The symbiotic relationship 

between technological adoption, organisational goals, and individual 

performance highlights the strategic alignment of technology utilisation with the 

overarching mission of financial service organisations (Hassan et al. 2022; 

Hassan et al. 2023). 

From a behavioural standpoint, these findings reinforce the importance of 

performance expectancy as a key determinant in the acceptance of digital 

technologies within the financial services sector. Therefore, enhancing 

performance expectancy through the perceived usefulness and value of digital 

technologies is crucial for promoting employees’ acceptance and adoption of 

digital technologies. Financial service organisations can therefore leverage these 

insights by highlighting the performance-enhancing features of the digital 

technologies, providing clear communication on their benefits, and offering 

training programs to showcase the positive impact on job performance. 

5.3 Discussion pertaining to Hypothesis 2 

Hypothesis 2 (H2): Favourable perception of effort expectancy positively 

influences acceptance of digital technologies.  

This study investigated how perceptions of effort expectancy influence 

acceptance of digital technologies. It was hypothesised that effort expectancy 

would positively influence acceptance of digital technologies in financial services 

organisations. However, to the contrary, results showed no significant influence 

of effort expectance on the acceptance of digital technologies. This result is 

contrary to the predictions of the UTAUT and contradicts prior studies which 

found that effort expectancy was a significant predictor of acceptance to use 

digital technologies (Batucan et al., 2022; Fedorko et al., 2021; Chatterjee et al., 

2021). The UTAUT posits that users are more likely to accept and use a 

technology if they perceive it to be easy to use, reducing the effort required for 

adoption (Venkatesh et al., 2003).  
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However, the result is not surprising as there are also a few studies which have 

found an insignificant relationship between effort expectancy and acceptance and 

use of technologies in different contexts (Ramírez-Correa et al., 2023; Batucan 

et al., 2022). Therefore, in certain contexts, the perceived ease of use of a system 

may not significantly impact the intention to use technology, and other factors 

may take precedence. The financial services sector often involves complex and 

intricate tasks and in such an environment, other factors such as the perceived 

benefits of technology in enhancing performance or the organisational culture 

may overshadow the perceived ease of use (Xie et al., 2021). Employees in 

financial services may prioritise performance-enhancing features over ease of 

use when evaluating the acceptance of digital technologies. 

Therefore, this result suggests that, within financial services organisations, efforts 

to promote the acceptance of digital technologies should not solely focus on ease 

of use. Instead, emphasising the performance benefits and addressing potential 

barriers specific to the financial sector may be more effective in fostering 

technology adoption. 

5.4 Discussion pertaining to Hypothesis 3 

Hypothesis 3 (H3): Facilitating conditions positively influences acceptance 

of digital technologies.  

Hypothesis 3 posited that facilitating conditions, encompassing the availability of 

resources, support, and infrastructure necessary for the adoption and usage of 

digital technologies within financial services organisations, would positively 

influence their acceptance. The results from the structural equation modelling 

provided robust support for this hypothesis, with a significant positive relationship 

found between facilitating conditions and the acceptance of digital technologies. 

This result conforms to the predictions of the UTAUT which emphasises the role 

of facilitating conditions in shaping technology acceptance (Taherdoost, 2018).   

This study also expected facilitating conditions to contribute positively to 

acceptance of digital technologies. Facilitating conditions encompass the 

external factors that make it easier for individuals to adopt and use technology 
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(Venkatesh et al., 2003). A positive perception of these conditions enhances the 

likelihood of technology acceptance and successful implementation within an 

organisation. 

The significance of facilitating conditions in influencing technology acceptance 

has been substantiated by previous research (Batucan et al., 2022; Peñarroja et 

al., 2019; Taherdoost, 2018; Sukendro et al., 2020). The result is important 

because it affirms the importance of ensuring that financial services organisations 

provide the necessary support systems and resources to facilitate the seamless 

adoption of digital technologies by their employees. Such facilitating conditions 

may include adequate training programs, accessible technical support, well-

designed infrastructure, and a culture that encourages and supports 

technological innovation (Shaikh et al., 2021). When employees perceive an 

environment conducive to utilising digital technologies, they are more likely to 

embrace and incorporate these technologies into their daily work routines. This 

is particularly relevant in the rapidly evolving landscape of the financial services 

sector, where staying technologically competitive is an imperative (Singh et al., 

2020). 

The implication of this result is that organisations looking to enhance the 

acceptance of digital technologies should not only focus on individual perceptions 

but also invest in creating a supportive and resource-rich environment. This 

approach aligns with the broader understanding that successful technology 

adoption is not solely dependent on individual beliefs and attitudes but is 

intricately tied to the organisational ecosystem. 

5.5 Discussion pertaining to Hypothesis 4 

Hypothesis 4 (H4): Hedonic motivation positively influences acceptance of 

digital technologies. 

The fourth hypothesis focused on the influence of hedonic motivation on the 

acceptance of digital technologies in financial services organisations. Results 

provided support for the hypothesis, revealing that that hedonic motivation was 

positively correlated with acceptance of digital technologies. 
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The result aligns with the broader literature, emphasising the role of hedonic 

motivation as a significant influencer in technology acceptance (Taherdoost, 

2018; Tamilmani et al., 2019; Hartelina et al., 2021). In addition, the positive 

correlation found in this study supports and extends these findings to the financial 

services sector, indicating that hedonic motivation plays a crucial role in 

influencing the acceptance of digital technologies in various organisational 

settings (Venkatesh et al., 2012; Nikolopoulou et al., 2021). 

Schomakers et al. (2022) extended the UTAUT2 model to explain user 

acceptance of lifestyle and therapy mobile health apps. The study highlighted that 

hedonic motivation emerged as a strong predictor in the context of mobile health 

app acceptance. This underscores the broader applicability of hedonic motivation 

as an affective factor influencing the intention to use various digital applications, 

including those related to health and lifestyle. Nikolopoulou et al. (2021) further 

contributed to the understanding of hedonic motivation by demonstrating its 

significance in predicting teachers' intention to use mobile internet. The positive 

correlation found in this study resonates with their findings, supporting the notion 

that hedonic motivation is a relevant factor not only in consumer-oriented 

technologies but also in professional contexts such as education and, as revealed 

in this study, within financial services organisations. 

Hedonic motivation shapes technology acceptance by tapping into individuals' 

emotional and experiential aspects. When users find pleasure, enjoyment, or 

intrinsic satisfaction in using a technology, their hedonic motivation positively 

influences their acceptance of that technology (Tamilmani et al., 2019). This 

emotional connection enhances the perceived value of the technology, fostering 

a more favourable attitude and intention to use. The enjoyment derived from the 

interactive and pleasurable features of the technology, such as user-friendly 

interfaces, engaging functionalities, or entertaining elements, contributes 

significantly to its overall acceptance (Hartelina et al., 2021). 

Practically, the result suggests that organisations within the financial services 

sector may benefit from incorporating elements that appeal to employees' 

affective experiences when implementing digital technologies. This could include 
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designing user interfaces that evoke positive emotions, incorporating gamification 

elements, or highlighting the enjoyable aspects of using the technology. 

5.6 Discussion pertaining to Hypothesis 5 

Hypothesis 5 (H5): Social Influence has a positive influence on technology 

acceptance. 

Hypothesis 5 proposed a positive influence of social influence on technology 

acceptance. Results confirmed that employees’ acceptance of digital 

technologies within financial services organisations was positively influenced by 

social influence. This result aligns with the predictions of the UTAUT, which 

acknowledges the impact of social factors on technology adoption. In addition, 

the positive influence of social influence on technology acceptance mirrors 

findings in existing studies. Numerous studies have emphasised the role of social 

influence in shaping individuals' perceptions and decisions regarding technology 

adoption (Venkatesh et al., 2003; Kulviwat et al., 2009; Alshammari, 2021, 

Batucan et al., 2022).  

The impact of social influence on acceptance and use of digital technologies may 

manifest through peer recommendations, opinions of influential colleagues, or 

even organisational culture, creating a network of interactions that contribute to 

the overall acceptance of digital technologies. In the landscape of South Africa, 

social media has emerged as a pivotal force in nation-building, offering a unique 

platform with the transformative potential to bridge longstanding racial, ethnic, 

and cultural divides (Matema & Kariuki, 2022). This observation underscores the 

profound impact of social influence on shaping attitudes and behaviours within 

the societal fabric of the nation. The result of this study hints at a broader societal 

context, where the influence of social factors extends beyond individual 

behaviours to contribute significantly to the collective mindset of South African 

society. It aligns with a broader sentiment evident in Sub-Saharan Africa, where 

there is a prevailing positive outlook on the internet's impact across various 

facets, including education, the economy, and interpersonal relationships (Silver 

& Johnson, 2020). 
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However, it is essential to acknowledge that social influence can be a double-

edged sword. While positive influence can foster technology acceptance, 

negative social influence or resistance from influential figures may act as barriers 

to adoption (Kulviwat et al., 2009). Therefore, financial services organisations 

should recognise the influential role of social interactions in technology adoption 

and strategically leverage positive social influence. Strategies that promote a 

positive technology culture, encourage knowledge sharing, and highlight success 

stories within the organisation can enhance the positive impact of social influence 

on technology acceptance. 

5.7 Discussion pertaining to Hypothesis 6 

Hypothesis 6 (H6): Habit has a positive influence on acceptance of digital 

technologies.  

Hypothesis 6 proposed a positive influence of habit on the acceptance of digital 

technologies within financial services organisations. However, the results 

revealed a non-significant relationship between habit and technology acceptance 

contradicting the initial expectation of this study. This result stands in contrast to 

prior studies that have often found a positive association between habit and 

technology acceptance (Venkatesh et al., 2012; Nikolopoulou et al., 2021). This 

discrepancy suggests that within the specific context of financial services 

organisations, the habitual nature of using digital technologies may not play as 

decisive a role in shaping acceptance as anticipated. The result suggests that 

organisations in the financial services sector should consider factors beyond 

habit when promoting the acceptance of digital technologies. Strategies that 

emphasise the tangible benefits of technology use and address specific 

challenges within the sector may be more effective in fostering acceptance, as 

opposed to relying solely on established habits. 

5.8 Discussion pertaining to Hypothesis 7 

Hypothesis 7 (H7): Acceptance of digital technologies positively influences 

employee mental health. 
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Hypothesis 7 proposed a positive relationship between the acceptance of digital 

technologies and employee mental health. The results validated this hypothesis, 

revealing a significant positive correlation between the two variables. This finding 

is in line with emerging literature that recognises the multifaceted impact of digital 

technologies, including digital health capabilities, on employee mental health 

(Sun et al., 2022; Schomakers et al., 2022; Brassey et al., 2021). 

Sun et al. (2022) found that the use of digital technologies, particularly those 

focused on mental health, is linked to improved psychological wellbeing and 

performance, contributing positively to employees' mental health at work. While 

acknowledging the undeniable importance of technology for improving workflows 

and efficiency, the study also acknowledges the growing concern about its impact 

on employee mental health. Schomakers et al. (2022) stressed the dual role of 

technology in both contributing to and alleviating stress and poor mental health 

in the workplace is highlighted, emphasising the need for a nuanced 

understanding of its effects. 

Therefore, the result aligns with existing research recognising digital tools as 

valuable resources for supporting employees' mental health and resilience. 

Utilising technology to enhance job performance is identified as a potential stress-

reducer, especially when the technology is user-friendly, reducing cognitive load 

(Brassey et al., 2021). The positive role of social support in mitigating feelings of 

isolation is emphasised, highlighting the importance of a supportive work 

environment, training, and resources to help employees effectively navigate 

technological changes and minimise anxiety. 

However, it is vital to acknowledge that, notwithstanding the evident benefits, 

evidence suggests that the acceptance of digital technologies in the workplace 

introduces a nuanced dynamic concerning employee mental health (Christensen 

et al., 2020). The improper use or excessive reliance on digital tools can 

potentially engender adverse effects on mental wellbeing. Issues such as 

prolonged screen time, the blurring of boundaries between professional and 

personal life, and the perpetual expectation of connectivity can collectively 

contribute to heightened stress, burnout, and various other mental health 

challenges for employees (Christensen et al., 2020). This highlights the need for 
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organisations to strike a delicate balance in promoting technology adoption while 

concurrently fostering a supportive work environment that mitigates the potential 

negative impacts on the mental health of their workforce. 

The development of positive habits in technology use is suggested as an effective 

strategy for lowering cognitive load and minimising stress. Moreover, perceiving 

the benefits of technology use as outweighing costs diminishes concerns about 

job insecurity and financial pressures, ultimately promoting better mental 

wellbeing among employees. 

5.9 Discussion pertaining to Hypothesis 8 

Hypothesis 8 (H8): Acceptance of digital technologies positively influences 

employee wellbeing. 

Hypothesis 8 posited a positive influence of the acceptance of digital technologies 

on employee wellbeing, and the results supported this hypothesis. This aligns 

with prior studies which emphasised the importance of digital technologies in 

improving employee wellbeing in the workplace (Shamsi et al., 2021, Molino et 

al., 2020, and Khoza, 2022). When technology is user-friendly, it reduces 

cognitive load, increases efficiency, and minimises frustration or stress, 

contributing to overall wellbeing (Shamsi et al., 2021). The social platforms are 

crucial, as supportive interactions and positive feedback foster a sense of 

belonging, encouragement, and reduce feelings of isolation, positively influencing 

wellbeing (Khoza, 2022). The development of positive habits in technology use 

is another significant factor. This promotes efficiency, reduces cognitive load, and 

minimises stress associated with adapting to new routines, all of which positively 

contribute to employee wellbeing (Sun et al., 2022). When employees perceive 

the benefits of technology use as outweighing the costs, it diminishes concerns 

about job insecurity and economic pressures, adding another layer to the positive 

influence of technology acceptance on overall wellbeing in the workplace 

(Schomakers et al., 2022). 

The result is interesting particularly especially considering the current era 

characterised by the Fourth Industrial Revolution (4IR), where digital 
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technologies have assumed a central role in various aspects of life. The impact 

of COVID-19 further intensified the adoption of these technologies, necessitating 

flexible work routines and a shift towards remote work. This period also witnessed 

heightened social isolation, concurrently facilitated by digital   technologies. 

Moreover, within the financial sector, a pivotal domain where innovation and 

technology are paramount, the implications become even more pronounced. 

This confluence of factors suggests a critical need to carefully balance the 

adoption of digital technologies with the wellbeing of employees. The ongoing 

digital transformation, accentuated by the circumstances of the 4IR and the 

COVID-19 pandemic, underscores the intricate interplay between technological 

advancements and the mental wellbeing of the workforce. Trenerry et al. (2021) 

underscored this imperative, emphasising the growing importance for 

organisations to prioritise and closely monitor employee wellbeing as they 

undergo digital transformations. Thus, balancing the benefits of digital technology 

adoption with a proactive commitment to employee wellbeing emerges as a 

strategic imperative for sustainable and responsible organisational practices in 

the era of rapid technological evolution. 

5.10 Conclusion 

An extended application of the UTAUT was employed to investigate the 

relationship between technology acceptance and employee wellbeing, as well as 

mental health within financial services organisations. This chapter examined 

several hypotheses related to the impact of various factors on technology 

acceptance. Notably, the results revealed that performance expectancy, 

facilitating conditions, hedonic motivation and social influence significantly 

influenced the acceptance of digital technologies among users in financial 

services organisations. These findings are consistent with prior literature, 

supporting the UTAUT framework in this specific context. Moreover, the study 

found positive correlations between the acceptance of digital technologies and 

both employee mental health and employee wellbeing. The positive influence of 

technology acceptance on mental health and wellbeing was attributed to factors 

such as perceived benefits, user-friendly interfaces, social support, and positive 
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emotional experiences. This research contributes to a holistic understanding of 

the interplay between technology acceptance and employee outcomes, 

emphasising the multifaceted impact of digital technologies on the wellbeing and 

mental health of employees in the financial services sector. Conclusions and 

recommendations are presented in the following chapter. 

Differences from previously published research for employee mental health 

and wellbeing 

The primary differentiation of this study lies in its extension of the UTAUT model 

to encompass employee wellbeing and mental health. This novel approach 

underscores the importance of considering the comprehensive effects of digital 

technology acceptance beyond productivity and efficiency metrics to include 

employees' wellbeing and mental health. It signals a paradigm shift towards a 

more holistic understanding of technology's impact in the workplace, aligning with 

recent scholarly efforts to understand the broader implications of digital 

technologies (Schomakers et al., 2022; Sun et al., 2022). 

The extension of the UTAUT model to include employee wellbeing and mental 

health, as outlined in this study, reflects a significant advancement in technology 

acceptance research. 
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CHAPTER 6. CONCLUSIONS & 

RECOMMENDATIONS 

6.1 Introduction 

This chapter synthesises findings related to the impact of digital technologies on 

the mental health and wellbeing of employees in financial services in South 

Africa, addressing the research questions posed in Chapter 1. It integrates data 

analysis, literature review insights, and study results to offer comprehensive 

conclusions and actionable recommendations. 

6.2 Conclusions regarding research question 1 

"What factors influence the acceptance of digital technologies in financial 

services in South Africa?" 

This study confirms the significance of performance expectancy, facilitating 

conditions, hedonic motivation, and social influence in influencing acceptance of 

digital technologies. Therefore, the study concludes that acceptance of digital 

technologies withing financial services organisations in South Africa is driven by 

the perceived performance of the technology, facilitating conditions, hedonic 

motivations, and social influence.  

Performance expectancy (PE): Employees are likely to accept digital 

technologies when they believe these will enhance their job performance. This is 

consistent with the sector's emphasis on efficiency and productivity, where 

technology that improves performance is valued. 

Facilitating conditions (FC): The presence of necessary support, infrastructure, 

and resources significantly influences technology acceptance. This includes 

adequate training, technical support, and a culture that encourages technology 

use, indicating the importance of organisational readiness in technology 

adoption. 
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Hedonic motivation (HM): The enjoyment and satisfaction derived from using 

digital technologies play a crucial role in their acceptance. Technologies that are 

engaging and enjoyable are more likely to be embraced by employees, 

underscoring the importance of user experience in technology design. 

Social influence (SI): The perceptions and opinions of peers, superiors, and the 

broader organisational culture towards digital technologies significantly impact 

their acceptance. Positive social influence can encourage technology adoption, 

highlighting the role of social factors in shaping technology acceptance 

behaviours. 

The study however found no significant influence of effort expectancy and habit 

on acceptance and suggests that while ease of use and habitual use are 

important, they are not the primary drivers of technology acceptance in this 

context. Instead, factors that directly relate to the perceived benefits of technology 

use, such as performance improvement, social support, enjoyment, and 

organisational facilitation, are more critical. This underscores the need for a 

holistic approach to technology implementation, one that goes beyond usability 

to include performance benefits, social dynamics, and organisational support 

systems. 

6.3 Conclusions regarding research question 2 

"What is the perceived influence of digital technologies on employee 

mental health in financial services in South Africa? 

This study establishes that acceptance of digital technologies positively 

influences employee mental health. It is therefore concluded that if employees 

utilise digital technologies in the workplace, the result is an improvement in their 

mental health, holding all other factors constant.  

While the study supports the hypothesis that the acceptance of digital 

technologies positively influences mental health, it is also important to 

acknowledge the importance of organisational context, technology 
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implementation, and individual support to mitigate potential negative effects such 

as technostress and work-life balance disruption. 

Digital technologies can enhance mental health by improving work efficiency, 

enabling flexible work arrangements, and fostering a sense of accomplishment 

and engagement. However, they can also contribute to stress, anxiety, and 

burnout due to increased workloads, constant connectivity expectations, and the 

pressure to adapt to new systems. Mitigating these negative impacts requires 

careful technology implementation, supportive organisational policies, and 

proactive measures to support employee mental health, emphasising the need 

for a balanced approach that considers both the advantages and potential 

drawbacks of digital technologies in the workplace. 

6.4 Conclusions regarding research question 3 

What is the perceived influence of Digital Technologies on employee 

wellbeing in financial services in South Africa? 

This study concludes that the acceptance of digital technologies positively 

influences employee wellbeing. Thus, as more digital technologies are used, the 

result is an improvement in overall employee wellbeing, holding all other factors 

constant.   

However, it is important to approach the result with caution because of the 

potential adverse effects of digital technologies. While digital technologies can 

lead to enhanced mental health, work engagement, and supportive work 

environments, contributing positively to overall employee wellbeing, it also carries 

the risk of adverse effects. These include increased work intensity, difficulty in 

disconnecting from work leading to blurred work-life boundaries, and potential 

stress from constant technology adaptation. To maximise the benefits and 

minimise the downsides, organisations must implement digital technologies 

thoughtfully. This entails developing comprehensive support systems, offering 

targeted training, and actively considering employee feedback to ensure 

technology use aligns with enhancing employee wellbeing rather than detracting 

from it. 
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6.5 Recommendations 

Based on the findings that the acceptance of digital technologies significantly 

improves employee mental health and wellbeing, the following recommendations 

are provided to financial services organisations to enhance the acceptance of 

digital technologies in the workplace:   

• Clear communication about the effectiveness and benefits of digital 

technologies in enhancing job performance is recommended to be 

provided to employees, with performance expectancy shown to impact 

their acceptance significantly.  

• Despite no significant influence of effort expectancy being found, 

addressing potential sector-specific barriers, and simplifying 

technology interfaces, coupled with comprehensive training, are 

advised to foster technology adoption effectively. 

• Leveraging social influence by utilising the persuasive power of peers 

and leadership is suggested to encourage broader acceptance. 

Additionally, ensuring the provision of necessary support systems, 

resources, and infrastructure to facilitate seamless digital technology 

adoption is emphasised as crucial. 

• Introducing functional and enjoyable technologies, incorporating 

gamification and user-friendly design elements, is strongly 

recommended to increase their appeal and acceptance. Furthermore, 

integrating digital technologies into daily work routines to promote 

habitual use is suggested, reinforcing their use as part of the 

organisational culture. 

• Frameworks for creating mentally healthy workplaces, the scrutiny of 

flexible work practices and their potential pitfalls, and the assessment 

of digital maturity are recommended for implementation. These offer 

strategic insights for fostering environments that support mental health 

amid digital transformation in today's digital work environment, where 

challenges such as technostress and work-life balance issues are 

prevalent. 
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• Financial services organisations are advised to foster a supportive 

environment by creating an organisational culture that acknowledges 

the psychological impacts of technology use and provides resources to 

help employees manage these impacts effectively. By implementing 

the suggested frameworks, financial services organisations are 

envisaged to foster an environment that supports the acceptance and 

effective utilisation of digital technologies and enhances employee 

mental health and wellbeing, reflecting a thoughtful approach to 

navigating the complexities of digital transformation. 

• In light of the competitive pressures from Insuretech and Fintech 

entrants, it ought to be recognised that employees should be equipped 

with skills of a world-class calibre. A competency assessment, 

incorporating leadership skills, is recommended to be designed. It is 

proposed that employees be enabled to acquire the necessary skills to 

surpass expectations and to promote an environment of continuous 

learning. By developing skills, the method of pursuing business is 

recommended to be redefined, placing a higher value on people over 

processes and technology due to its necessity.  

6.6 Possible limitations and challenges of the study 

Limited to a specific population, the study focused on employees within financial 

services organisations exposed to digital technologies. It is acknowledged that 

the findings and conclusions derived from this study may not be directly 

applicable across other regions or industries. Hence, the generalisability of the 

results should be approached with caution. Due to the specificity of the sample 

of individuals, it is recognised that the sample may need to fully encapsulate the 

diversity and range of experiences present within the target population. Variations 

in factors within the population, such as socioeconomic status, education level, 

and cultural background, may need to be adequately captured by the study's 

findings. 

The influence of external factors, which are beyond the control of the researchers, 

on the study's findings is acknowledged. Such factors, including but not limited to 
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organisational changes and technological advancements, could affect the 

participants' perceptions and experiences of digital transformation, thereby 

impacting the study's outcomes. 

The research addressed several gaps identified in the literature review, 

particularly emphasising the need for more context-specific analyses on the 

impact of digital technologies on employee wellbeing. 

6.7 Suggestions for further research 

Future research should aim to deepen the understanding of digital technology's 

impact on employee wellbeing and mental health by exploring several key areas: 

• A focus on the long-term effects of digital technology acceptance, 

considering the complexity of technologies and individual differences in 

technology acceptance, is crucial. This approach facilitates a more 

nuanced comprehension of how digital technologies can enhance 

employee wellbeing in the workplace, urging organisations to adopt 

employee-centric technology strategies. 

• To broaden the scope and enhance the generalisability of findings, future 

studies are advised to encompass a broader and more diverse population 

beyond the financial services sector, examining impacts across various 

industries and regions. Addressing the representation of diverse 

experiences, subsequent research should include participants from varied 

socioeconomic statuses, education levels, and cultural backgrounds to 

better understand how these factors' influence the relationship between 

digital technology use and mental health and wellbeing. 

• The exploration of external factors such as organisational changes, 

technological advancements, and other elements that affect employees' 

perceptions and experiences of digital transformation is recommended. 

Longitudinal studies could offer valuable insights into these dynamics over 

time. 

• Further investigation into the interplay between technology acceptance 

and mental health is suggested, including identifying additional mediating 



 
76 

factors like personal resilience or workplace policies that influence mental 

health outcomes. The role of organisational support mechanisms in 

mitigating the potential negative impacts of digital technology use warrants 

examination, focusing on the types of support that effectively foster a 

positive technological experience for employees. 

• The emphasis on developing positive technology use habits and the 

perception that the benefits outweigh its costs highlights the need for 

research into interventions or programs that promote healthy digital habits 

among employees. Such studies could offer actionable strategies for 

organisations aiming to enhance mental wellbeing through technology. 
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APPENDICES 

APPENDIX A: PARTICIPANT INFORMATION SHEET AND 

QUESTIONNAIRE 

 

Start of Block: Cover letter and respondent consent form 

 

Dear Respondent, 

 

My name is Eleanor Sansovini, and I am a master's student in Digital Business at the 

University of Witwatersrand, Johannesburg, under the supervision of Ayanda Magida.  

I am researching the impact of digital technologies on employee mental health and 

wellbeing in the South African financial services sector (Digital technologies refer to 

those that have been implemented or adopted at work).  

I invite you to participate in a 10-minute questionnaire.  The survey does not require 

your name or any other personal details, and your participation is voluntary. All 

information you provide will be treated as confidential and stored securely. Your 

responses will only be accessible to the research team and will not be shared with third 

parties. You are under no obligation to answer any questions that you do not wish to 

respond to, and there are no direct benefits associated with participating in this 

research study.  

To commence the survey, please choose "Yes, I consent", which indicates you have 

read and understood the above information.  Conversely, if you opt not to participate in 

the survey, please select "No, I do not consent" and you will be exited from the survey.  

 

Thank you,  

Eleanor Sansovini 

 

End of Block: Cover letter and respondent consent form 
 

Start of Block: Consent Form 

 

Consent Do you consent to participate? 

o Yes, I consent  (1)  

o No, I do not consent  (2)  

 

Skip To: End of Survey If Do you consent to participate? != Yes, I consent 

End of Block: Consent Form 
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Start of Block: Demographics 

 

D Gender Please select your gender 

o Male  (1)  

o Female  (2)  

o Non-binary/third gender  (3)  

o Prefer not to say  (4)  
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D Age Please select your age range 

o 18-25  (1)  

o 26-35  (2)  

o 36-49  (3)  

o 50-65  (4)  

D Education Please select your highest education level 

o High School  (1)  

o Undergraduate Degree  (2)  

o Honours Degree  (3)  

o Masters Degree  (4)  

o Professional Degree  (5)  

o Other (Specify)  (6) 

__________________________________________________ 
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D Ethnicity Please select your ethnicity 

o Black African  (1)  

o White  (2)  

o Mixed Race  (3)  

o Indian/Asian  (4)  

o Other (Specify)  (5) 

__________________________________________________ 

 

 

 

D Industry Please select which sector of the financial services industry you are 

currently working 

o Banking Services  (1)  

o Investment and Wealth Management  (2)  

o Insurance Services  (3)  

o Financial Advisory and Consulting  (5)  

o Other (Specify)  (6) 

__________________________________________________ 
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D Title Please select your title 

o Executive  (1)  

o Senior Management  (2)  

o Middle Management  (3)  

o Staff  (4)  

o Contractor  (5)  

o Other (Specify)  (6) 

__________________________________________________ 

 

 

 

D Geography Please select your geographical location 

o Southern Africa  (1)  

o North Africa  (2)  

o West Africa  (3)  

o East Africa  (4)  

o Other (Specify)  (6) 

__________________________________________________ 

 

End of Block: Demographics 
 

Start of Block: Performance 
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PE In the following statements, the aim is to explore your perspective on how digital 

technologies can improve job performance, and job satisfaction, and positively affect 

the mental health and wellbeing of employees. 

 

End of Block: Performance 
 

Start of Block: PE Performance Expectancy 

 

PE1 I can improve my efficiency by effectively using digital technologies for work 

purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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PE2 I can increase my productivity and information utilisation by effectively using digital 

technologies for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: PE Performance Expectancy 
 

Start of Block: EE Effort Expectancy 

 

EE In the following statements, the aim is to examine the user-friendliness of digital 

technologies on employees' wellbeing and mental health. 

 

End of Block: EE Effort Expectancy 
 

Start of Block: EE Effort Expectancy 
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EE1 I find it easy to use digital technologies for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (7)  

o Somewhat Disagree  (2)  

o Neither Agree nor Disagree  (3)  

o Somewhat Agree  (4)  

o Agree  (6)  

o Strongly Agree  (5)  

 

 

 

EE2 It is easy for me to use digital technologies for work and productivity. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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End of Block: EE Effort Expectancy 
 

Start of Block: SI Social Influence 

 

SI In the following statements, the aim is to explore the perspectives on the utilisation 

of digital technologies. 

 

End of Block: SI Social Influence 
 

Start of Block: SI Social Influence 

 

SI1 The people around me attach great importance to using digital technologies for 

work purposes. 

o Strongly Disagree  (1)  

o Disagree  (7)  

o Somewhat Disagree  (2)  

o Neither Agree nor Disagree  (3)  

o Somewhat Agree  (4)  

o Agree  (6)  

o Strongly Agree  (5)  
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SI2 My work environment encourages me to use digital technologies effectively. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: SI Social Influence 
 

Start of Block: FC Facilitating Condition 

 

FC In the following statements, the aim is to explore respondents' perception of the 

technical infrastructure that supports the use of digital technologies. 

 

End of Block: FC Facilitating Condition 
 

Start of Block: FC Facilitating Condition 
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FC1 It is easy for me to make use of digital technologies for work if there are resources 

available. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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FC2 I can get help in solving problems by using digital technologies for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: FC Facilitating Condition 
 

Start of Block: TA Technology Adoption  

 

TA. The following statements aim to explore whether employees within organisations 

demonstrate intention to use a new technology. 

 

End of Block: TA Technology Adoption 

Start of Block: TA Technology Adoption 
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TA1. I intend to continue using digital technologies for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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TA2. I intend to recommend the utilisation of digital technologies for enhancing 

workplace efficiency to others. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: TA Technology Adoption 

Start of Block: TA Technology Adoption 
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TA3. I can use digital technologies effectively for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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TA4. I can recommend that digital technologies enable data collection, accessibility and 

analytics to others for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: TA Technology Adoption 
 

Start of Block: HM Hedonic Motivation 

 

HM In the following statements, the aim is to explore the enjoyment derived when using 

technological systems. 

 

End of Block: HM Hedonic Motivation 
 

Start of Block: HM Hedonic Motivation 
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HM1 Using  digital technologies in my job enhances my ability to complete tasks 

expeditiously. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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HM2 Using digital technologies in my job increases my productivity. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: HM Hedonic Motivation 
 

Start of Block: H Habit 

 

Habit The following statements assess the extent of behaviour in performance and its 

potential to enhance efficiency and reduce cognitive burden. 

 

End of Block: H Habit 
 

Start of Block: H Habit 
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H1 Using digital technologies for work purposes has become natural to me. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

 

 

H2 The use of digital technologies at work has become a habit for me. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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End of Block: H Habit 
 

Start of Block: WB Wellbeing 

 

WB In the following statements, the aim is to assess how technology is perceived and 

whether the utilisation of user-friendly technology bolsters employee wellbeing. 

 

End of Block: WB Wellbeing 
 

Start of Block: WB Wellbeing 

 

WB1 My employer has programs and policies that allow me to be flexible in where, how 

much or when I work (for example, through telecommuting, part-time options or flexi-

time) when using digital technologies. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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WB2 I am satisfied with the employee recognition practices of my employer since 

digital technologies have been introduced in the workplace. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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WB3 I am satisfied with the work-life balance practices offered by my employer since 

the introduction of digital technologies. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: WB Wellbeing 
 

Start of Block: MH Mental Health 

 

MH The following statements aim to determine when employees leverage technology 

to improve their job performance and whether it can potentially reduce job-related 

mental health issues. 

 

End of Block: MH Mental Health 
 

Start of Block: MH Mental Health 
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MH1 My employer provides the resources necessary for me to meet my mental health 

needs when using digital technologies for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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MH2 My employer provides sufficient resources to help manage my stress related to 

using digital technologies for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  
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MH3 My employer provides a stress-free work environment using digital technologies 

for work purposes. 

o Strongly Disagree  (1)  

o Disagree  (2)  

o Somewhat Disagree  (3)  

o Neither Agree nor Disagree  (4)  

o Somewhat Agree  (5)  

o Agree  (6)  

o Strongly Agree  (7)  

 

End of Block: MH Mental Health 
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APPENDIX B: ANALYSIS TABLES 

 

CFA MODEL 

Computation of degrees of freedom 
(Default model)    

        
Number of distinct sample 

moments: 253       
Number of distinct parameters 

to be estimated: 83       
Degrees of freedom (253 - 83): 170       

        

Result (Default 
model)        

        

Minimum was achieved        

Chi-square = 269,136        

Degrees of freedom = 170        

Probability level = ,000        

        

Group number 1 (Group number 1 - 
Default model)    

        

Estimates (Group number 1 - 
Default model)     

        

Scalar Estimates (Group number 1 - 
Default model)    

        

Maximum Likelihood 
Estimates       

     

 

    

Regression Weights: (Group number 1 - 
Default model)    

        

      
Estimat

e 
S.E. C.R. P 

Lab
el 
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PE1 <--- PE_ 1      

PE2 <--- PE_ 1,006 
0,03

7 
27,

252 
**

* 
par

_1 

EE1 <--- EE_ 1      

EE2 <--- EE_ 1,357 0,12 
11,

291 
**

* 
par

_2 

FC1 <--- FC_ 1      

FC2 <--- FC_ 1,013 
0,08

1 
12,

519 
**

* 
par

_3 

HM1 <--- HM_ 1      

HM2 <--- HM_ 0,915 
0,04

8 
19,

126 
**

* 
par

_4 

H1 <--- HA_ 1      

H2 <--- HA_ 1,019 
0,05

6 
18,

356 
**

* 
par

_5 

WB1 <--- WB_ 1      

WB2 <--- WB_ 0,976 
0,10

3 
9,4
93 

**
* 

par
_6 

WB3 <--- WB_ 1,119 
0,11

5 
9,7
14 

**
* 

par
_7 

MH1 <--- MH_ 1      

MH2 <--- MH_ 0,885 
0,05

1 
17,

227 
**

* 
par

_8 

MH3 <--- MH_ 0,816 
0,06

1 
13,

315 
**

* 
par

_9 

SI1 <--- SI_ 1      

SI2 <--- SI_ 1,99 
0,37

2 
5,3
43 

**
* 

par
_10 

TA4 <--- TA_ 1      

TA3 <--- TA_ 1,03 
0,08

9 
11,
61 

**
* 

par
_11 

TA2 <--- TA_ 1,026 
0,09

1 
11,

314 
**

* 
par

_12 

TA1 <--- TA_ 1,122 
0,08

8 
12,
82 

**
* 

par
_13 

        

Standardized Regression Weights: (Group number 1 - 
Default model) 
        

      
Estimat

e     

PE1 <--- PE_ 0,954     

PE2 <--- PE_ 0,986     

EE1 <--- EE_ 0,73     

EE2 <--- EE_ 0,973     

FC1 <--- FC_ 0,867     

FC2 <--- FC_ 0,77     

HM1 <--- HM_ 0,937     

HM2 <--- HM_ 0,894     

H1 <--- HA_ 0,894     
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H2 <--- HA_ 0,938     

WB1 <--- WB_ 0,694     

WB2 <--- WB_ 0,797     

WB3 <--- WB_ 0,818     

MH1 <--- MH_ 0,938     

MH2 <--- MH_ 0,881     

MH3 <--- MH_ 0,769     

SI1 <--- SI_ 0,416     

SI2 <--- SI_ 0,82     

TA4 <--- TA_ 0,753     

TA3 <--- TA_ 0,83     

TA2 <--- TA_ 0,811     

TA1 <--- TA_ 0,891     

        

Covariances: (Group number 1 - 
Default model)     

        

      
Estimat

e 
S.E. C.R. P 

Lab
el 

PE_ <--> EE_ 0,805 
0,13

2 
6,0
89 

**
* 

par
_14 

PE_ <--> FC_ 0,829 
0,13

1 
6,3
21 

**
* 

par
_15 

PE_ <--> HM_ 0,695 
0,12

1 
5,7
24 

**
* 

par
_16 

PE_ <--> HA_ 0,622 
0,12

4 
5,0
03 

**
* 

par
_17 

PE_ <--> WB_ 0,332 
0,13

7 
2,4
27 

0,0
15 

par
_18 

PE_ <--> MH_ 0,291 0,16 
1,8
15 

0,0
7 

par
_19 

PE_ <--> SI_ 0,412 
0,09

9 
4,1
42 

**
* 

par
_20 

PE_ <--> TA_ 0,714 
0,11

6 
6,1
66 

**
* 

par
_21 

EE_ <--> FC_ 0,658 
0,10

7 
6,1
73 

**
* 

par
_22 

EE_ <--> HM_ 0,502 
0,09

2 
5,4
42 

**
* 

par
_23 

EE_ <--> HA_ 0,607 
0,10

4 
5,8
45 

**
* 

par
_24 

EE_ <--> WB_ 0,352 0,1 
3,5
09 

**
* 

par
_25 

EE_ <--> MH_ 0,288 0,11 
2,6
17 

0,0
09 

par
_26 

EE_ <--> SI_ 0,324 
0,07

8 
4,1
49 

**
* 

par
_27 

EE_ <--> TA_ 0,467 
0,08

6 
5,4
43 

**
* 

par
_28 

FC_ <--> HM_ 0,809 
0,10

8 
7,5
18 

**
* 

par
_29 
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FC_ <--> HA_ 0,793 
0,11

2 
7,0
61 

**
* 

par
_30 

FC_ <--> WB_ 0,463 
0,11

6 
3,9
82 

**
* 

par
_31 

FC_ <--> MH_ 0,463 
0,13

1 
3,5
29 

**
* 

par
_32 

FC_ <--> SI_ 0,46 0,1 
4,6
24 

**
* 

par
_33 

FC_ <--> TA_ 0,755 
0,10

5 
7,2
02 

**
* 

par
_34 

HM_ <--> HA_ 0,852 
0,11

2 
7,5
87 

**
* 

par
_35 

HM_ <--> WB_ 0,431 
0,11

1 
3,8
77 

**
* 

par
_36 

HM_ <--> MH_ 0,321 
0,12

4 
2,5
87 

0,0
1 

par
_37 

HM_ <--> SI_ 0,345 0,08 
4,3
02 

**
* 

par
_38 

HM_ <--> TA_ 0,762 
0,10

3 
7,4

1 
**

* 
par

_39 

HA_ <--> WB_ 0,565 
0,12

3 
4,5
93 

**
* 

par
_40 

HA_ <--> MH_ 0,391 
0,13

1 
2,9
82 

0,0
03 

par
_41 

HA_ <--> SI_ 0,388 
0,08

9 
4,3
72 

**
* 

par
_42 

HA_ <--> TA_ 0,723 
0,10

4 
6,9
32 

**
* 

par
_43 

WB_ <--> MH_ 1,406 
0,21

4 
6,5
84 

**
* 

par
_44 

WB_ <--> SI_ 0,368 
0,09

4 3,9 
**

* 
par

_45 

WB_ <--> TA_ 0,418 
0,10

1 
4,1
36 

**
* 

par
_46 

MH_ <--> SI_ 0,391 
0,10

2 
3,8
42 

**
* 

par
_47 

MH_ <--> TA_ 0,309 
0,10

6 
2,9
06 

0,0
04 

par
_48 

SI_ <--> TA_ 0,337 
0,07

7 
4,3
57 

**
* 

par
_49 

e26 <--> EE_ 0,136 
0,03

2 
4,2
84 

**
* 

par
_50 

e17 <--> e28 0,229 
0,05

5 
4,1
97 

**
* 

par
_51 

e19 <--> e22 0,277 0,09 
3,0

8 
0,0
02 

par
_52 

 

Model Fit Summary     

     

CMIN     

     

Model NPAR CMIN DF P 

Default model 83 269,136 170 0 
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Saturated model 253 0 0  

Independence model 
22 

3445,03
3 231 0 

     

RMR, GFI     

     

Model RMR GFI AGFI PGFI 

Default model 0,083 0,882 0,825 0,593 

Saturated model 0 1    

Independence model 0,683 0,185 0,107 0,169 

     

Baseline Comparisons     

     

Model 
NFI RFI IFI TLI 

Delta1 rho1 Delta2 rho2 

Default model 0,922 0,894 0,97 0,958 

Saturated model 1  1  
Independence model 0 0 0 0 

     

Parsimony-Adjusted Measures    

     

Model PRATIO PNFI PCFI  
Default model 0,736 0,678 0,713  
Saturated model 0 0 0  
Independence model 1 0 0  

     

NCP     

     

Model NCP LO 90 HI 90  
Default model 99,136 58,415 147,786  
Saturated model 0 0 0  

Independence model 
3214,03

3 
3027,80

4 
3407,58

6  

     

FMIN     

     

Model FMIN F0 LO 90 HI 90 

Default model 1,556 0,573 0,338 0,854 

Saturated model 0 0 0 0 

Independence model 19,913 18,578 17,502 19,697 

     

RMSEA     
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Model RMSEA LO 90 HI 90 PCLOSE 

Default model 0,058 0,045 0,071 0,155 

Independence model 0,284 0,275 0,292 0 

     

AIC     

     

Model AIC BCC BIC CAIC 

Default model 435,136 460,589 697,337 780,337 

Saturated model 
506 583,587 

1305,24
1 

1558,24
1 

Independence model 
3489,03

3 
3495,77

9 
3558,53

2 
3580,53

2 

     

ECVI     

     

Model ECVI LO 90 HI 90 MECVI 

Default model 2,515 2,28 2,796 2,662 

Saturated model 2,925 2,925 2,925 3,373 

Independence model 20,168 19,091 21,287 20,207 

     

HOELTER     

     

Model 
HOELTER HOELTER   

.05 .01   

Default model 130 139   
Independence model 14 15   

     
 

SEM RESULTS 

Models        

        

Default model (Default 
model)       

        

Notes for Model (Default 
model)      

        

Computation of degrees of freedom 
(Default model)    
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Number of distinct sample 
moments: 253       

Number of distinct parameters 
to be estimated: 64       

Degrees of freedom (253 - 64): 189       

        

Result (Default 
model)        

        

Minimum was achieved        

Chi-square = 521,412        

Degrees of freedom = 189        

Probability level = ,000        

        

Group number 1 (Group number 1 - 
Default model)    

        

Estimates (Group number 1 - 
Default model)     

        

Scalar Estimates (Group number 1 - 
Default model)    

        

Maximum Likelihood 
Estimates       

        

Regression Weights: (Group number 1 - 
Default model)   

        

      
Estima

te 
S.E. C.R. P 

Lab
el 

TA_ <--- PE_ 
0,10

6 
0,03

1 
3,45

8 
**

* 
par

_14 

TA_ <--- EE_ 
-

0,084 
0,07

2 
-

1,167 
0,2
43 

par
_15 

TA_ <--- FC_ 
0,42

5 
0,12

1 
3,50

7 
**

* 
par

_16 

TA_ <--- HM_ 
0,29

4 
0,11

1 
2,64

7 
0,0
08 

par
_17 

TA_ <--- HA_ 
0,04

4 
0,08

6 
0,51

8 
0,6
05 

par
_18 

TA_ <--- SI_ 
0,24

9 
0,09

4 
2,65

3 
0,0
08 

par
_19 
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MH_ <--- TA_ 0,53 
0,16

2 
3,26

8 
0,0
01 

par
_20 

WB_ <--- TA_ 
0,67

9 
0,15

5 4,39 
**

* 
par

_21 

PE1 <--- PE_ 1      

PE2 <--- PE_ 
0,94

4 0,04 
23,3

62 
**

* 
par

_1 

EE1 <--- EE_ 1      

EE2 <--- EE_ 
1,40

2 
0,16

6 
8,42

6 
**

* 
par

_2 

FC1 <--- FC_ 1      

FC2 <--- FC_ 
1,11

4 
0,09

8 
11,3

75 
**

* 
par

_3 

HM1 <--- HM_ 1      

HM2 <--- HM_ 
0,91

7 
0,04

8 
19,0

34 
**

* 
par

_4 

H1 <--- HA_ 1      

H2 <--- HA_ 
1,01

5 
0,06

5 
15,5

52 
**

* 
par

_5 

WB1 <--- WB_ 1      

WB2 <--- WB_ 
1,00

4 
0,10

7 
9,34

3 
**

* 
par

_6 

WB3 <--- WB_ 
0,96

8 
0,11

2 
8,67

3 
**

* 
par

_7 

MH1 <--- MH_ 1      

MH2 <--- MH_ 
0,89

2 
0,05

3 
16,8

46 
**

* 
par

_8 

MH3 <--- MH_ 
0,86

4 
0,06

2 
13,8

61 
**

* 
par

_9 

SI1 <--- SI_ 1      

SI2 <--- SI_ 
0,87

7 
0,24

5 
3,57

8 
**

* 
par

_10 

TA2 <--- TA_ 
1,00

6 
0,10

5 
9,54

2 
**

* 
par

_11 

TA1 <--- TA_ 
1,12

2 
0,10

2 
11,0

04 
**

* 
par

_12 

TA3 <--- TA_ 
1,01

3 
0,10

3 9,85 
**

* 
par

_13 

TA4 <--- TA_ 1         

        

Standardized Regression Weights: (Group number 1 - 
Default model) 
        

      
Estima

te     

TA_ <--- PE_ 
0,20

6     

TA_ <--- EE_ 
-

0,092     

TA_ <--- FC_ 
0,53

5     

TA_ <--- HM_ 0,41     
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TA_ <--- HA_ 
0,05

8     

TA_ <--- SI_ 
0,26

6     

MH_ <--- TA_ 0,26     

WB_ <--- TA_ 
0,40

7     

PE1 <--- PE_ 
0,98

5     

PE2 <--- PE_ 
0,95

5     

EE1 <--- EE_ 
0,67

5     

EE2 <--- EE_ 
0,98

6     

FC1 <--- FC_ 
0,81

6     

FC2 <--- FC_ 
0,79

7     

HM1 <--- HM_ 
0,93

7     

HM2 <--- HM_ 
0,89

5     

H1 <--- HA_ 
0,87

4     

H2 <--- HA_ 
0,92

1     

WB1 <--- WB_ 
0,71

5     

WB2 <--- WB_ 
0,85

5     

WB3 <--- WB_ 0,73     

MH1 <--- MH_ 
0,92

8     

MH2 <--- MH_ 
0,87

7     

MH3 <--- MH_ 
0,79

2     

SI1 <--- SI_ 
0,62

8     

SI2 <--- SI_ 
0,54

5     

TA2 <--- TA_ 
0,75

4     

TA1 <--- TA_ 0,86     

TA3 <--- TA_ 
0,77

8     

TA4 <--- TA_ 
0,70

6     

        

Covariances: (Group number 1 - Default 
model)    
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Estima

te 
S.E. C.R. P 

Lab
el 

HM_ <--> HA_ 0,7 
0,09

6 
7,31

1 
**

* 
par

_22 

FC_ <--> HM_ 
0,74

7 
0,10

2 
7,30

7 
**

* 
par

_23 

EE_ <--> FC_ 
0,11

2 
0,03

7 
3,03

4 
0,0
02 

par
_24 

PE_ <--> EE_ 
0,57

1 
0,10

9 5,24 
**

* 
par

_25 

FC_ <--> HA_ 
0,58

8 0,09 6,55 
**

* 
par

_29 

EE_ <--> SI_ 
0,15

5 
0,06

4 
2,43

5 
0,0
15 

par
_31 

HA_ <--> SI_ 
0,20

6 
0,06

3 
3,27

9 
0,0
01 

par
_32 

EE_ <--> HA_ 
0,19

4 
0,04

6 
4,25

8 
**

* 
par

_33 

e29 <--> e30 
1,01

8 
0,17

5 
5,80

9 
**

* 
par

_26 

e24 <--> EE_ 0,2 0,07 2,86 
0,0
04 

par
_27 

e19 <--> e29 
0,51

7 
0,13

8 
3,75

6 
**

* 
par

_28 

e17 <--> e28 
0,23

4 
0,05

4 
4,36

1 
**

* 
par

_30 

 

Model Fit Summary     

     

CMIN     

     

Model NPAR CMIN DF P 

Default model 64 521,412 189 0 

Saturated model 253 0 0  

Independence model 
22 

3445,03
3 231 0 

     

RMR, GFI     

     

Model RMR GFI AGFI PGFI 

Default model 0,303 0,831 0,769 0,606 

Saturated model 0 1    

Independence model 0,7 0,193 0,108 0,175 

     

Baseline Comparisons     

     

Model 
NFI RFI IFI TLI 

Delta1 rho1 Delta2 rho2 
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Default model 0,88 0,851 0,924 0,904 

Saturated model 1  1  
Independence model 0 0 0 0 

     

Parsimony-Adjusted Measures    

     

Model PRATIO PNFI PCFI  
Default model 0,805 0,709 0,743  
Saturated model 0 0 0  
Independence model 1 0 0  

     

NCP     

     

Model NCP LO 90 HI 90  
Default model 232,479 178,454 294,19  
Saturated model 0 0 0  

Independence model 
3018,67

7 
2838,71

3 
3205,97

3  

     

FMIN     

     

Model FMIN F0 LO 90 HI 90 

Default model 2,228 1,344 1,032 1,701 

Saturated model 0 0 0 0 

Independence model 18,547 17,449 16,409 18,532 

     

RMSEA     

     

Model RMSEA LO 90 HI 90 PCLOSE 

Default model 0,071 0,082 0,105 0 

Independence model 0,303 0,294 0,312 0 

     

AIC     

     

Model AIC BCC BIC CAIC 

R5R6Default model 499,479 515,229 679,545 736,545 

Saturated model 
420 478,026 

1083,40
2 

1293,40
2 

Independence model 
3248,67

7 
3254,20

3 
3311,85

8 
3331,85

8 

     

ECVI     
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Model ECVI LO 90 HI 90 MECVI 

Default model 2,887 2,575 3,244 2,978 

Saturated model 2,428 2,428 2,428 2,763 

Independence model 18,778 17,738 19,861 18,81 

     

HOELTER     

     

Model 
HOELTER HOELTER   

.05 .01   

Default model 83 89   
Independence model 13 13   
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APPENDIX C: ETHICS APPROVAL 
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